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Abstract 

This thesis investigates manufacturer-distributor power relationship in the Chinese 

Iron and Steel Industry. The main objectives of this study are to identify, describe 

and investigate the power relationships in Chinese Iron and Steel Industry; to 

understand the concept of power from the perspective of distributors and their 

relationship with State-Owned Enterprises and Private-Owned Enterprises in this 

industry; and to explore the possibility of developing an extended research power-

relationship framework by investigating the power construct and potentially related 

and relevant factors in the Chinese market that may impact predicted outcomes such 

as positive conflict resolution attitude  and levels of conflict.  

 

Two quantitative pilot studies were conducted, consisting of 14 surveys with semi-

structured questions each, which were instrumental in the design of an extended 

power relationship model by incorporating the factors such as the level of trust, 

frequency of communication and level of guanxi that drive positive conflict 

resolution attitude into the traditional power model that had not been combined in a 

single framework before. Subsequently, the main study was carried out comprising 

148 questionnaires completed by distributor firm managers. These represent the 

views of 74 respondents, who responded for both state-owned enterprises and 

private-owned enterprises in the Chinese Iron and Steel Industry The sample size is 

74 respondents including 14 respondents that were also respondents for the pilot 

studies. 

 

This study generated four main findings. 1) a State-Owned Enterprises  tend to use 

more non-coercive power than Private-Owned Enterprises, and have a stronger 

negative effect than Private-Owned Enterprises; 2) although Private-Owned 

Enterprises were rated higher than State-Owned Enterprises  in the level of trust, and 

have a stronger positive effect when explaining the observed relationship between 

the level of trust and positive conflict resolution attitude, the difference is really 

minimal; 3) Private-Owned Enterprises were rated higher than State-Owned 

Enterprises in the frequency of communication, and have a stronger positive effect 

than State-Owned Enterprises  in the explanation of the relationship between 

frequency of communication and positive conflict resolution attitude. 4) Private-

Owned Enterprises were rated higher than State-Owned Enterprises in the level of 

guanxi, and have stronger positive effect than State-Owned Enterprises in the 

explanation of the relationship between level of guanxi and positive conflict 

resolution attitude.  

 

These findings contribute to fill gaps in the literature with regard to power 

relationships in distribution channels. This thesis extends the current boundary of 

knowledge through the formulation of an extended framework that integrates conflict 

resolution constructs into a typical/traditional power model. This extended 

framework comprises new constructs such as level of trust, frequency of 

communication and level of guanxi and hypothesises their impact on conflict 

resolution attitude and level of conflict in the Chinese distribution channel. New 

knowledge is created by investigating differences regarding the use of power by 

SOEs and POEs considered from the distributor perspective in the Chinese context. 

Theoretical and managerial implications are discussed in detail. 
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CHAPTER 1. INTRODUCTION  

1.1. Research Introduction  

 

This thesis focuses on the Iron and Steel Industry in China, which has, in 

part, provided a critical foundation for economic growth and success in the country 

over the last few decades. Subsequently, the sector continues to be fuelled by the 

very growth it has forged. Since the early 1980s, China has experienced an average 

annual growth rate of around 10% and has been one of the worldôs fastest growing 

economies (Wang and You 2012). This study examines the nature of the power 

relationship of some of the major players in the industry; namely, the large state-

owned enterprises (SOEs); the smaller but competitive privately-owned enterprises 

(POEs) that manufacture iron and steel; and the myriad small distributors (hereafter 

referred to as distributors) of iron and steel. These distributors sell to the end-users 

inclusive of business-to-business (B2B) and business-to-consumers (B2C). More 

importantly, the emphasis is on conducting a comparative study to investigate the 

power relationship of SOEs and POEs over distributors from the distributorsô 

viewpoint, which is long established in this highly competitive environment.  

Chinaôs economy provides a stellar example of double-digit growth for the 

last few decades. The catalyst for this is the countryôs adoption of an ñopen-door 

policyò, followed later by its privatisation drive and boosted by its more recent 

ascension to the World Trade Organization at the beginning of the 21st century. This 

has allowed China to expand aggressively its production of iron and steel to meet the 

growing appetite of manufacturing industries; for example, automotive vehicles, 

consumer electronics and building materials. Even though the Iron and Steel Industry 

grew alongside the rest of the Chinese economy during the first decade of reform in 
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the latter part of the 1970s, it was only in the 1990s that the sector developed 

significantly as a result of the rapid demand for steel products (Sheng and Song 

2013). 

The upward growth of Chinaôs steel industry from the mid-1990s culminated 

in the country becoming the worldôs largest producer of steel in 2011; accounting for 

45% of the world's produced steel (683 million tons), which represents an increase of 

9% from 2010 (Tang 2010). Indeed, in addition to being the worldôs largest 

developing nation, its high rates of industrialisation and urbanisation have made 

China the largest consumers of steel (Tang 2010;Ma et al. 2014;Hou and Zhang 

2012). Conveniently, 6 out of 10 of the largest steel producers in the world are 

situated in China (Gough 2015). There is no doubt that, as a pillar of the Chinese 

economy, the Iron and Steel Industry has been a key driver of the countryôs rapid 

growth rate and rise in the global economy (Ma et al. 2014). In 1990, the total 

number of firms in the industry was 1589, rising to 11,596 in 2007, while the 

average real output value per firm (at 1990 constant price) increased from US$17.2 

million in 1990 to US$32.5 million in 2008. This has led to a significant increase in 

intense competition (Sheng and Song 2013).  

Despite recent reports of the worldôs fastest-growing major economy slowing 

due to the shift from large building projects to a focus on consumers, Chinaôs steel 

demand is expected to remain positive until at least 2025 (Behrmann 2012). It is 

predicted that steel output in China will grow to approximately 1 billion metric tons 

and 1.1 billion tons by 2025; current output stands at approximately 700 million tons 

(Behrmann 2012). This illustrates clearly the ongoing viability and importance of the 

Chinese Iron and Steel Industry at least for the next decade; therefore, research that 

focuses on this industry can unearth valuable information that may be beneficial to 
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business practitioners within the industry. Specifically, this thesis explores the power 

relationships of SOEs and POEs over distributors, and may provide valuable 

information for any of these industry players with respect future business 

transactions.  

According to Tang (2010), the Chinese steel industry is highly fragmented, 

with more than 1,000 steel producers; thereby making the domestic market 

extremely competitive and, by extension, very difficult to control. Thus, in such a 

context, understanding the nature of relationships between distributors with SOEs 

and/or POEs would be useful; moreover, if understood and managed well by firms, 

these can provide a viable competitive advantage. This is consistent with the main 

focus of this thesis. It is argued that since China is still undergoing rapid 

industrialisation and urbanisation, the Iron and Steel Industry is likely to continue to 

occupy a central and irreplaceable role in the development and structural adjustment 

of the Chinese economy (Changfu 2012); hence, any research focus in this area 

could prove valuable in providing managerial insight into how to build and/or 

maintain strategic positioning and competitive edge in the industry. In addition, 

beyond the significance of the steel industry, the equal importance cannot be 

overstated due to China being the most populous nation in the world and its ongoing 

and rapidly growing consumer incomes. 

Despite the studyôs focus on business-to-business domestic players in the 

Chinese Iron and Steel Industry, it hopes to provide some insight into Chinaôs 

marketing channels inclusive of both channel structure and the behaviour of the 

channel members; thus, insight may be provided for the transnational businesses that 

may seek to conduct business with domestic firms in China. This is particularly 

relevant, given the diversity of global cultures; therefore, one would naturally expect 
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that channel behaviours will vary in different countries (Kale and McIntyre 1991) 

and may influence the nature of relationships as well as behavioural factors (e.gs. 

power, trust, conflict).  

 

1.2. Research Rationale 

A key impetus and focus for this study from a theoretical perspective has 

been the lack of available research from a developing nation perspective (such as 

China), despite the existence of a large body of work on distribution channel power. 

An extensive review of the extant literature on channel power revealed that most 

studies, theories, models and empirical findings on channel power are Western-based 

or established in developed countries. In support of the thesisôs focus Lee (2001, 

149) stated pointedly that ñcurrent distribution channel research is almost exclusively 

limited to US channels. Little is known about the channel structures and other issues 

in other countries, particularly Chinaò. It appears that the nature and sources of the 

power possessed by a channel entity may affect the presence and level of conflict (as 

well as other behavioural variables) within the channel (Brown and Frazier 

1978;Dwyer 1980;Lusch 1976;Hunt and Nevin 1974;Walker Jr 1972;Yu and 

Pysarchik 2002;Leonidou et al. 2008a). It is arguable whether these relationships 

among power, conflict, and other channel constructs have been refined enough and 

can be applied to a different country and culture context. To assess this issue, the 

researcher conducted the research using data from large manufacturers and 

distributors in the Chinese steel industry. The results and findings of this research are 

reported following the introduction to the conceptual and empirical genealogy of the 

work.  
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Since economic reform in 1978, the Chinese economy has experienced 

decades   of rapid growth, backed by surging construction and infrastructure 

investments; the production of crude steel has seen an 18-fold increase(World Steel 

Association, 2012). Given its significance in production and trade, the Chinese steel 

industry and market have drawn enormous attention from international scholars. The 

extant literature focuses on issues pertaining to the industry's development, 

productivity, performance, efficiency and strategy; however, work on the power 

relationships in the Chinese distribution channels is relatively rare (Zhang et al. 

2002). Similarly, Frazier et al. (1989, 66) advocated that ñContinuing to study 

domestic US channels almost exclusively will yield little, if any, insight into how 

channel relationships operate in other countries. Additional empirical research on 

channels in developing countries is needed, but such research is also needed on 

channels in underdeveloped countries, newly developed countries, and communist 

countries (e.g., China)ò.. Therefore, this paper also attempts to extend previous 

studies by investigating the power relationships between SOEs (state-owned 

enterprises) and distributors; and POEs (private-owned enterprises) and distributors 

respectively in Chinese Iron and Steel distribution channels. 

 In China, the Iron and Steel Industry has been dominated historically by 

SOEs. In 1990, SOEs accounted for 80% of the output; however, by 2006, the share 

of output volume fell to 43.1% . This is due in great part to market reforms (Sheng 

and Song 2012), which have levelled the playing field.  

This is further reinforced by statistics reported by Hou and Zhang (2012, 143) 

that; ñIn 2010, the private enterprises of China turned out 196.797 million tons of 

steel in total, constituting 40.2% of the total output of China. The pig iron produced 

by the private enterprises made up 45.0% of the total output of China and the iron 
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and steel produced by them (recycled materials) accounted for 52.1% of the total 

output of China, nearly half of steel industry of China.ò 

So Chinaôs SOEs no longer hold a dominant position in the economy 

although their contribution is not in doubt. This change reflected the governmentôs 

focus and recognition in the late 1990s as to the important role of POEs have to play 

to the future growth of the Chinese economy (Ralston et al. 2006), a majority of 

whom (domestic POEs) are family managed businesses (Gregory et al. 2000). The 

China Iron and Steel Industry Association classifies all enterprises other than major 

large and medium-sized state-owned steel enterprises, as private enterprises (POEs) 

inclusive of  private, private holding or town/village-owned ones, foreign holding or 

wholly foreign-owned ones (Hou and Zhang 2012). Nevertheless, when the term 

POE/POEs is used in this thesis, this author refers to domestically-owned private 

enterprises, since only those owned by Chinese locals were targeted for the purpose 

of this study. 

 Dollar (2003) notes that for a very long time POEs were not afforded the 

same level of encouragement, rewards or access that SOEs traditionally received. 

Non-SOEs were often forced to pay higher taxes, denied entrance to specific 

industries, had limited access to loans via state banks or market information, and 

other resources/inputs (Ralston et al. 2006). Interference from government and some 

aspects of a discriminatory environment still exists where smaller and private 

enterprises are disadvantaged in areas related to business registration, taxation, 

financing and even the right to engage in foreign trade (Garnaut et al. 2012) which in 

effect limits their ability to grow and be competitive. However, China has taken 

steps to tackle these issues and encourage private sector development commencing 

with institution and state policy allowing POEs to play a greater role in the economy 
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(Garnaut et al. 2012). Traditionally, Chinaôs state bureaucracy relied on SOEs to 

implement policy in its strategic and pillar industry sectors, and in so doing, assumed 

responsibility for securing long-term economic growth for the country (Bergsager 

and Korppoo 2013); the iron and steel sector is one such pillar industry. 

 Despite the disadvantageous institutional environment in which POEs have 

had to operate relative to SOEs, POEs appear to have the strongest role for 

contribution to the countryôs ongoing economic success. The POE sector has seen 

high levels of growth and productivity and contributes more than one-third of 

Chinaôs GDP. Moreover, this is continuing on an upward trajectory (Dollar 2003). 

Government reform has been a key contributor to the shifting in the playing field 

between SOEs and POEs, since these reforms targeted the former for restructuring 

and downsizing. Since the commencement of reforms in the 1980s, SOEs were 

forced to become more efficient and faced intense competition from domestically-

owned POEs and foreign-owned controlled enterprises (Ralston et al. 2006). 

However, as argued by Song (2011), since central government administers most 

Chinese SOEs, the extensions of privileges still exist and provide operational 

advantages due to government subsidies, favourable financing, procurement and 

regulations. Notably, SOEs that traditionally have been unprofitable, appear to 

becoming more profitable; however, this is attributable more to monopoly positions 

they hold than to improved efficiency within firms (Song et al. 2011). 

 Specifically, in the Iron and Steel Industry, the observed shift towards an 

increased proportional representation by POEs has taken place. In part, government 

reforms transformed some SOEs into private firms. Furthermore, the Iron and Steel 

Industry has attracted a vast amount of private and foreign capital, this expansion 

and resource growth has inevitably changed the ownership structure in the Chinese 
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steel industry (Hou and Zhang 2012) dominated previously by state enterprises. 

SOEs previously grew bigger and stronger due to financial advantages and the 

possibility to extend the scope of business; through mergers and acquisitions; unfair 

market competition resulting from favourable regulations; and access to government 

procurement, capital and human resource advantages; all a result of affiliations or 

connection to the central government (Cheng and Lei 2015). For example, with 

respect to financing it is noted that state ownership of banks is far higher in China 

than any other major economic power (Farrell 2006), whereas POEs have limited 

access to cash from Chinaôs largest banks (Szamosszegi et al. 2011). Another 

example would be the law in China that obliges the state to secure domestic goods, 

projects, and services (World Trade Organization 2010). Due to such advantages and 

others, it is argued ñSOEs have a natural advantage because the national and/or 

provincial governments have a vested interest in the success of SOEsò. While this 

may seem, in part, seem logical, it is ironic that POEs are twice as productive than 

SOEs (Szamosszegi et al. 2011, 57). Furthermore, Cheng and Lei (2015) found that 

the expansion of SOEs since 2003 has stifled innovation in private enterprises and 

suggest that the Chinese government pay careful attention to this detrimental effect 

of the expansion of SOEs. Particularly, since ñprivate enterprises are the main 

contributors of innovation in China. If China wants to change its developmental 

strategy from a ñMade in Chinaò economy to an ñInnovated in Chinaò economy, it 

must encourage the innovation by all kinds of enterprises, especially by private 

enterprisesò (Cheng and Lei 2015, 25). 

 The above illustrates the dynamism of the Chinese Iron and Steel Industry, 

the role of SOEs and POEs, and the importance and contribution of this industry to 

the Chinese economy and the countryôs rise on the world stage as an economic 
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power. Thus, this thesis can make a practical, as well as a theoretical, contribution to 

the extant literature. 

1.3.Research Objectives and Questions 

The overall aim of this thesis was to explore the power relationships between 

manufacturers and distributors in the Chinese Iron and Steel Industry. More 

specifically, three main objectives were outlined in this section, first, to identify, 

describe and investigate the power relationships of large state-owned enterprises 

(SOEs) and private-owned enterprises (POEs) over small distributors considered 

from the distributorsô perspective in the Chinese Iron and Steel Industry; second, to 

examine the differences between SOEs and POEs in this context; third, to develop an 

extended power-relationship framework that would better explain the dynamics and 

complexity of channel relationships in the Chinese Iron and Steel Industry by 

integrating typical/traditional power constructs and other potential power 

relationship constructs that may impact the predicted outcomes such as positive 

conflict resolution attitude (PCRA) and levels of conflict (LOCF). These potential 

power relationship constructs refer to level of trust, frequency of communication and 

level of guanxi. These were accomplished based on a three-phase research design.  

The first phase of this research was to examine the typical/traditional power 

constructs in relation to the first objective of the thesis (see section 3.4 for more 

detail). The second phase of the research was designed based on knowledge and 

information gained in the first phase and extended to  more market and relational 

oriented theoretical variables such as level of trust (LOT), frequency of 

communication (FOCM) and level of Guanxi (LOG), in order to explore the 

potential impact and relevance of these variables on outcomes such as positive 

conflict resolution attitude (PCRA) and level of conflict (LOCF). Finally, the third 
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phase of this study was developed to explore the nature and influence of various 

relationships in the extended power relationship framework based on the work of 

phase 1 and 2. Beyond testing a range of hypotheses to be presented later on, it 

allowed the researcher the opportunity to examine differences that potentially exist 

in power relationships between SOEs and POEs in the Chinese Iron and Steel 

Industry. 

A quantitative research method was employed to examine these three research 

objectives in order to explain and gain better understanding of the causes of changes 

in social facts of a range of power related variables. This is done primarily through 

objective measurement and quantitative analyses (Creswell, 2013). Survey was 

employed due to the scientific sampling and questionnaire design to measure 

characteristics of the population with statistical precision, more specifically, 

distributorsô viewpoints on their relationships with manufacturers (SOEs and POEs) 

on various characteristics in the Chinese Iron and Steel Industry. 

Neuman (2009) emphasised that there is no single, absolutely correct 

methodology to social science research but rather the methodologies simply 

represent different ways of looking at the world ï ways to observe, measure and 

understand social reality. Similarly, Cohen and Manion, (2007); Silverman, (2011) 

argued that the the nature of the research problem would dictate a specific research 

methodology to be used in the inquiry. Based on their viewpoints, the author takes a 

quantitative research approach and believes that it is essential and fits the purpose of 

this study because it focused on quantifying social phenomena and analysed 

numerical data, and the links among a smaller number of attributes across many 

cases or research participant. In addition, the main research questions presented 
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below and the nature of the questions also reveal the appropriateness of using such a 

quantitative approach throughout the thesis: 

Questions 1) Based on distributorsô perspective with SOEs and POEs, is there a 

relationship between manufacturerôs use of power and predicted outcomes in the 

Chinese Iron and Steel Industry?  

Questions 2) Is the effect of these relationships different for SOEs and POEs? 

For question one, the research seeks to explore the power relationships between 

manufacturers and distributors as explained in more detail in chapter 2, see 

hypothese H1 to H9. For question 2, the research seeks to discover the similarity or 

difference between SOEs and POEsô and their respective relationships with 

distributors. 

Notably, the author of this thesis takes a positivist view. Choosing a positivist 

philosophy is in accordance with the study's goals of theory testing that has 

methodological implications (see section 3.2.3 for more detail). The focus of this 

research  is on measuring variables and testing hypotheses that are linked to general 

causal explanations (Sarantakos 2012). Different variables are measured, e.g., level 

of conflict, level of trust, level of guanxi, frequency of communication etc. 

Furthermore, a quantitative research approach also enables the author to make 

comparisons between groups and provides estimates from a sample that may be 

related to the entire population with a degree of certainty (Creswell 2013). 

 

1.4. Research Problems and Gaps 

Power is often linked with the generation of conflict, satisfaction and 

performance in distribution channels (El-Ansary and Stern 1972;Gaski 1984;Gaski 

and Nevin 1985;Hunt and Nevin 1974;Lusch 1976). Most work on power in 
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distribution channels are Western-based or studies conducted in developed countries 

(Beier and Stern 1969;El-Ansary and Stern 1972;Etgar et al. 1978;Frazier and 

Summers 1984;Hunt and Nevin 1974). Therefore, the applicability of research 

finding and its application in developing countries are questioned (Cunningham and 

Wilson 1984). Similarly, most research or theories on conflict and management are 

also Western-based or drawn from Western viewpoints, to the detriment of non-

Western perspectives  (Horowitz and Boardman 1994). Hence, to broaden this 

perspective, this study attempts to integrate the literature on power and conflict 

resolution attitude in a different country and channel context with different business 

culture. 'Guanxi' as a conflict resolution tool isintroooduced in this study; therefore, 

it explores not only what happens in the channel when firms' use their power, but 

also how to resolve interfirm conflict when it arises. This is an area that has lacked 

discussion in power relationship literature. 

 

1.5. Potential Contributions 

This study is one of the few pieces to study the steel industry from a 

developing country's perspective, as it is an area yet to be explored intensively in the 

power relationship literature. By using a unique country and business culture 

context, it studies the power relationships with two different types of manufacturers 

(SOEs and POEs) that co-exist in the Chinese steel market, which is seldom seen in 

other countries. In addition, introducing cultural aspects may also be perceived as 

another way of adding value to the current power relationship literature. Business 

culture (or 'Guanxi') is brought in, which increases the originality of this study by 

investigating whether business culture impacts on positive conflict resolution attitude 

and the power relationships. Finally, apart from theoretical implications, this study 
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may also have practical recommendations for marketers, business managers and 

those who plan to do business in China, in addition to some cultural implications of 

doing business in China. 

 

1.6. Conclusion 

This thesis has seven substantive chapters: Chapter 1ðIntroduction; Chapter 

2ðLiterature Review; Chapter 3ðResearch Methodology; Chapter 4ðScale 

Development for Extended Power Relationship Framework; Chapter 5ðResults 

Analysis; Chapter 6ðDiscussion of Results; and Chapter 7ðConclusion. Chapter 1 

explores the research rationale of the study, presents briefly the research problems 

and gaps that exist in the extant literature, and discusses the potential contributions 

to be derived following the completion of the thesis. Chapter 2 contains a critical 

discussion of the key literature in relation to ñpowerò, and explores theoretical 

concepts: including, the definition of power; the sources of power; the relationship 

between power and satisfaction; power and conflict generation; conflict generation 

and satisfaction; distributors' countervailing power; positive conflict resolution 

attitude driven by Chinese business culture (e.g., Guanxi); and trust and 

communication levels. Chapter 3 covers the philosophical perspectives and the 

positioning of the researcher such as his ontological, epistemological choices and its 

influence on method and data collection tool utilized; finally, issues of reliability and 

validity were discussed. Chapter 4 outlines the scale development process and 

refinement of sub-scales utilised in surveys for data collection as well as relevant 

tests for validity and reliability of the scale. Chapter 5 provides the range of results 

drawn from data set using various statistical techniques such as exploratory factor 

analysis, multiple regressions and ANOVA analysis, and comparison of two 
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regression lines. Thereafter, Chapter 6, the discussion was presented. Chapter 7 

revisits the key theoretical concepts and discusses the extent to which the aims and 

objectives have been achieved, presents the theoretical and managerial implications 

of the study, as well as the limitations and proposed directions for future research.  
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CHAPTER 2. LITERATURE REVIEW  

 

2.1. Introduction 

This chapter contains a critical discussion of the key literature about the 

concept of power. Based on the literature reviewed, issues such as the definition of 

power; the sources of power; the relationship between power and satisfaction; power 

and conflict generation; conflict generation and satisfaction; as well as the positive 

conflict resolution attitude that are driven by Chinese business culture (e.g., Guanxi), 

trust and communication are discussed in this chapter. 

 

2.2. Definition of Power 

Dahl (1957, 203) defined power as the ñability of one individual or group to 

get another unit to do something that it would not otherwise have doneò. Further, 

Turner (2005, 6) suggests that power is ñthe capacity in some way to affect people or 

society, to cause them to do things that they would not otherwise have doneò. 

Similarly, Wang et al, (2015) defined power as the control or influence of one party 

on the other party's behaviour. Their perspective on power provides a basic 

understanding that one wants to gain control of another despite the other's 

unwillingness to do so. However, this definition is too broad and vague in a sense 

that it does not apply the notion of power to distribution channels. Based on this 

definition, El-Ansary and Stern (1972:47) viewed power as control over marketing 

strategy and defined the term of power as óthe ability of a channel member to control 

the decision variables in the marketing strategy of another member at a different 

level in the channel of distributionô. Their definition implies power asymmetry 

between parties and the resulting unequal distribution of rewards (Kim 1997). It is 
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also clear in the above definition the relational dimension of power (Pettigrew and 

McNulty 1995). El-Ansary and Sternôs (1972) definition of power also rely heavily 

on Emerson (1962) and Simon (1953) in indicating what factors determine the 

amount of power any given actor (channel member) may hold. According to Hunt, 

Mentzer and Danes (1987), El-Ansary and Sternôs (1972) definition of power is a 

generally accepted notion that power is the ability to influence decision variables of 

another channel member (El-Ansary and Stern 1972). Similarly, Keltner, Gruenfeld, 

and Anderson (2003) defined power as an individualôs relative capacity to modify 

othersô states by providing or withholding resources or administering punishments. 

This is typically how the concept of power has been used in the channel literature, 

also referred to as the Power-approach theory (Keltner et al. 2003) it focuses on the 

power dynamics in an extensive range from very close relationships that have less 

formalized roles (e.g. between family-friends) to more impersonal or even exchange-

based relationships (business-to-business, employer-employees) (Simpson et al. 

2015).  

A number of definitions are provided for the construct power. Emerson 

(1962) viewed power as a function of dependence. In a channel context, for example, 

the power of a wholesaler over a dealer is related to the dependence of the dealer on 

the wholesaler. According to Emerson (1962, 31), óThe dependence of Actor P over 

Actor O is (1) directly proportional to P's motivational investment in goals mediated 

by O; and (2) inversely proportional to the availability of those goals to P outside of 

the O-P relationô. Emerson used "goals" to refer to gratifications consciously sought 

as well as rewards unconsciously obtained through the relationship. The 

"availability" of these goals refers to alternative avenues of goal achievement. 
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Emerson noted that the costs incurred in conjunction with such alternatives should 

be included in any assessment of dependency. 

Simon (1953) viewed power as a function of sources of power and suggested 

that the magnitude of the power source might be employed as an index of influence. 

For example, in a channel context, a manufacturer who advertises directly to 

consumers maintains an influence base or power source relative to dealers who 

distribute his brand. A measure of the magnitude of advertising and the resulting 

consumer preference, using Simonôs conception, may be used as an index of the 

manufacturer's power over their dealers. However, Simon emphasises the difficulties 

associated with using power sources as a direct measure of power. For example, he 

notes that channel members' power sources may not be used and that the sources of 

power may be increased through the use of power. 

The traditional view of the relationship between power and influence is 

representative of general assumptions related to classic theories of social influence 

(Deutsch and Gerard 1955;Festinger 1954;French and Raven 1959). Collectively, 

these relate to the standard theory of power in social psychology. According to 

Turner (2005, 2), the standard theory of power ñis the capacity to influence other 

people, that it is conferred by the control of resources (positive and negative 

outcomes, rewards and costs, information, etc.) that are desired, valued or needed by 

others and which make them dependent upon the influencing agent for the 

satisfaction of their needs or reaching their goals, and that different types of 

resources confer different types of power leading to different kinds of influenceò. 

Similarly, emphasizing the link between power and influence is the definition 

provided by Simpson et al. (2015, 393) define ñpower as the ability of one individual 

in a relationship (the influence agent) to exert influence on another person (the target 
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of influence) so that the influence agent obtains the specific outcomes he or she 

wants in a given situation while being able to resist influence attempts by the target.ò 

However, while these definitions appear to focus on individual relationships in terms 

of relationship dynamics they are also applicable at the organizational level. 

Influence strategies are normally conveyed by individuals or their organizations 

through coordinated sets of influence tactics such as coercion, autocracy, reasoning 

and manipulation; which enables to achievement of the higher level goals and 

objectives of the holder of power (Simpson et al. 2015).  

 Power is seen as a natural aspect of social relations which shapes the nature 

of power utili sed, and depends largely on the culture of society; the beliefs and value 

systems shared by a collective group of people that shapes both social and individual 

identities. According to Turner (2005), these identities create the foundations for and 

mediates persuasion, authority and coercion, influences social relations and thus 

affects how power is gained, lost or used.  

 

2.2.1. Sources of Power 

As discussed in the previous section, power is vital in all social relations and 

most certainly has an impact on channel relationships. Indeed, the nature and source 

of that power is likely to have divergent effects on the inter-firm relationships that 

exist in a supply chain. According to Maloni and Benton (2000), it is essential that 

the both the holder of powerðpower source, and the weaker channel memberð

power target acknowledge that such power actually exists. Necessary steps must be 

taken to resolve any issues to ensure the supply chain is managed effectively, taking 

into consideration powerôs influence. It is suggested that power resides in the 

resources that a target seeks out based on that organizationôs needs for that resource 
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whatever it may be, or power may actually lie in the power sourceôs ability to reward 

or punish the target by possessing the ability to best mobilise the needed resource 

(Brown et al. 1983;Gaski and Nevin 1985;Etgar et al. 1978). 

French and Raven (1959) classified the sources of power into five types, 

including coercive (the ability to mediate punishments), reward (the ability to 

mediate rewards), legitimate (legitimate right to prescribe behaviour), referent (one's 

identification with another) and expert power (special knowledge or expertness). 

Based on French and Ravenôs (1959) identification, researchers attempt to 

dichotomise these sources of power. Within this framework, two separate attempts 

were made to dichotomise the individual bases of power. Etgar, Cadotte and 

Robinson (1978) dichotomised the individual bases of power into economic and 

noneconomic sources. Hunt and Nevin (1974) dichotomised power into two types: 

coercive and non-coercive sources (see figure 2.1 below). While the Hunt and 

Nevinôs dichotomy has been used more often by many (Lusch 1976;Frazier and 

Summers 1984;Lusch and Brown 1982;El-Ansary and Stern 1972) than the Etgar et 

al. (1978).  

Hunt and Nevin (1974) indicate that coercive power is different from non-

coercive power because it alone involves potential punishment or the threat of 

punishment (Liu et al., 2010; Yeung et al., 2009). It exists when the target perceives 

an agent or firm has the ability to punish the target for either doing something the 

agent does not like or not doing something the agent desires,  such as with some type 

of breakdown in the relationship the other party adopts non-complaint behaviour, 

ignores or pretends to ignore a problem in the relationship (Smith 2011;Simpson et 

al. 2015). Various aspects of coercive power or forms of punishment include the 

imposition of financial penalties, the withholding of crucial support or the threat to 
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withdraw promises made at an earlier date (Goodman and Dion 2001). Coercive 

power is typically utilised when there is some type of breakdown in the relationship 

such as the other party adopts non-complaint behaviour, ignores or pretends to 

ignore a problem in the relationship (Yu and Pysarchik 2002).  

Non-coercive power, on the other hand, does not involve any aggressive 

elements that will produce friction in channel relationships (Leonidou et al. 2008a). 

In fact, due its óinherent desirabilityô it tends to foster a relatively high level of 

agreement between parties (Frazier and Summers 1984), of which there are five 

basic sources: reward; legitimate; referent, expert; and information based (see for 

e.g., El-Ansary and Stern 1972;Etgar 1979;Hunt and Nevin 1974;Frazier and 

Summers 1984). These non-coercive power sources (such as reward and expert 

power) involve a willingness to yield power to another. Normally, assistance or 

supportive activities will be given to another party if they show desired behaviour or 

compliance (Liu et al., 2010). Hunt and Nevin's classification of power is well-

recognised and used frequently by many others as it has been the major theoretical 

direction taken in the study of power in marketing distribution channels (El-Ansary 

and Stern 1972;Lusch and Brown 1982). 

 Both non-coercive and coercive power are considered basic sources of power 

since it is not necessary for potential targets to have much understanding of the 

social norms, relationship status , or information or expertise for the agents action to 

be effective (Simpson et al. 2015). One of the key differences between the use of 

non-coercive and coercive power relates to the level of willingness to comply on the 

part of the target. If the target is expected to comply, the source may more likely use 

a non-aggressive approach to encourage compliance than an aggressive approach. 

This is articulated by Zhuang et al. (2010), who argue that a source utilises non-



37 
 

coercive power in order to make the target aware of the benefits of compliance. 

Conversely, the source uses coercive power if the aim is to get the target to 

understand what the potential losses are likely to be if it does not wish to comply 

with the demands outlined by the power holder. 

 A contrasting view of classifying power sources has been the hard-soft 

distinction which typically considered as two different strategies that relate to 

compliance and emphasizes the differences in the amount of freedom that the target 

feels regarding whether or not to comply (Pierro et al. 2008) or alternatively the 

amount of pressure. Some examples of hard tactics according to Pierro et al. (2008) 

are the use of coercion, reward, legitimacy of position, equity and reciprocity. These 

actions are deemed to be harsh, unfriendly and controlling and coercive actions 

(Raven et al. 1998). In contrast, examples of soft tactics are the use of expert, 

referent, and informational power, as well as legitimacy of dependence, such actions 

provides targets with a mindset of freedom to accept requests extended by power 

sources. Which tend to be constructively received by targets and lead to positive 

consequences (Pierro et al. 2008;Koslowsky et al. 2001). For example, it was found 

that the degree of compliance with soft sources (tactics) was associated with high 

satisfaction while harsh sources (hard tactics) was associated with low satisfaction 

(Koslowsky et al. 2001). 
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Hunt and Nevin's (1974) work examines empirically the consequences of 

using coercive versus non-coercive sources of power in a distribution channel, 

providing a foundation on which to build this research. Although Hunt and Nevin's 

model was conducted and tested in a franchised fast-food channel, according to 

Lusch and Brown (1982), Hunt and Nevin's model can be operationalised and 

applied to explain power in non-franchise channels as well. In relation to our study, 

based on Hunt and Nevin's work, we can interpret that if manufacturers rely more on 

non-coercive sources of power such as providing higher quality assistance in the area 

of services, delivery time, advertising, training and so on, the distributorsô 

satisfaction will increase and seem to be more complied with the manufacturers. In 

other words, there is a positive relationship between non-coercive power and 

satisfaction. However, if manufacturers rely more on coercive power by using 

punishments like threatening to cancel the manufacturer-distributor contracts, giving 

little or no discount, applying harsh payment terms and so on, the distributors' 

satisfaction will decrease and seem to resist to comply with the manufacturers. 

Power 

Coercive Power 

Non-Coercive 

Power 

Souce: adapted from "Power in a Channel of Distribution" byHunt and Nevin, 

1974:187 

Fig 2.1 Hunt and Nevinôs Model of Power 
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However, problems have been experienced using the Hunt and Nevin 

framework. The most significant problem associated with the coercive-non-coercive 

dichotomy is the inability of past researchers to detect a positive relationship 

between the non-coercive sources of power and attributed power (Lusch and Brown 

1982;Hunt and Nevin 1974). Lusch and Brown (1982) suggested that the lack of a 

significant relationship between the non-coercive power sources and attributed 

power was due to goal congruity. The sources hypothesised (post hoc) that as the 

sourceôs non-coercive power increases, the target will assimilate the goals of the 

source. Thus, the target would not perceive the sourceôs non-coercive power as 

power in the traditional sense, and one should not expect the hypothesised positive 

relationship to be demonstrated. The explanation offered by Lusch and Brown 

appears to have merit; however, it is also possible that inadequate measures of non-

coercive power could have contributed to the anomalous findings (Hunt et al. 1987). 

Hence, the objective of this study was to determine if the targetôs perception of the 

sourceôs use of non-coercive power would positively affect satisfaction and 

negatively affect the level of conflict. 

 

2.2.2. Power and Satisfaction 

According to Gaski and Nevin (1985), satisfaction is a channel memberôs 

overall approval of the channel arrangement. This is reinforced by Schul, Taylor and 

Pride (1985), who suggest that satisfaction relates to buyersô emotions and feelings 

about the range of characteristics that reflects the internal environment of the channel 

organisation and its relationship with sellers and buyers in the channel. Keltner, 

Gruenfeld, and Anderson (2003, 265) emphasise that power is ña basic force in 

social relationshipsò. In effect, it is an essential element of social organisation and 
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permeates all political, organisational, institutional and all forms of social 

relationship and interactions (Turner 2005).  Another perspective on satisfaction and 

social interaction is provided by Benton and Maloni (2005), who defined satisfaction 

ñas a feeling of contentment with the supply chain relationship no matter what power 

imbalance existsò (Benton and Maloni 2005). Despite the natural or intuitive link 

between satisfaction and power relationships in the supply chain, limited research 

has been conducted to explore this relationship (Michie and Sibley 1985).  

The satisfaction construct is straightforward and highly congruent with prior 

treatment in the literature. Based on relevant literature review, especially in a 

franchise system, franchisee satisfaction is increased when non-coercive sources of 

power, as opposed to coercive sources, are used (Hunt and Nevin 1974). This is 

supported by Brown, Lusch, and Muehling (1983), who argue that due to the harsh 

economic sanctions typical of coercive power, a negative psychological affect is 

expected to impact existing working relationships and satisfaction levels. Coercive 

power increases perceived cost, both from an economic and social perspective can 

even surpass the overall benefits derived from the relationship (Ramaseshan et al. 

2006). A range of research literature has previously confirmed the inverse 

relationship between coercive power and satisfaction (Gaski and Nevin 1985;Yu and 

Pysarchik 2002;Lee 2001;Raven et al. 1993b).  

 Conversely, the use of non-coercive power in the form of enhanced financial 

and social benefits through channel interactions involving the offering of financial 

rewards, service assistance or the receipt of specialised information can have a 

positive influence (Wilkinson 1979). This serves the collective goals of the channel 

relationship and leads to a constructive and friendly business environment. This 

should lead to higher levels of satisfaction between channel members (Leonidou et 



41 
 

al. 2008a). This is supported by the research work of various academics 

(Ramaseshan et al. 2006;Yu and Pysarchik 2002;Raven et al. 1993b). Thus, based on 

relevant literature, we can propose the following hypotheses. Figure 2.2 depicts H1 

to H4. 

 

H1: There is an inverse relationship between manufacturersô use of coercive 

power (CP) and distributorsô satisfaction (SAT). 

H2: There is a positive relationship between manufacturersô use of non-coercive 

power (NCP) and distributorsô satisfaction (SAT). 

 

 

 

 

 However, since most related theories and empirical findings highlighted 

above are most often western-country based and this thesis is based in the Chinese 

business contexts, unique findings and useful contributions are anticipated. Further, 

Manufacturerôs 

Power 

Exercise of 

Coercive Power 

Exercise of Non-

Coercive Power 

Souce:  adapted from "The Differential Effects of Exercised and Unexercised Power Sources in a 

Marketing Channel," by Gaski and Nevin, 1985:134 

Level of conflict 

Satisfaction 

H3 (+) 

S1 

 

H1 (-) 

S1 

 
H2 (+) 

S1 

 

H4 (-) 

S1 

 

H5 (-) 

S1 

 

Fig 2.2 Traditional Power-Relationship Framework hypothesized  

relationships 
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given the different industry context like Chinese steel distribution channel and 

different culture, the possible effects of the uses of power by SOEs (state-owned 

enterprises) and POEs (private-owned enterprises) need further investigation in this 

research. Therefore, we can propose the following hypotheses to be tested in a 

different channel context. 

 

H1A: There is an inverse relationship between SOEsô use of coercive power 

(CP) and distributorsô satisfaction (SAT) on SOEs. 

H1B: There is an inverse relationship between POEsô use of coercive power 

(CP) and distributorsô satisfaction (SAT) on POEs. 

 

H2A: There is a positive relationship between SOEsô use of non-coercive power 

(NCP) and distributorsô satisfaction (SAT) on SOEs. 

H2B: There is a positive relationship between POEsô use of non-coercive power 

(NCP) and distributorsô satisfaction (SAT) on POEs. 

 

2.2.3. Power and Conflict Generation 

Conflict is often perceived as an incompatibility of interests or tension 

between two or more social entities caused due to a misalignment of goals, 

motivations or actions, whether they are actually real or only perceived to exist 

(Taylor and Moghaddam 1994). Typically, the starting point is when one party 

perceives to have been negatively affected, or is about to affect negatively something 

about which they care. Kaushal and Kwantes (2006, 580) note that ñAlthough often 

seen in a negative light, conflict can be both positive and negative. More often than 

not, it is perceived as the root of disagreements, negative emotions, and maladaptive 
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behaviour, even though it is just as likely to foster needed change through creativity 

and innovationò. 

Conflict is defined as arises from incompatibility of actual or desired 

responses'. However, in a marketing channel, conflict is óa situation when a channel 

member perceives the behaviour of another channel member to be impeding the 

attainment of its goals or the effective performance of its instrumental behaviour 

patternsô (Etgar 1979, 61). Similarly, Stern, El-Ansary and Coughlan (1996, 306) 

defines it as; ñChannel conflict is a situation in which one channel member perceives 

another channel member(s) to be engaged in behaviour that prevents or impedes it 

from achieving its goalsò. Of primary importance is the frequency and intensity of 

disagreements between channel members which is typically driven by the inevitable 

interdependencies among channel partners that brings about conflicts of interest 

which needs to be effectively managed with the understanding that differing levels of 

conflict between channel members is doomed to exist (Karadagli and Aluftekin 

2012). Leonidou, Talias and Leonidou (2008a, 100) emphasised that; ñAlthough 

some conflict is essential to making the relationship more lively, reliable, and 

interesting, it should be kept at manageable levels, because otherwise it can seriously 

damage the quality of the relationshipò. 

In relation to power in distribution channels, Lusch (1976) found a 

significant positive association between intra-channel conflict as perceived by 

dealers and coercive sources of franchisor power in an automobile industry, with 

conflict negatively related to non-coercive sources of power. In other words, we can 

interpret that the use of coercive power by manufacturers increase the level of 

conflict in a channel with distributors, while the use of non-coercive power by the 

manufacturers reduce the level of conflict in a channel. Coercive power would 
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typically lead to disagreement between parties and result in conflict in some form 

(Gaski 1984). The conflict can often reach the point of being unhealthy and 

destructive to the relationship and thus the use of coercive power can be risky and 

counterproductive (Leonidou et al. 2008a) to maintaining successful, long-term 

relationships.  

The use of non-coercive power involves free expression of ideas and 

collaborative discussions between the channel partners with the intention to be 

transparent in resolving disagreements, being open to the perspective of the channel 

partner, critically evaluate past mistakes and cooperatively assess and come up with 

mutually-beneficial solutions (Eliashberg and Michie 1984;Ruekert and Churchill Jr 

1984). Consequently, the use of non-coercive power results in low levels of conflict 

in the relationship with disagreements between channel members is more likely to 

adopt a functional rather than dysfunctional approach (Leonidou et al. 2008a). To-

date there is a range of research that has established that there exists a negative 

association between the use of non-coercive power and level of conflict (Brown et al. 

1983;Gaski and Nevin 1985;Yu and Pysarchik 2002;Frazier and Rody 1991). 

As discussed above, the exercise of coercive power normally leads to a 

change in behaviour by causing loss to one party, while the exercise of non-coercive 

power normally leads to a change in attitude or behaviour through the provision of 

something favourable, one would expect that the higher uses of coercive power with 

lead to a higher level of conflict while the use of non-coercive power will lead to a 

lower level of conflict, this is supported by previous research (Skinner et al. 1992).  

 Therefore, the following hypotheses are proposed: 
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H3: There is a positive relationship between manufacturersô use of coercive 

power (CP) and level of conflict (LOFC) between manufacturers and 

distributors .  

H4: There is a negative relationship between manufacturersô use of non-

coercive power (NCP) and level of conflict (LOFC) between manufacturers and 

distributors . 

 

Furthermore, given the different industry context and market characteristics 

with SOEs and POEs, the following hypotheses are proposed. 

 

H3A: There is a positive relationship between SOEsô use of coercive power (CP) 

and level of conflict (LOFC) between SOEs and distributors. 

H3B: There is a positive relationship between POEsô use of coercive power (CP) 

and level of conflict (LOFC) between POEs and distributors. 

 

H4A: There is a negative relationship between SOEsô use of non-coercive power 

(NCP) and level of conflict (LOFC) between SOEs and distributors. 

H4B: There is a negative relationship between POEsô use of non-coercive power 

(NCP) and level of conflict (LOFC) between POEs and distributors 

 

2.3. Conflict Generation and Satisfaction 

Conflict plays an important role in channel relationships between 

manufacturers and distributors. For example, Bradachôs (1997) study on the 

franchise system argues that conflict yields benefits as it forces the players to 

scrutinise more critically ideas and strategies that are brought to the fore. 
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Furthermore, channel conflict often brings about improvement in the relationship by 

resolving operational problems to meet that then meet consumer demands 

(Hopkinson 2001).  

 Understanding cultureôs influential role in individualsô attitude towards 

conflict is essential since attitude drives behaviour and would likely determine how 

channel member representatives interact in difficult or problematic situations that 

impact outcomes. This is particularly pertinent since China and other Asian cultures 

are well known to be very different from Western cultures. Indeed, it has also been 

recognised that conceptual frameworks developed by Western scholars may be 

inadequate for exploring and explaining conflict-related phenomena in china, the 

context in which this study is situated (Zhang and Zhang 2013).  

 For example, in the USA and the UK there is a much higher level of 

individual focus or individualism than in Asian cultures, which are collectivist 

(Hofstede 2001). In countries such as China, interpersonal harmony is an important 

characteristic and one of the fundamental values in Chinese culture. As Zhang and 

Zhang (2013) reiterated this value is evident in many Chinese sayings such as 

ñHarmony brings wealth,ò ñHarmony is most precious,ò and ñEverything will be 

accomplished smoothly in a harmonious familyò. According to Gabrenya and 

Hwang (1996) such interpersonal harmony is a Confucian value that reflects the 

peaceful state or positive attitude shared in an interaction and is a guiding principle 

in Chinese culture when handling conflicts. It is suggested that the pursuit of 

harmony in interpersonal relations is strong in both traditional and contemporary 

Chinese societies (Yang 1995). It has been observed by some researchers that 

Chinese, in relation to Americans, reported higher levels of conflict avoidance in 

order to maintain harmony (Friedman et al. 2006), to the extent that they pursue 
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ñharmony for harmonyôs sakeò as conflict evokes unwanted anxiety (Yang 1995). 

However, Wei (2014, 264) warns that in the case of the Chinese ñAvoidance doesnôt 

mean nothing really. Those hidden doubts and dissatisfactions will become thorns 

and, as time passes, they dig into people more deeplyò.  

Nevertheless, it is important to note conflict is inevitable in business relationships 

due to human nature and is likely embedded in every act of exchange and thus ever 

present in distribution channels. In fact, conflict can occur in both cooperative and 

competitive business contexts (Deutsch 1973).  

It would seem logical that the higher the frequency of interaction the 

possibility of conflict between channel members increases. Whereas, instances of 

low frequency and duration, decreases the risk of interfirm conflict (Ranfagni and 

Guercini 2014). Furthermore, Bobot (2011) suggest that as relationships develop and 

become more substantive and interdependences grows this is likely to foster the 

coexistence between conflict and cooperation. One of the reasons conflict arises is 

because manufacturers and distributors perpetually struggle regarding the division of 

rewards (profits) generated from the sale of manufacturers products in the 

distributors networks (Liu et al. 2014). The question often is whether one member of 

the channel relationships benefits more from the utilization of collective resources 

that meets the need of final consumers. Any perceived imbalance often leads to 

conflict between channel members, as one channel member may be displeased with 

the allotted share in terms of financial returns from their vested interest in the 

channel. This competition over sales revenue is often due ñto incongruent strategies 

to extract value and achieve growthò (Liu et al. 2014, 443) and lead to channel 

dissatisfaction. 
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It has long been emphasised that satisfaction as a theoretical construct is 

central to understanding channel relationships (Robicheaux and El-Ansary 

1977;Ruekert and Churchill Jr 1984). It can impact the morale of channel members 

and the willingness of respective parties to work together for mutual benefit (Schul 

et al. 1985); thereby affecting the longevity of the exchange relationship (Dwyer 

1980). Channel member satisfaction has been defined broadly as an affective state 

resulting from the appraisal of all aspects of a firmôs working relationship with 

another channel member (Frazier et al. 1989;Gaski and Nevin 1985). 

In the extent literature, one perspective of the satisfaction construct is looking 

at it from either as economic satisfaction and non-economic satisfaction. Geyskens et 

al. (1999, 224) ñEconomic satisfaction is defined as a channel member's positive 

affective response to the economic rewards that flow from the relationship with its 

partners, such as sales volume and marginsò. Alternatively, non-economic 

satisfaction is defined as a channel member's positive affective response to the non-

economic, psychosocial aspects of its relationship, in that interactions with the 

exchange partner are fulfilling, gratifying and easy (Dwyer and Gassenheimer 

1992;Mohr et al. 1996). 

According to Frazier (1989), channel conflict is expected to be related 

inversely to dealer satisfaction. The greater the incompatibility and tension between 

a manufacturer and dealer, the lower would be the dealer's overall approval of the 

channel arrangement. Similarly, as Smith and Koenig (1985a) stated in their work 

that empirical evidence supports the contention that channel conflict adversely 

affects a dealer's satisfaction (Rosenberg and Stern 1971;Dwyer 1980). As the 

relationship between conflict and satisfaction is straightforward, the results are 
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supported in channel literature (Wilkinson 1979;Robicheaux and El-Ansary 1977). 

Hence, the following hypothesis is proposed. 

 

H5: The level of conflict (LO CF) in the channel is negatively related to 

satisfaction (SAT).  

 

Furthermore, given the different industry context and market characteristics 

with SOEs and POEs, the following hypotheses are proposed. 

 

H5A: The level of conflict (LOCF) between SOE and distributors in the channel 

is negatively related to distributorsô satisfaction (SAT) on SOEs.  

H5B: The level of conflict (LOCF) between POE and distributors in the channel 

is negatively related to distributorsô satisfaction (SAT) on POEs.  
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2.4. Positive Conflict Resolution Attitude (PCRA) 

Conflict resolution is defined by Vayrynen (1991)  as efforts made by parties 

to find a solution to mitigate or eliminate contradictions between them. Furthermore, 

in the extant literature five conflict management styles have been identified by Blake 

(1968) these are: competition (assertive, uncooperative), collaboration (assertive, 

cooperative), compromise (moderately assertive, moderately cooperative), avoidance 

(unassertive, uncooperative) and accommodation (unassertive, cooperative); it 

Manufacturerôs 

Power 

Exercise of 

Coercive Power 

Exercise of Non-

Coercive Power 

Souce: adapted partly from"The Differential Effects of Exercised and Unexercised Power Sources 

in a Marketing Channel," by Gaski and Nevin, 1985:134. New constructs include level of trust, 

frequency of communication, level of guanxi and positive conflict resolution attitude in EPRF. 
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Fig 2.3 Extended Power-Relationship Framework between Manufacturers-

Distributors (EPRF) 
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appears these reflect or have formed the basis of other models established in the 

literature. Typically, other models have assumed three-factor structures, in particular, 

those put forward by Lawrence (1967), Putnam and Wilson (1982) and Ross and 

DeWine (1982). For example, Lawrenceôs (1967) model labelled three factors as 

competing, collaborating and accommodating-avoiding mix. Similarly, Putnam and 

Wilson (1982) proposed a model with factors labelled as control, solution-

orientation, and non-confrontation. Finally, Ross and DeWineôs (1982) model has 

factors labelled as concern for self, concern for the issue, and concern for others.  

A common denominator of the above-mentioned models is the need for 

cooperation amidst the natural tendency towards self-interest. Cooperation is the 

joint striving toward individual and mutual goals (Brown 1981;Stern and Reve 1980). 

In business contexts, particularly in vertical B2B context such as in manufacturer-

seller relationships, there is a flux between cooperation and competition (self-

interest) which act in opposite directions. However, in contrast to horizontal B2B 

context (competitors by default), vertical channel relationships (partners) tend to be 

ñmore strongly influenced by cooperative notions such as trust, reciprocity, 

communication, and justice perceptions than are relationships between industry 

rivalsò (Liu et al. 2014, 446). 

According to Dagnino and Padula (2002), organisations tend to cooperate 

with each other on the basis of a mutual interest arrangement. In doing so, they are 

better placed to exploit complementary resources (Anderson and Narus 1990) that 

facilitate the achievement of desired organisational outcomes. As argued by Liu et al. 

(2014), cooperative relationships tend to emphasise increasing common benefits 

while self-interest is counterproductive and can even have a destructive influence on 

channel relations in the long term. This view is supported by Gupta (2011) who 
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suggests that ultimately there is an incompatibility between private benefits and its 

associated self-interest, relative to cooperative relationships that are normally 

developed based on trust.  

  In order, to best understand the nature of relationships between firms and 

their interactions in a business-to-business context, cultural awareness is essential. 

According to Buckley, Clegg and Tan (2006, 275) ñCultural awareness can be 

understood as the degree of knowledge about the way of thinking and behaving of 

people from a different culture.ò It has been proposed by many that there are notable 

difference people Eastern and Western societies with respect to the way they deal 

with conflict, in that, in Eastern cultures it is emphasised that avoidance is the most 

effective approach to dealing with conflict. The awkwardness of face-to-face and 

terse conversation are avoided in Eastern society to maintain interpersonal harmony 

and protect each otherôs dignity (Wei 2014).  

Collectively the cultural values of face, collectivism, conformity and 

interpersonal harmony compel Eastern Asians to avoid conflict, thus there are 

generally higher levels of conflict avoidance relative to Westerners (Kirkbride et al. 

1991;Tse et al. 1994).  Such values reflect the Confucian ñDoctrine of the Meanò of 

which harmony is central in all human relationships and with the external world 

(Chan 2008). An understanding of the existence of these values is essential in 

exploring concepts such as Positive Conflict Resolution Attitude (PCRA) in channel 

relations in the Chinese business context. It can thus be assumed that channel 

relations in China should reflect a greater level of willingness for reducing conflict 

or cooperative action to pre-empt or reduce the possibility of conflict increasing. 

This is particularly important since the outcomes of conflict are determined in great 

part by whether the channel members choose to take a cooperative approach or a 
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competitive approach to solving problems and grievances (Tjosvold 1998). Usually, 

large or dominant firms may use its power to induce the target firm to enter a 

collaborative relationship (Zhao et al. 2008; Yeung et al. 2009; Cai et al. 2013). 

Channel partners such as in the manufacturer-distributor relationship in the Chinese 

Iron and Steel Industry must actively seek to manage conflicts to achieve their 

common goals as conflicts have the potential to be either constructive or destructive. 

According to Wong and Tjosvold (2010, 774); ñManaging conflict is not only 

realistic but, when constructively done, promotes relationships among group 

members as well as task completionò. 

Approaching conflict cooperatively or competitively makes a difference in 

the eventual outcome and thus the nature of Chinese culture may be influential. 

Furthermore, it can also be argued that the outcome of conflict in the channel could 

be influenced by whether the approach utilised is transactional or relational as these 

may impact the attitude towards cooperation or conflict assumed by both parties. Jap 

and Anderson (2003)  emphasised that inter-organizational exchanges do involve 

both transactional and relational mechanisms.  

According to Liu et al. (2009) transactional mechanisms involves using 

ñlegal stipulations and economic incentive systemsò to manage interparty exchanges, 

while relational mechanisms involves ñinherent and moral controlò that facilitates 

the establishment of cooperative business relationships. Kim (2000) and Gundlach et 

al. (1995) suggest that relational approaches are useful tools that firms can utilize to 

limit opportunism and simultaneously nourish cooperation in channel relations. 

Relational mechanisms tend to be more superior relative to purely authoritative 

(transactional) relations in discouraging opportunism and malfeasance (Granovetter 

1985) since social bonds tend to be more effective in encouraging commitment of 
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channel members to be more consistently cooperative in their channel relationships 

(Seabright et al. 1992).  

Many scholars found that powerful members tend to prefer forcing when 

conflict arises with their subordinates (Howat and London 1980;Morley and 

Shockley-Zalabak 1986;Phillips and Cheston 1979;Putnam and Wilson 1982) while 

subordinates prefer avoiding (London and Howat 1978), smoothing (Putnam and 

Wilson 1982) or compromising (Renwick 1975) if and when a conflict arises with 

powerful members. Deutsch (1973) suggests that in order to create a win-win 

situation, both parties should work in a cooperative context as a conflict is a common 

problem in which the conflicting parties have the joint interest of reaching a 

mutually satisfactory solution. Moreover, he indicates that a cooperative process is 

likely to lead to productive conflict resolution as it aids open and honest 

communication of relevant information between the participants. Therefore, 

assuming that both manufacturers and distributors work in a cooperative context, the 

following hypothesis is proposed. See figure 2.3 for H6 to H9.  

 

H6: Positive Conflict Resolution Attitude (PCRA) relates negatively to the level 

of conflict (LOCF) in the channel. 

 

Furthermore, given the different industry context and market characteristics 

with SOEs and POEs, the following hypotheses are proposed. 

 

H6A: Positive Conflict Resolution Attitude (PCRA) between SOE 

manufacturers and distributors relates negatively to the level of conflict 

(LOCF) in the channel. 
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H6B: Positive Conflict Resolution Attitude (PCRA) between POE 

manufacturers and distributors relates negatively to the level of conflict 

(LOCF) in the channel. 

 

2.5. Trust and Positive Conflict Resolution Attitude 

 Recently there has been an increased focus among positivist researchers on 

constructs that appear to compatible with the more fashionable concept of 

relationship marketing rather than the power concept, this interest has been drawn to 

concepts such as coordination, communication, climate and solidarity (Hopkinson 

and Blois 2014). Two further concepts of a similar vein in this study were trust and 

conflict resolution attitude.  

Mayer, Davis and Schoorman (1995, 712) defined trust as ñthe willingness of 

a party to be vulnerable to the actions of another party based on the expectation that 

the other will perform a particular action important to the trustor, irrespective of the 

ability to monitor or control the partyò. In marketing, Anderson and Narus (1990, 

45) defined trust and 'the belief that another company will perform actions that will 

result in positive outcomes for the firm, as well as not take actions that would result 

in negative outcomes for the firm'. Trust is a very important concept in business, 

whether domestically or globally as it plays a very influential role in  on how 

collaboration works (Child 2001) and is particularly important in understanding 

channel relationships between manufacturers and distributors. Gundlach and Cannon 

(2010, 411) emphasized the need for reseach in the area ñthe importance of trust and 

its benefi ts in modern exchange are not settled. Trust remains a complex and elusive 

construct ð worthy of more thorough analysis and a deeper understanding.ò 



56 
 

In the case of China, trust tends to occur at the individual level among people 

(xinren), while on the other hand in Western countries, trust tends to be addressed or 

discussed at the corporate or business level (Barnes et al. 2011) such a fundamental 

understanding is critical for practitioners and international firms when engaging in 

business-to-busines transactions in China. Explicit, polite offers of assistance and 

support by Anglo-Saxon firms is ñlikely to go a long way with the Chineseò (Barnes 

et al. 2011, 516). Consistent with the relational view, cooperative strategies require 

trust-based mutual commitments to co-create value (Day et al. 2013) since trust is 

instrumental in shaping ñinter-firm relational embeddnessò (Lawson et al. 2008) 

which they refer to as range of integration activities reflecting close working 

practices between buyers and suppliers.  

 Trust between parties plays an important role in exchange contexts and has 

been recognised by many researchers (Anderson and Narus 1990;Crosby et al. 

1990;Dwyer et al. 1987;Gambetta 1988). Trust is a key foundation necessary for 

cooperation between partners (Buckley et al. 2006). According to Yang, Jia and Cai 

(2014) it has been well established that trust is a key driver of relational exchange 

and has triggered research to focus on trust  and or trust related topics in channel 

relationships. High trust relationships leads to increased relationship satisfaction and 

enhanced firm performance (Johnston et al. 2004) and increased inter-firm learning 

(Fawcett et al. 2012). It is important for buyers to have trust in sellers, as such trust 

is normally based on the fact that they the buyers/distributors believe the 

sellers/manufacturers are concerned about their welfare and are at the same time 

reliable, credible, and honest organizations with whom to conduct business (Arnott 

2007), which in essence, enables the creation of relational capital and facilitates key 
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supplier management established due to past interactions and reputational 

connections (Laaksonen et al. 2008).  

An added benefit is that as trust develops among channel members, there 

tends to be a decreased need for investing in costly safeguard mechanisms (Claro et 

al. 2003) as a positive channel atmosphere is established (Skarmeas et al. 2008). This 

in turn increases the level of cooperation and willingness to harmonise channel goals 

between channel members. According to Day et al., (Day et al. 2013) trust building 

is a balanced process that for all intents and purposes protect the firm from 

malfeasance whist providing opportunities for value creation among channel 

members. This value is generated in great part due to the reducing in perceived risk 

and uncertainty in the buyer-seller relationship (Meehan and Wright 2011).    

This often leads to enhanced levels of operational effectiveness and a positive 

mindset towards joint action (Palmatier et al. 2007) that leads to improvements in 

coordination through joint planning and problem solving (Claro et al. 2003), should 

create a positive attitude towards confliction resolution.  

The development of long term relationships is a major feature of the Chinese 

economy. Moreover, within trust assumes a central role in the development of such 

relationships at the personal, corporate and governmental levels particularly in China 

(Buckley et al. 2006). These long-term relationships typically bring with them 

advantages for those involved in the channel relationship such as the receipt of 

financial benefits and competitive advantages as a result of the willingness of firms 

to work together (An 2014). It is argued that trust is an essential ingredient necessary 

for the effective management of the inter-organizational collaboration, particularly in 

developing country contexts (Nguyen et al. 2005). According to Kale, Singh and 
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Perlmutter (2000) relational capital and mutual trust provide channel partners with 

the protection from excessive costs and exploitation.  

 Trust-building involves dyadic interactions over a period, and is different in 

China about that of the West. Murray (2014, 233) provides some insight into the 

relationship between trust and cooperation during negotiation in Chinese contexts:  

ñChinese are past masters in the give-and-take. They realize it has to be a 

win-win situation; if it is a win-lose situation then you may have a deal on 

paper, but, as an old Chinese saying goes, nothing written on paper is worth 

the paper itôs written on. The spirit rather than the form of the agreement has 

always been more important. Having said that, however, it is becoming 

increasingly apparent that they also realize putting things on paper can be 

importanté it is important not to be too legalisticò.  

 

 In the extant literature, two types of trust are commonly identified: cognition- 

and affect-based trust (Chua et al. 2009;Ng and Chua 2006). According to Chua 

(Chua et al. 2009, 491) ñCognition-based trust involves perceptions that another 

person has the competency and integrity to be trustworthy, while affect-based trust is 

based on the emotional bond and concerns one feels toward the other person ï 

simply put, trust from the head versus trust from the heartò. It is argued that although 

both cognitive and affective bases are more intertwined in the Chinese context than 

in other countries (Chua et al. 2009), without a doubt effective bases are far more 

salient in China (Wasti et al. 2011) and the centrality of its role in Chinese firms is 

widely evident in many firm practices (Song et al. 2012).  

Triandis et al. (1988) purports that it is typical of collectivist cultures for 

affective and relational elements to be easily visible in work settings and 
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organizational practices. For example, the establishment of a close personal 

connection is an important prerequisite to doing business with others in many Asian 

cultures (Hampden-Turner and Trompenaars 1993) such as China. This is supported 

by the work of Chua et al. (2009) who suggested that the development of trust in 

China is based on an effective foundation and mix personal and professional 

concerns, and contrasts that of the cognitive foundation preferred by Americans who 

are less likely to mix socio-emotional concerns with instrumentality. For example, in 

a cross-cultural study by Wang et al. (2008) it was observed that Chinese 

businessmen would take a more humanistic approach rather than a legalistic one 

when conflict arises. As such, it appears that in China and other collectivist cultures, 

the professional/personal dichotomy is less clear than in the North American context 

(Sanchez-Burks and Lee 2007).    

In dependence relations, trust becomes significant because with trust, risking 

dependence on another party becomes easier to bear despite the fact that the other 

party retains the option of betrayal. Low trust in the partner engenders defensive 

behaviour (Lewicki and Litterer, 1985), which leads to the desire to institute high 

levels of controls (Gibb 1961). According to Andaleeb (1995), the greater the trust, 

the lower the complexity and uncertainty; thus providing reasonable assurances that 

desired goals and outcomes will be achieved, barring unforeseen circumstances.  

Trust research suggests that high-trust business relationships lead to more 

profits, customer satisfaction and flexibility (Arnott 2007). Channel relationships 

high in trust tend to create an atmosphere that reduces the risk of members losing 

face (Rubin and Brown 2013). In doing so, one would expect that manufacturers and 

distributors are less likely to engage in protective posturing or impose controls to 

manage each otherôs behaviour. Furthermore, high trust would typically produce 
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more satisfactory outcomes, which should lead to higher levels of commitment and 

motivation to execute strategies for mutual benefit (Zand 1972) and thus reduce the 

likelihood of conflict. Furthermore, high trust situations provide a sort of safety net 

or assurances that fair and expected outcomes would be realised; however, notably 

this is not without risk. As such, the higher the levels of trust of a distributor in a 

manufacturer, the more likely the manufacturer will intent to cooperate with the 

distributor when conflict arises. Thus, it is proposed that:  

 

H7: The level of trust (LOT) relates positively to positive conflict resolution 

attitude (PCRA). 

 

Furthermore, given the different industry context and market characteristics 

with SOEs and POEs, the following hypotheses are proposed. 

 

H7A: The level of trust (LOT) between SOE and distributors relates positively 

to positive conflict resolution attitude (PCRA). 

H7B: The level of trust (LOT) between POE and distributors relates positively 

to positive conflict resolution attitude (PCRA). 

  

2.6. Communication and Positive Conflict Resolution Attitude  

 Communication plays a central role in interaction that involves both buyers 

and sellers and is essential for interchannel communication (Johnston et al. 2012).  

Communication is defined commonly as the formal and informal exchange of 

opinions and sharing of information between business partners (Anderson and Narus 

1990). Furthermore, Sheng et al. (2006) states that it is a critical aspect of relational 
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governance and is influential in facilitating exchanges and shaping relational norms.  

Various researchers have often suggested that communication, particularly, its 

frequency and degree of bidirectionality are essential elements to relational outcomes, 

such as trust, satisfaction, and inter-organisational relationships in a domestic context 

(Mohr and Nevin 1990;Palmatier et al. 2006). Communication is regarded as the 

most important factor to build meaningful long-term relationships (Palmatier et al. 

2006). Nevertheless, even in long-term relationships the likely of interpersonal and 

thus inter-organisational conflict is inevitable. The presence of conflict, however, 

does not necessarily have to lead to negative consequences or viewed solely from a 

negative perspective. According to Wei (2014, 258), ñIt is the process resulting from 

the tension between social entities because of substantial or perceived differences in 

interests, views, or prioritiesò.  

Conflicts often lead to misunderstandings and communication failures, which 

are ranked as the most important concerns for managers (Thomas and Schmidt 

1976). According to Tompkins et al. (1977), conflicts embedded in power-related 

issues are often characterised by a lack of communication, a lack of the value of 

conflict across organisational levels (Tompkins et al. 1977). Deutch (1973, 363) 

states that ñopen and honest communication enable the parties to go beneath the 

manifest to the underlying issues involved in the conflict, and thereby, reduce 

misunderstandings that lead to confusion and mistrustò. Similarly, other scholars 

suggest that channel members with a strong desire to work hand in hand will strive 

to put in place integrating mechanisms that enable effective interaction; hence, 

providing the greatest opportunity for each to succeed (Carson et al. 2003;Koza 

1995;Mohr and Spekman 1994).  
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 According to Krauss and Morsella (2000), communication is a neutral 

instrument as it can be used either to convey threats or propose offers of 

reconciliation. Nevertheless, if the parties to a disagreement have a genuine interest 

in resolving a problem, communication can facilitate a successful outcome. 

Communication provides a basis for understanding, ñThe more effective the 

communication is, the greater the possibility that the problem will be solved directly 

without escalating into a manifest conflictò (Zhang and Zhang 2013, 104). However, 

good communication by itself does not guarantee a feasible resolution would be 

arrived at especially if there are irreconcilable goals, but there is greater certainty 

that poor communication would increase the likelihood that conflict intensifies 

(Krauss and Morsella 2000).  

Nevertheless, the importance of good communication is not in question since 

it is noted that as transparency in communication is an effective way of neutralizing 

conflict (Han and Harms 2010). Transparency brings into play the issue of trust, as 

suggested by OôReilly (1978) who stated that trust relates to openness and accuracy 

in communication with others with the belief that shared information would be 

accurate, reliable and complete. In instances where individuals and groups are 

engaged in trusting relationships, there is a greater willingness to ñincur the risk of 

addressing potential issues to resolve conflicts in the open before negative effects 

emergeò (Han and Harms 2010, 26).  

 Beyond transparency in communication it has been also argued that the 

modality of communication which refers to the formal/informal distinction affects its 

effectiveness (Mohr and Nevin 1990). Thus, they are likely to influence attitudes 

towards conflict resolution or willingness to cooperate between those involved in the 

conflict or transaction. For example, it argued that informal communication is likely 
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to be far more effective than formal communication (Zhang and Zhang 2013). 

Ruekert and Walker (1987) suggest formal communication is performed in the name 

of an organisation through a formal meeting, or in a written form such as fax, email, 

etc. Conversely, informal communication is more personalised, such as unofficial 

face-to-face interactions limited to few people and oral forms of communication (e.g., 

phone call), its process and result cannot be tracked by referring to documents and is 

performed personally and privately (Zhang and Zhang 2013). Because it is more 

honest, timely and straight forwardðinformal communicationðthis increases the 

possibility that parties are likely to be willing to cooperate before a conflict escalates.  

 Another factor that can play a key role in organizational communications is 

Guanxi since communication exchange relies on the interaction of individuals  

(Fang 2010). Guanxi is viewed as a lubricator in business and personal relations 

(Langenberg 2007;Gold et al. 2002) and should facilitate smoother communication 

relations between key boundary personnel in times of conflict. For example, Yang 

(1994) suggests that Guanxi relationships allow firms in subordinate power positions 

to petition more powerful partners or even existing competitors for support to resolve 

or harmonize conflict situations. Guanxi aims for harmonic relations among people 

and discourages conflicts. (Fang 2010).  

According to Koza and Dant (2007), Bi-lateral communication strategies 

allow channel members to ask questions, offer comments, corrections, convictions, 

ideas, even conflicting ones, and have the potential to ultimately influence. Bi-lateral 

communication between parties enable them to ñreconcile the interests of both 

parties, reach joint benefits, or attain ówinïwinô goals through open information 

exchange and joint decision makingò (Putnam 1990, 3). Willingness to share 

relevant information encourages integrative resolution behaviours and more likely to 
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mitigate problems between parties. Furthermore, many scholars believe that 

communication is a strategic integrating mechanism demonstrated to promote 

cooperative conflict resolution behaviours and have a positive effect on the ability of 

firms to interact effectively (Koza 1999;Mohr and Nevin 1990;Mohr and Spekman 

1994;Sinickas 2001). Meanwhile, literature findings on communication have 

indicated positive correlations between information exchange and integrativeness of 

the negotiation process (Clopton 1984). Hence, it is proposed that:  

 

H8: The frequency of communication (FOCM) is positively related to positive 

conflict resolution attitude (PCRA). 

 

Furthermore, given the different industry context and market characteristics 

with SOEs and POEs, the following hypotheses are proposed. 

 

H8A: The frequency of communication (FOCM) between SOEs and 

distributors  is positively related to positive conflict resolution attitude (PCRA). 

H8B: The frequency of communication (FOCM) between POEs and 

distributors is positively related to positive conflict resolution attitude (PCRA). 

 

2.7. Business Culture and Positive Conflict Resolution Attitude 

Organisational culture is defined as ñthe pattern of shared values and beliefs 

that help individuals understand organizational functioning and thus provide them 

with norms for behaviours in the organizationò (Deshpande and Webster Jr 1989, 4). 

There are varieties of organisational culture models that have been developed. 

Primary among these are the Competing Values Framework. Cameron and Quinnôs 



65 
 

(2011) Competing Values Framework (CVF) consists of four organisational culture 

types - Clan (consensual), Adhocracy (entrepreneurial), Hierarchy (bureaucratic), 

and Market (competitive). This study uses the CVF because it provides a meaningful 

post hoc understanding of the impact of the reforms over the past 20 years on 

Chinaôs SOEs, especially compared with POEs. 

According to Ashkanasy and Wilderom (2000), the mixture of administrative 

power and management responsibilities influences, to some extent, the SOE 

tendency towards a hierarchical culture. In contrast, the limited research published to 

date suggests that the culture of POEs can best be characterised as flexible and 

adaptable to the market (Ralston et al. 2006;Shen 2008). Relative to SOEs, private 

firms in China have more flexible organisational policies and structures (Ralston et 

al. 2006;Shen 2008). Based on our pilot study findings, we found that distributors 

are more willingly to do business with POEs and have a better interpersonal or 

interfirm relationship, compared with SOEs. 

Child and Liu (1996) identified five prominent elements of Chinese culture 

that influence individual behaviour: respect for age and authority; group orientation; 

the importance attached to family relationships; close personal connections (Guanxi) 

and ñfaceò (mianzi). The two most critical is the need to establish Guanxi and give 

Mianzi on reciprocal basis when engaging with Chinese nationals whether they are 

employees, managers of firms or government officials (Buckley et al. 2006). In turn, 

this would lead to the formation of trust which more often than not would lead to 

transaction costs savings and reduces business uncertainty (Park and Kline 1993), 

notably this reflects the view in the literature that Guanxi and trust are two separate 

concepts, in this case Guanxi a prerequisite of trust development. Relationship 

building in China through the nurturing of trust can, however, only normally be 
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achieved via long term engagement and ñlocal networkingò (Luo et al. 2002). 

Buckley et al., (2006) emphasizes the central role of trust and the importance of 

cultural awareness that it needs be established at three levels, not only at inter-

partner level, but also at the levels of individual and the government to improve 

chances of organizational success.  

The cultural element cited most frequently is Guanxi (Strange et al. 1997). 

Chinese society is essentially organized as concentric Guanxi circles that extend 

from family to relatives, friends and so on (Yen et al. 2014). Indeed, it is widely 

agreed that interpersonal Guanxi is a distinguished feature of Chinese business and 

plays a more important role in China (Lee and Dawes 2005;Su et al. 2003;Wong and 

Tam 2000). Davies (1995) suggests that it is the lifeblood of the Chinese business 

community and extends to the political arena and society.  

óGuanxiô, which generally means interpersonal relationships, is a valuable 

resource for mutual trust and cooperation between individuals or organiaations and 

plays a more important role in doing business in China than in other countries (Aria 

1998). Furthermore, instead of focusing on resource exchange and activity links at 

the organizational level, that maybe typical in Western contexts, it is likely more 

important to understand the influence of individual actors involved in the business 

relationship and interaction, as these tend to form an intrinsic component for laying 

the relationship foundations in the context of China and allows Guanxi to prosper 

(Barnes et al. 2011).  

Within the context of academic research, Guanxi refers to the social 

connections between or among individuals and/or interactive behaviours based on 

these connections (Chadee and Zhang 2000;Lee and Dawes 2005;Leung et al. 2005). 

Kirkbride et al. (1991) argued that, in a collectivist society, one would be likely to 
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seek mutually satisfying compromise or accommodation if one works on the 

anticipation of a continuing relationship with the other party. Compromising 

represents an intermediate position in terms of both assertiveness and cooperation 

and a situation where both parties satisfy at least some of their concerns. 

Accommodation represents a mix of cooperativeness and unassertiveness and occurs 

when one neglects one's concerns to satisfy the concerns of the other party. 

It is also argued  that Guanxi plays an essential role in business in China 

because of the observed defects in the Chinese legal systems. This makes the 

conduct of business more challenging, such in terms of law enforcement, acting as a 

substitute for legal protections, providing ócontextual confidenceô facilitating an 

atmosphere of mutual trust for doing business (Zhuang et al. 2008;Child and 

Möllering 2003). As such, it is customary that Chinese firms first seek to establish 

Guanxi networks with selected foreign trading partners to build trust and often seek 

assurance of government support in order to ensure problems do not arise with the 

trading partner or to resolve problems, before any effort is made to engage in 

boundary-spanning information sharing or integration (Cai et al. 2010). This 

highlights the influence of Guanxi and trust on conflict resolution. According to 

Buckley, Clegg and Tan (2006, 276) ñGuanxi is an inseparable part of the Chinese 

business environment. It is a fundamental web of interpersonal relations permeating 

Chinese societies.ò Guanxi as a social construct is symbolized by ñhigh self-

disclosure, significant interaction outside work, open sharing of knowledge and 

information, strong emotional attachment, mutual commitment and personal loyaltyò 

(Abosag and Naudé 2014, 887). 

 Guanxi as a concept associated with China is likened to the Western concept 

of relationship marketing and, in fact; do share some fundamental characteristics 
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such as mutual understanding, cooperative behavior and long-term orientation, albeit 

the underlying processes that drive them are quite different. For example, Aria (1998) 

emphasises that relational exchange in the West is motivated by legality and rules, 

while in Eastern cultures such as China it is motivated or driven by morality, social 

norms and obligations. Nevertheless, there is widespread debate and disagreement 

among scholars whether Guanxi is a practice unique to the Chinese, or conceptually 

the same as the Westôs relationship marketing. Gold (2002, 1) captures this 

succinctly:  

ñTo some observers and practitioners, Guanxi is an essential and defining 

element of Chinese culture, handed down relatively unchanged through time 

and space. To others, Guanxi is little more than a Chinese word for the 

personal networks, social capital, and gift economies found in all societies.ò 

 

Guanxi is often thought of as a sort of social capital shared between 

individuals or groupsða network of social relationsðthat encourages them to pool 

resources (Peng and Luo 2000) in which favors and gifts are exchanged (Bourdieu 

and Wacquant 1992). Social capital involves a network of social relations (friends, 

colleagues, clients and more general contacts) through whom come the opportunities 

to transform financial and human capital into profit; it is jointly owned by both 

parties and dissolves should one party choose to withdraw from the relationship 

(Burt 2009). According to Ranfagni and Guercini (2014) interdependence in 

business relations is an essential prerequisite for growth in the Chinese context. 

Reciprocal obligation and mutual assurance are key tenets of Guanxi and are based 

on renqing, a unique concept rooted in traditional Chinese culture.  
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According to Wang (2007, 82) ñGuanxi is cultivated and maintained through 

the exchange of renqing to attain mutual benefitsò. As a result when two parties 

establish positive feelings towards each other, this unsurprisingly, tend to increase 

cooperative behaviour and a willingness to effectively engage with others with 

whom they have developed such an affinity (Barnes et al. 2011). This cooperation 

derived from Guanxi among alliance partners or business-to-business relationships, 

in the Chinese context leads to better business performance (Lenssen et al. 2011) and 

is a necessary, but not sufficient, condition of business collaboration (Fang et al. 

2008). Developing Guanxi with Chinese partners is a complex often times confusing 

process for foreign multinationals and takes a long time to cultivate although, once 

the essence of Guanxi is understood and developed, future negotiations become easy 

and a congenial process for the non-Chinese channel partner (Gong et al. 2013). 

Such cooperative behaviours are likely to lead to positive attitudes towards solving 

future conflicts should they arise. 

ChinaôsðGuanxi and the WestôsðRelationship Marketing, as social 

constructs can also be distinguished using the personal/impersonal dichotomy. 

According to Morgan and Hunt (1994) relationship marketing is typically 

impersonal and operates at the level of the organization. In Western societies, 

relational exchange focuses on impersonal involvement is mainly associated with 

commercial goals of the firm; on the other hand, Guanxi marketing goes beyond 

commercial concerns and includes ganqing (affection), which often takes precedence 

over monetary concerns in social interactions (Wang 2007).  Furthermore, according 

to Wang; ñGuanxi works at a personal level on the basis of friendship and ganqing is 

a measure of the level of emotional commitment and the closeness of the parties 

involvedò (Wang 2007, 82) and reflects the quality of a relationship (Chen et al. 
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2004).. This is supported by Gupta and Bartlett (2007, 1), who point out, ñthe line 

between business and personal relationships is extremely blurredò when conducting 

business in China. Thus the aim should be to enhance business-to-business 

relationships and increase ganqing through social interactions like wining and dining, 

visiting and participating in events, and often leads to better degree of cooperation in 

the relationship (Mavondo and Rodrigo 2001). 

Quality interpersonal relationships often likened to Guanxi is likely to lead to 

higher levels of cooperation when dealing with conflicts and hence reduce the 

competitive approach to conflict (Wong and Tjosvold 2010). It is theorized that high 

levels of Guanxi encourages firms to deal with conflict from a win-win perspective, 

that is to adopt an attitude in conflicting situations of seeking mutually beneficial 

ways of discussing and managing frustrations and reduce reliance on competitive, 

win-lose posturing (Johnson and Johnson 2005;Tjosvold 1998) that may be 

frequently present in the absence of Guanxi (Johnson and Johnson, 2005; Tjosvold, 

1998). For example, in experimental studies it was observed that conflict encourages 

channel partners to express their views directly, listen open-mindedly and accurately 

take on board each otherôs perspective, while on the other hand a competitive 

approach leads to one-sided resolution that lead to fragmentation of relationships 

(Tjosvold 1998;Tjosvold 2008). Furthermore, Zhang and Zhang (2013) observed that 

Chinese people exhibit a strong conflict-avoidance tendency in relational exchanges 

with other people with whom they have good Guanxi. Chinese nationals tend to rely 

on and favour people with whom they have a relationship instead of those with 

whom they do not share a close relationship (Yi -Feng and Tjosvold 2007). This 

emphasizes the importance of recognizing the importance of in-groups and out-
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groups, multinationals personnel typically fall into the latter and thus is critical to 

establish Guanxi in order to reduce the potential for conflict.  

Finally, Chen and Starosta (1997) suggested that the Chinese place a high 

emphasis on particularistic relationships and establish a clear boundary between in-

group and out-group relationships. According to Chang and Holt (1991); Chung 

(1991), and Shenkar and Ronen (1987), particular relationships are potentially 

powerful in persuasion, influence and control, and can be used not only to avoid 

conflicts, but also to resolve them. Those who belong to the network of 

particularistic relationships are in-group members and all others are out-group 

members. The 'we feeling' among in-group members greatly reduces the possibility 

of confrontation or conflict (Chen and Starosta 1997, 7). In other words, the closer 

the Guanxi between manufacturers and distributors, the more likely the conflict will 

be solved. Hence, it is proposed that: 

 

H9: The level of Guanxi (LOG) relates positively to positive conflict resolution 

attitude (PCRA). 

 

Furthermore, given the different industry context and market characteristics 

with SOEs and POEs, the following hypotheses are proposed. 

 

H9A: The level of Guanxi (LOG) between SOEs and distributors relates 

positively to positive conflict resolution attitude (PCRA). 

H9B: The level of Guanxi (LOG) between POEs and distributors relates 

positively to positive conflict resolution attitude (PCRA). 
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 As partly mentioned in section 2.5 and 2.7, it should be noted that the 

constructs of trust and guanxi is different in this thesis. In relationship marketing, 

trust between parties has long been established and held in exchange contexts 

(Anderson and Narus 1990;Crosby et al. 1990;Dwyer et al. 1987;Gambetta 1988) 

and is recognised as an essential ingredient in developing and maintaining successful 

relational exchanges and good customer relationship (Berry & Parasuraman, 1991). 

It is considered as a fundamental building block of a relationship model (Garbarino 

& Johnson, 1999), and is a key factor in determining long-term orientation because it 

fosters the focus on future condition, which reduces the likelihood that the other 

party will act opportunistically (Geyskens & Steemkamp, 1996).  

 Two types of trust are commonly identified: cognition- and affect-based trust 

(Chua et al. 2009;Ng and Chua 2006). According to Chua (Chua et al. 2009, 491) 

ñCognition-based trust involves perceptions that another person has the competency 

and integrity to be trustworthy, while affect-based trust is based on the emotional 

bond and concerns one feels toward the other person ï simply put, trust from the 

head versus trust from the heartò. However, according to Sanchez-Burks and Lee 

(2007), it appears that in China and other collectivist cultures, the 

professional/personal dichotomy of trust is less clear than in the North American 

context. It is argued that although both cognitive and affective bases are more 

intertwined in the Chinese context than in other countries (Chua et al. 2009), without 

a doubt effective bases are far more salient in China (Wasti et al. 2011) and the 

centrality of its role in Chinese firms is widely evident in many firm practices (Song 

et al. 2012).  
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 Trust construct is used in this thesis not only because of the specific type of 

trust we identified but also the relationship we intend to investigate, e.g., the level of 

trust and positive conflict resolution attitude. In dependence relations, trust becomes 

significant because with trust, risking dependence on another party becomes easier to 

bear despite the fact that the other party retains the option of betrayal. Low trust in 

the partner engenders defensive behaviour (Lewicki and Litterer, 1985), which leads 

to the desire to institute high levels of controls (Gibb 1961). According to Andaleeb 

(1995), the greater the trust, the lower the complexity and uncertainty; thus providing 

reasonable assurances that desired goals and outcomes will be achieved, barring 

unforeseen circumstances. 

 It was just in past two decades, a growing research attention was paid to 

Chinese business culture, e.g., guanxi which has been considered as the Chinese 

version of relationship marketing (Ambler, 1994; Davies, Leung, Luk, & Wong, 

1995; Lovett, Simmons, & Kali, 1999). Guan in Chinese means (gate) and xi 

(connection). Guanxi is defined as relationships or social connections based on 

mutual benefits (Yang, 1994). Some authors such as Redding and Ng, (1982); Tong 

and Kee, (1998) have suggested the inclusion of trust as a component of guanxi. This 

is because they believe guanxi or guanxi related terms such as xinyong (or similar 

meaning to trust) do share some basic characteristics such as mutual understanding, 

cooperative behavior and long-term orientation.  

 However, guanxi in this thesis is different from trust. Authors such as Lee 

and Dawes, (2005); Wang (2007) believe that trust is not a component of guanxi but 

an outcome of guanxi because they have quite different underlying mechanisms, 

which is consistent with the work of a majority of the authors in relationship 

marketing literature. For example, trust, which plays a key role in relationship 
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marketing, does not have the construct equivalence with xinyong in the Chinese 

culture and has limited impact on the development and maintenance of guanxi. 

Instead, what guides relational exchange behaviors in guanxi are reciprocal 

obligation and mutual assurance, which are based on renqing (emotional responses), 

a unique concept rooted in traditional Chinese culture (Wang, 2007). In addition, 

guiding principles of a relational exchange in most Western cultures are driven by 

legality and rules, whereas guiding principles of relational behaviors in guanxi are 

driven more by morality and social norms (Arias, 1998). 

 Developing networks of mutual dependence and creating a sense of 

obligation and indebtedness are keys in building up guanxi (Yang, 1994). As such, 

some researchers argue that in a guanxi network, assurance, rather than trust, appears 

to be more critical in the relationship (Standifird & Marshall, 2000; Yamagishi & 

Yamagishi, 1994). Assurance, according to Yamagishi and Yamagishi (1994), is an 

expectation of partnersô benign behavior based on the incentive structure 

surrounding the relationship rather than partnersô personal traits and intention. In 

addition, according to Wang (2007, 82) ñGuanxi is cultivated and maintained 

through the exchange of renqing (emotional responses) to attain mutual benefitsò. 

Therefore, trust and guanxi can be viewed as two different constructs to examine the 

relationship between level of trust and positive conflict resolution attitude; level of 

guanxi and positive conflict resolution attitude; 

 

2.8. Conclusion 

Chapter Two outlines the content in each section of this chapter. It focuses on 

the key and relevant literature in relation to the concept of power in distribution 

channels. It aims to distinguish between key contributions and marginal 
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contributions, to understand what the key papers contribute, and to identify why they 

are relevant to the research topic. In order to form a more integrated power 

relationship framework, a new model is proposed; Extended Power-Relationship 

Framework between Manufacturers and Distributors (see Figure 2.3). This 

introduces and integrates positive conflict resolution attitude, trust, communication 

and business culture (e.g., Guanxi), which collectively drive joint problem solving 

attitude, together with the traditional power framework that influence manufacturer-

distributor satisfaction and the level of conflict. See Table 2.1 below for a summary 

of this studyôs main hypotheses.   

 

 
  

H1 

 

 

H1A 

 

 

     H1B 

There is an inverse relationship between the use of coercive power (CP) 

and satisfaction (SAT). 

 

There is an inverse relationship between SOEsô use of coercive power 

(CP) and distributorsô satisfaction (SAT) on SOEs. 

 

There is an inverse relationship between POEsô use of coercive power 

(CP) and distributorsô satisfaction (SAT) on POEs. 

 

 

H2 

 

 

H2A 

 

 

H2B 

 

 

There is a positive relationship between the use of non-coercive power 

(NCP)  

and satisfaction (SAT). 

 

There is a positive relationship between SOEsô use of non-coercive 

power (NCP) and distributorsô satisfaction (SAT) on SOEs. 

 

There is a positive relationship between POEsô use of non-coercive 

power (NCP) and distributorsô satisfaction (SAT) on POEs. 

 

H3 

 

 

H3A 

 

 

H3B 

There is a positive relationship between the use of coercive power (CP) 

and 

level of conflict (LOCF). 

 

There is a positive relationship between SOEsô use of coercive power 

(CP) and level of conflict (LOCF) between SOEs and distributors. 

 

Table 2.1 Summary of Main Hypotheses in PhD Thesis Hypotheses Specifics 
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There is a positive relationship between POEsô use of coercive power 

(CP) and level of conflict (LOCF) between POEs and distributors. 

 

H4 

 

 

H4A 

 

 

H4B 

There is a negative relationship between the use of non-coercive power 

(NCP) and level of conflict (LOCF). 

 

There is a negative relationship between SOEsô use of non-coercive 

power (NCP) and level of conflict (LOCF) between SOEs and 

distributors 

 

There is a negative relationship between POEsô use of non-coercive 

power (NCP) and level of conflict (LOCF) between POEs and 

distributors 

 

H5 

 

 

H5A 

 

 

H5B 

The level of conflict (LOCF) in the channel is negatively related to 

satisfaction (SAT). 

 

The level of conflict (LOCF) between SOE and distributors in the 

channel is negatively related to distributorsô satisfaction (SAT) on 

SOEs. 

 

The level of conflict (LOCF) between POE and distributors in the 

channel is negatively related to distributorsô satisfaction (SAT) on 

POEs.  

 

 

H6 

 

 

H6A 

 

 

H6B 

The level of positive conflict resolution attitude (PCRA) relates 

negatively to level of conflict (LOCF) in channel. 

 

Positive Conflict Resolution Attitude (PCRA) between SOE 

manufacturers and distributors relates negatively to the level of conflict 

(LOCF) in the channel. 

 

Positive Conflict Resolution Attitude (PCRA) between POE 

manufacturers and distributors relates negatively to the level of conflict 

(LOCF) in the channel. 

 

H7 

 

 

H7A 

 

 

H7B 

The level of trust (LOT) relates positively to positive conflict resolution 

attitude (PCRA). 

 

The level of trust (LOT) between SOE and distributors relates positively 

to positive conflict resolution attitude (PCRA). 

 

The level of trust (LOT) between POE and distributors relates positively 

to positive conflict resolution attitude (PCRA). 

 

H8 

 

 

The frequency of communication (FOCM) is positively related to 

positive conflict resolution attitude (PCRA). 
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H8A 

 

 

H8B 

The frequency of communication (FOCM) between SOEs and 

distributors is positively related to positive conflict resolution attitude 

(PCRA). 

 

The frequency of communication (FOCM) between POEs and 

distributors is positively related to positive conflict resolution attitude 

(PCRA). 

 

H9 

 

 

H9A 

 

 

H9B 

 

 

The level of Guanxi (LOG) relates positively to positive conflict 

resolution 

attitude (PCRA). 

 

The level of Guanxi (LOG) between SOEs and distributors relates 

positively to positive conflict resolution attitude (PCRA). 

 

The level of Guanxi (LOG) between POEs and distributors relates 

positively to positive conflict resolution attitude (PCRA). 
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CHAPTER 3. RESEARCH METHODOLOGY  

 

3.1. Introduction 

This chapter presents the philosophy of research underpinning method 

choices, as well as its influence on this research. Then various alternative methods 

are explored: quantitative and qualitative research is compared, before setting on the 

first and considering various types of research design. A step-by-step description of 

this research design is introduced. A discussion of the reliability, validity and 

generalisability of the survey method is presented.  

 

3.2. Philosophy of Research 

A philosophy of research underpins the choices and decisions that must be 

made in staking out a research position. The research position will then have 

implications regarding what, how and why research is conducted. Methodological 

choices illustrate the logic used to draw meaning from information and data in order 

to enable readers to inspect and evaluate the research (Carson et al. 2001). A series 

of methodological choices about what information and data to gather; how to analyse 

the information and data that we gather; and other methodological choices such as 

quantitative vs. qualitative (deduction vs. induction) are discussed.  

When engaging in research, academics adhere typically to a worldview about 

the nature of knowledge and what is reality based on their own philosophical 

orientation and by linking with research endeavour. This provides insight and, in 

turn, a foundation for their theoretical frameworks (Cohen and Manion 2007).  
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3.2.1. Ontology and epistemology 

Epistemological and methodological choices stem from the ontological 

worldview adopted by the researcher. All theoretical frameworks developed by 

researchers are typically based on their ontological and epistemological positions, 

which implicitly or explicitly guide decisions made in the development and conduct 

of their work. No matter whether their ontological and epistemological positions are 

acknowledged, they shape the approach to theory and the methods which the social 

scientist utilises. Specifically, these involve the researcherôs belief in the nature of 

reality and humanity (ontology) and the theory of knowledge that informs the 

research (epistemology) which in turn, guides how the subject of interest or related 

knowledge may be acquired (methodology) and the specific tools (method) that 

would be appropriate to meaningfully arrive at desired incomes (Bryman and Bell 

2011;Cohen and Manion 2007).  

Ontological and epistemological positions are related but need to be 

separated. Crudely put, oneôs ontological position affects, but far from determines, 

oneôs epistemological position. Ontological questions are prior because they deal 

with the very nature of óbeingô (or existence) (Marsh and Furlong 2002). The key 

question is whether there is a órealô world óout thereô that is independent of our 

knowledge of it. If an ontological position reflects the researcherôs view of the nature 

of the world, their epistemological position reflects their view of what we can know 

about the world and how we can know it; Literally, an epistemology is a theory of 

knowledge, which focuses on identifying órealô or óobjectiveô relations between 

social phenomena. The ontology informs the methodology about the nature of reality 

and what social science is supposed to study and the epistemology informs the 

methodology about the nature of knowledge, these inform the methodology (the 
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research design) that is to be employed by the researcher. How research is conducted 

and constructed? 

There are typically two broad and contrasting positions adopted in social 

science research related to oneôs ontological position ( the nature of reality)ð

objectivism and constructivism. According to Neuman (2009) objectivism presumes 

that there is an independent reality while constructivism presumes that that reality is 

the product of social processes or interactions between individuals. Related to these 

the research positions of objectivism and constructivism are the philosophical 

concepts of positivism and interpretivism, respectively. According to Bassey (1995) 

researchers who adopt a positivist orientation view reality as being óout thereô in the 

world and is typically discovered using conventional scientific methodologies. 

Positivist researchers are separate or detached from the researched and believe a 

distinct truth exists whereby quantitative methodologies can be employed to find the 

truth (Cohen and Manion 2007;Bassey 1995). Alternatively, researchers who adopt 

an interpretivist orientation views reality as a human construct (Mutch 2005), reality 

is socially constructed by the individual, the researcher and researched are connected 

and there exists multiple realities (Lincoln and Guba 1985). Qualitative 

methodologies are employed by interpretivist to investigate, interpret, describe social 

realities (Bassey 1995;Cohen and Manion 2007).  

 

3.2.2. The Authorôs Ontological and Epistemological Stance 

This researcherôs position about ontology and epistemology and the 

philosophical position adopted within the PhD thesis is a positivist one. The author 

believes that reality is objectively determined rather than socially constructed. In 

ontological terms, reality and/or the existence of objective truth is out there which 
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was external to agents. Thus, ontologically, the author believes that social realities 

are constructed through expressing or dealing with empirical facts or conditions as 

perceived without distortion by personal feelings, prejudices, or interpretations or 

thoughts; they are governed by laws of cause and effect; patterns of social reality are 

stable and knowledge of them is supplementary (Neuman 2009). The positivist view 

is that the goal of science is to develop the most objective methods possible to get 

the closest approximation of reality (Cohen and Manion 2007).  

From an epistemological perspective, this author believes that the search for 

external causes and fundamental laws to explain actors' behaviour reveals reality; 

that is, truth is governed by laws of cause and effect and underpins my positivist 

philosophy (Cohen and Manion 2007). Thus, the emphasis in this thesis is on 

measuring variables and testing hypotheses that are linked to general causal 

explanations (Sarantakos 2012). And hence data collection techniques consistent 

with a positivist philosophy focus on gathering hard data in the form of numbers to 

enable evidence to be presented in quantitative form (Neuman 2009;Sarantakos 

2012), as in this thesis. This is in contrast to interpretivist researchers who tend to 

focus more on understanding and explaining how research participants construct and 

evaluate their different experiences (Creswell 1994), qualitatively based on written 

narratives (Neuman 2009;Sarantakos 2012). It is this authorôs view that when 

conducting research, the researcher should remain distant and independent of that 

being researched. Thus, in surveys and experiments, bias is controlled, a systematic 

sample is selected and the researcher tends to be objective in assessing a situation. 

David Hume argued that knowledge starts from our senses and thus on the 

basis of such direct experience we could develop generalisations about the 

relationships between physical phenomena. The aim was to develop causal 
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statements that specified that, under a given set of conditions, there would be regular 

and predictable outcomes (Marsh and Furlong 2002). The emphasis was on the 

explanation and identifying the causes of social behaviour. In methodological terms, 

the scientific tradition was greatly influenced by logical positivism that posited a 

very straightforward characterisation of the form of scientific investigation. Hollis 

and Smith (1991, 50) suggest the purpose of scientific enquiry is to:  

 

ñDetect the regularities in nature, propose a generalisation, deduce what it 

implies for the next case and observe whether the prediction succeeds. If it 

does, no consequent action is needed; if it does not, then either discards the 

generalisation or amends it and tests the fresh predictions.ò 

 

In contrast, interpretivist believes that the world is socially constructed. They 

focus on the meaning of behaviour. The emphasis is on understanding, rather than 

explanation as such, in the interpretivist tradition it is not possible to establish causal 

relationships between phenomena that hold across time and space (Carson et al. 

2001). Alternatively, positivists focus is on causal relationships and prefers 

quantitative analysis in order to produce óobjectiveô and generalizable findings 

(Marsh and Furlong 2002). Researchers that assume an interpretivist philosophy are 

concerned with understanding, not explanation, focuses on the meaning that an 

action have for agents, tends to use qualitative evidence (e.gs. observation, 

interviewing, case studies) and offers their results as one interpretation of the 

relationship between the social phenomena studied (Marsh and Furlong 2002). Since 

from an interpretivist perspective meaning is embedded in the participantsô 
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experiences and is mediated through the researcherôs perceptions (Merriam 1998), 

the goal being to attain an insiderôs view of the individual or group under study. 

 

3.2.3. Methodological Implications of the Adopted Philosophical Choice 

Within science, research paradigms represent a researcher's perception of 

what ought to be done, and how it ought to be done (Gummesson 2005). Thus, the 

researcher's philosophical choice has several implications in terms of the perspective 

and approach to how research is done, how the problem is conceptualised, and how 

data is gathered and analysed (Carson et al. 2001). An understanding of social 

theory, along with awareness of particular contexts' demand, is used to first examine 

the panoply of methods available to draw on and then, secondly, to decide which are 

relevant to the focal study (Kincheloe 2001). Table 3.1, below summarises 

differences between positivists and interpretivistôs worldviews that affect broad 

methodological emphases and choices. 

 

Table 3.1 Philosophical Choice's Impact on Methodology 

Methodological emphases and 

choices 

Positivist Interpretivist  

Role of prior theory Used in initial stage to arrive at 

hypotheses or research questions 

Used at various points, namely in 

gaining pre-understanding, defining the 

research questions and how to tackle 

them, developing preliminary 

frameworks, and in comparing results 

to the literature 

Theory testing vs. theory building Emphasis on theory testing Emphasis on theory building 

Deductive vs. inductive Deduction  Mix of deduction and induction 

Structured vs. unstructured 

research 

Predominantly structured  Predominantly semi-structured or 

structured 

Role of the researcher Detached observer Part of the research instrument 
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Source: Carson et al., (2001) and Gummesson (2005) 

 

As emphasised in Section 3.2.2., this author has adopted a positivist 

philosophy as discussed and the differences between positivism and interpretivism 

depicted in the above table. Choosing a positivist philosophy is in accordance with 

the study's goals of theory testing that has methodological implications. Directly 

related to the ontological and epistemological positions examined above and the 

authors adoption of a positivist philosophy rather than an interpretivist philosophy 

are two schools of thought, namely quantitative methodology (research) and 

qualitative methodology (research) which inform the data collection methods 

employed.  

 

3.3. Quantitative Focus of the Study 

Choosing to effect a quantitative investigation instead of a qualitative one is 

the subject of this subsection. Quantitative research presupposes that reality is 

normative, and that the universe is organised in such a way that there are social facts 

with an objective reality apart from the beliefs of individuals, while qualitative 

research is interpretive and presupposes that beliefs centre on the idea that we can 

explore, glimpse, shed light on and interpret parts of reality, that reality is socially 

constructed through individual or collective definitions of the situation (Bryman and 

Bell 2011;Cohen and Manion 2007). 

 The quantitative approach to this study seeks to explain the causes of changes 

in social facts of a range of power related variables, primarily through objective 

measurement and quantitative analyses. The quantitative methodology adopted in 

this thesis focused on quantifying social phenomena and analysed numerical data, 
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and focused on the links among a smaller number of attributes across many cases or 

research participant, in the case of this study senior management of distributor firm 

in the Chinese Iron and Steel Industry. Creswell (2013) provided a very concise 

definition of quantitative research as a type of research that explains phenomena by 

collecting numerical data that are analysed using mathematically based methods.  

Quantitative research frequently involves the study of meanings in the form 

of attitude scales (such as Likert scale technique and other techniques); whereas 

qualitative researchers often want to interpret people's behaviour in terms of norms, 

values and culture of the group or community in question. However, both 

quantitative and qualitative researchers are typically interested in both what people 

do and what they think but go about the investigation of these areas in different 

ways. A further the related point is that the suggestion that theory and concepts are 

developed prior to undertaking a study in quantitative research. It reflects a tendency 

to characterise quantitative research as driven by a theory-testing approach.  

 The point is not to argue whether one research methodology, that is, either 

quantitative or qualitative research is better or worse than the other, since it has been 

well established that both are useful in most research endeavours (Cohen and 

Manion 2007;Silverman 2011), what is critical is the selection of the appropriate 

research methodology for the inquiry at hand. Furthermore, Neuman (2009) 

emphasised that there is no single, absolutely correct methodology to social science 

research but rather the methodologies simply represent different ways of looking at 

the world ï ways to observe, measure and understand social reality.  

 There are various types of quantitative research utilized by researchers, 

however, there are four common types that could be categorised as 1) survey 

research, 2) correlational research, 3) experimental research and 4) causal-
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comparative research (Creswell 2013;Neuman 2009) each of which have their own 

typical characteristics. For example, survey research which has been employed in 

this thesis involved scientific sampling and questionnaire design to measure 

characteristics of the population with statistical precision, more specifically, 

distributorsô viewpoints on their relationships with manufacturers (SOEs and POEs) 

on various characteristics. The aim of this survey approach was to provide answers 

to such questions as "How many people feel a certain way?" and "How often do they 

do a certain behaviour?" since survey research enables management to make 

comparisons between groups and provides estimates from a sample that can be 

related to the entire population with a degree of certainty (Creswell 2013). A 

compilation of the advantages of utilising a quantitative methodology (research) and 

by extension surveys (Neuman 2009;Creswell 2013) is presented below (see table 

3.2):   

 

 

 

 

1. 
Provides estimates of populations at large.  

2. 
Indicates the extensiveness of attitudes held by people.  

3. 
Provides results which can be condensed to statistics.  

4. 
Allows for statistical comparison between various groups.  

5. 
Has precision, is definitive and standardized.  

6. 
Measures level of occurrence, actions, trends, etc.  

7. 
Can answer such questions as "How many?" and "How often?"  

 

Table 3.2 Advantages of Quantitative Research 
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3.4. Research Design 

This study adopted a three-phase research design with data collected on three 

separate occasions from an assortment of distributors in the Chinese Iron and Steel 

Industry to solicit managerial viewpoints on the nature of their relationship with 

manufacturersðboth state-owned enterprises (SOEs) and private-owned enterprises. 

Both phase I and II , were pilot phases of this thesis intended to inform the later 

conducted phase III  full -scale data collection element of this PhD work.   

Phase  I of the study consisted of exploratory work whereby the author 

developed a quantitative instrumentðquestionnaire which reflected items from 

traditional power relationships frameworks inclusive of the theoretical concepts of 

coercive power (CP), non-coercive power (NCP) and satisfaction (SAT). The work 

was considered exploratory since there has been no previously in-depth work done, 

particularly in the Iron and Steel Industry in a developing country context such as 

China. In phase  I data was collected from approximately 14 managerial staff of 

various distributors from Ningxia, YinChuan City, China, and this phase allowed the 

author to explore potential hypotheses and get some insight into the application of 

the traditional power relationship framework in the Chinese context.  

Phase II  of the study again consisted of exploratory work whereby the author 

developed a quantitative instrumentðquestionnaire with new power relationship 

variables not traditionally included in power relationship frameworks applied to 

channel relationships such as that with buyers-sellers. The author adopted a 

contemporary approach to integrate more market and relational oriented theoretical 

variables such as level of trust (LOT), frequency of communication (FOCM) and 

level of Guanxi (LOG), Guanxi being a concept said to be unique to the Chinese 

context, in order to explore the potential impact and relevance of these variables on 
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outcomes such as positive conflict resolution attitude (PCRA) and level of conflict 

(LOCF). Data for phase II  was again collected from the managerial staff of the 

various distributors who participated in phase  I of the study.   

Phase III  of the study involved a fully developed survey instrument which 

consisted of question items that reflected theoretical variables both from traditional 

power relationships frameworks and the more contemporary power relationship 

variables suggested by the author as essential to understanding modern buyer-seller 

relationships, at least, in the context of the Iron and Steel Industry in China. This 

phase involved a much larger sample and allowed the author not only to test the 

much broader and enhanced power relationship framework proposed by the author 

and to explore nature and influence of various relationships in the new model. 

Furthermore, beyond testing a range of hypotheses to be presented later on, it 

allowed the researcher the opportunity to examine differences that potentially exist 

in power relationships between the distributors with both SOEs and POEs that co-

exist in Iron and Steel Industry, as such additional hypotheses were developed to be 

tested in this regard.  

 

3.4.1. Preliminary Research and Instrument Conversion 

A preliminary investigation was conducted in three stages. The first stage 

consisted in refining the English version of the survey instrument and cover letter. 

The initial survey format was developed based on pre-existing measures developed 

for and used in relevant power-relationship literature. Iterative refinement of the 

survey questions indicated the necessity to reduce the number of items of the scales 

to minimise translation and cross-cultural misinterpretation. Next, the survey 

instrument was translated and back-translated into Chinese by two independent 
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translators by accepted standards (Brislin and Baumgardner 1971) (Sperber et al. 

1994). The third stage involved a review of the instrument by a regional Chinese 

Iron and Steel Association secretary in NingXia, China. This contact was sent a copy 

of the survey questionnaire via email with a cover letter asking the individual to 

review the questions for language nuances, unclear items and suggest changes. The 

contact suggested some linguistic changes to be made and these were subsequently 

incorporated into the final version of the instrument for both phases one and two, 

these were later combined to produce the full questionnaire utilised in phase three of 

this study and allowed the author to test proposed hypotheses. 

 

3.4.2. Data Collection 

After developing the preliminary questionnaire for each phase I and II , pilot 

studies were conducted in the Chinese Iron and Steel market. Each of these phases 

involved the completion of the questionnaire in-person after which participants were 

each debriefed. The sample for both phases 1 and 2 consisted of approximately 14 

managers from various distributors in Ningxia, YinChuan City, China. During the 

debriefing for each phase, this author, who also collected the data took the 

opportunity to garner additional feedback from each respondent and was able to get 

some in-depth responses to specific questions which provided meaningful and more 

in-depth insight into the power relations among SOEs, POEs, and distributors in the 

Chinese Iron and Steel Industry. No problems were experienced in these early two 

phases of data collection for this PhD thesis. Subsequently, the final draft of the 

questionnaire was developed for phase III of this PhD.  

Phase IIIðthe main study, a sample of 86 distribution sales managers in the 

industry was selected from the database of NingXia Iron and Steel Association. Out 
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of 86 surveys given to the respondents on the site, 82 questionnaires were received. 

A further eight surveys were removed due to incomplete data, which left 74 

complete and usable data providing a response rate of approximately 86 percent. The 

primary reason led to this high response rate was a result of close personal 

relationship (e.g., a close family relative) and past working experience with the 

chairman of Yinchuanôs Iron and Steel Association. With the help and support of the 

chairman, questionnaires were disseminated to numerous individual firms based on 

his personal networks and hence, high response rate was achieved. 

Therefore, a total sample size of 74 was employed in this study which 

included the 14 surveys conducted with the same respondent managers in both phase 

I, and II .Overall, 148 completed questionnaires were collected, these represent the 

views of 74 respondents, who responded for both state-owned enterprises (SOEs) 

and private-owned enterprises (POEs) in the Chinese Iron and Steel Industry. It 

should be noted that the 74 respondents who responded for the manufacturers are 

mainly related to 2 state-owned enterprises (SOEs) and 2 private-owned enterprises 

(POEs) in the Chinese Iron and Steel Industry. The 2 SOEs refer to Baotou Iron and 

Steel Group in inner Mongolia; Long Iron and Steel Group in Shanxi province; The 

2 POEs refer to NingXia Iron and Steel Group and, ZhongYang Iron and Steel 

Group. To be noted here that respondents are all from the Iron and Steel market in 

NingXia. They were asked not only to answer the questionnaires in one province, but 

also in other provinces around NingXia. In other words, the respondents related their 

answers to other manufacturers, and hence, the results may have possible 

generalisability to other SOEs and POEs in different parts of Chinese Iron and Steel 

Industry. 
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3.5. Measures in the Study 

3.5.1. Measures of Power 

This study in the steel distribution channel focuses on three main areas: (1) It 

studies the manufacturersô (both SOEs and POEs) use of power on distributors from 

distributorôs perspective; (2) It investigates the manufacturers' use of power and 

outcomes; (3) It examines the relationships between conflict resolution attitude and 

its drivers (e.g., trust communication and Guanxi). Thus, a full questionnaire was 

designed for phase 3 of this research study and consisted of ten sections in 

accordance with the research aims and covered all the theoretical concepts, both 

traditional and contemporary power relationship variables that this author deemed 

relevant to manufacturer-distributor channel relationships in the Chinese Iron and 

Steel Industry. 

The manufacturer's ability to get the distributor to do what he would not have 

done otherwise was measured by the perceptions reported by the distributors. There 

is considerable support for a perception-based interpretation of power ((Raven, 

1965). 

 

3.5.1.1. Measures of Non-coercive power  

Manufacturers can use various kind of power available to them to influence 

distributors' decisions or behaviours. The items used to measure manufacturers' 

power are partly adapted from Gaski and Nevin (1985) and Hunt and Nevin (1974). 

Power sources were classified as coercive (punishments) and non-coercive (rewards) 

according to the now-familiar Hunt-Nevin framework. This expression was believed 

to be compatible with the French and Raven definition of power sources as the 

perception of the ability to mediate rewards and punishments. 



92 
 

In an empirical case, non-coercive sources of power can be distinguished 

from coercive sources of power in that they involve a willingness on the part of one 

individual or group to yield power to another. In the manufacturer-distributor 

channel, manufacturers provide distributors with several types of incentives and/or 

assistances designed to influence distributor behaviour. By providing incentives 

and/or assistances to distributors, they establish the manufacturer as an expert in the 

eyes of the distributor; they legitimize the manufacturer's efforts to gain power; and 

they help to get the distributor to yield power willingly to the manufacturer. A 

manufacturerôs incentives and assistances are used as measures of non-coercive 

sources of power in this study are partly adapted from Hunt and Nevin (1974): (1) 

trade discount (Gaski and Nevin 1985;Lusch and Brown 1982); (2) pricing forecast 

assistance (Gaski and Nevin 1985;Hunt and Nevin 1974); (3) advertising assistance 

(Hunt and Nevin 1974); (4) field investigator (Hunt and Nevin 1974); (5) delivery 

services; (6) pick-up of returned steel products, e.g., product warranty (Lusch and 

Brown 1982). Each distributor indicates the degree of each of the incentives and 

assistances provided by itself or his manufacturer on a rating scale ranging from one 

to five. The distributor's incentives and/or assistances ratings for his manufacturer's 

assistances were used as empirical measures of these non-coercive sources of power 

with large numbers indicating high incentive and assistance manufacturer provide. 

 

 3.5.1.2. Measures of Coercive Power 

In an empirical sense, coercive sources of power can be differentiated from 

the non-coercive sources of power in that they involve potential punishment. A 

manufacturer has coercive power over a distributor when the distributor anticipates 

possible punishment if he fails to yield to manufacturer's influence attempt. There 
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are various coercive sources of power that a manufacturer can use to get a distributor 

begrudgingly (rather than willingly) to yield power. A manufacturer's coercive 

sources of power are frequently built into the manufacturer-distributor relationship 

during the negotiation phase that precedes the granting of an authorization to a 

potential distributor. A manufacturer's coercive sources of power will normally be 

carried out if a distributor doesnôt comply with the method of payment or contract 

requirement The items used to measure coercive power are partly adapted from Hunt 

and Nevin (1974); Lusch (1976). Six measures attempt to identify potential coercive 

sources of power include: (1) delivery delay (Lusch and Brown 1982); (Gaski and 

Nevin 1985); (2) charging of higher prices; (Gaski and Nevin 1985); (3) refusal to 

sell (Hunt and Nevin 1974); (Gaski and Nevin 1985); (4) take legal actions; (Gaski 

and Nevin 1985); (5) cancel or refusal to renew  contract (Hunt and Nevin 1974); 

(Lusch and Brown 1982); (6) make things difficult for distributors. 

 

3.5.2. Measures of Conflict  

According to Stern and El-Ansary (1977, p. 283), Channel conflict is a 

situation in which one channel member perceives another channel member to be 

engaged in behaviour that is preventing or impeding him from achieving his goals. 

Channel conflict is a situation in which one channel Manufacturer-distributor 

conflict may frequently arise in seven areas: (1) price; (2) personality; (3) incentives; 

(4) product delay; (5) payment terms; (6) pricing forecast. Each manufacturer or 

distributor indicates the degree to which he agree/disagree on each of the conflict 

areas. These items used to measure conflict are partly adapted from Gaski and Nevin 

(1985). 

 



94 
 

3.5.3. Measures of Satisfaction  

In our study, a manufacturer- distributor satisfaction is built into four areas 

include: (1) satisfaction with products and services; (2) support from manufacturers; 

(3) satisfaction with their relationships; (4) overall satisfaction from manufacturers 

and distributor. These items used to measure satisfaction are partly adapted from 

Gaski and Nevin (1985). 

 

3.5.4. Measures of Conflict Resolution Attitude  

The Rahim Organizational Conflict Inventory (ROCI-II) (Rahim 1983;Rahim 

and Magner 1995) is used to measure the disputantsô management techniques. The 

items used to measure conflict resolution capabilities include (1) we try to 

investigate an issue jointly with our distributors to find a solution acceptable to us; 

(2) we collaborate jointly with our distributors to come up with procedures 

acceptable to us after we identify an issue; (3) we try to work jointly with our 

distributors for a proper understanding of a problem after we identify an issue. 

The above are consistent with the cooperative approach to conflict, adopted 

in this study. The cooperative approach to conflict involves interactions that 

communicate the intention to seek a mutually beneficial solution; a competitive 

approach indicates that protagonists are trying to win (Deutsch, 1973). 

 

3.5.5. Measures of Communication  

The items used to measure communication partly adapted from Greenbaum, 

Holden and Spataro (1983) Schuler (1979), Schuler and Blank (1976). These include 

(1) we make phone calls to our distributors only when there is a problem.; (2) we 

make regular phone calls to keep relationships with our distributors; (3) our 
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distributors provide a great deal of information to us when there is a problem; (4) 

information is quickly and openly exchanged between ourselves to overcome 

problems whenever they arise; (5) our distributors come back to us (SOEs) with 

views and recommendations after we identify an issue 

 

3.5.6. Measures of Trust  

Schurr and Ozanneôs (1985) and Sullivan et al.ôs (1981) studies are partly 

used to measure the level of trust. The items used to measure trust include (1) we 

have given special concessions  to us in the past when they were in difficulties; (2) 

we feel the manufacturer has been on our side during crisis;  

 

3.5.7. Measures of Business Culture (e.g., Guanxi) 

The items used to measure business culture and Guanxi are partly adapted 

from Ambler et al., (1999); Wang (2007); Yang (1994) Leung et al. (1995); Leung et 

al. (2008). These include (1) we exchange gifts with our distributors; (2) we do 

personal favours for each otherôs; (3) we banquet with distributors' managers; (4) 

overall, having good Guanxi with our distributors help. According to Lee et al. (2001) 

the term ñGuanxiò is a behavioural outgrowth of Chinaôs cultural values which 

involves the granting of preferential treatment to oneôs business partners with the 

expectation of an exchange for favors and obligations. Throughout the study, the 

term Guanxi will be used synonymously with Business Culture.  

 

3.6. Validity 

Authors refer to a variety of types of óvalidityô (Sykes 1990), but most 

commonly discuss internal and external validity. External validity refers to whether a 
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studyôs conclusions can be generalised to a larger, different context, and if so, how 

far. External validity is also called ógeneralisabilityô, and is concerned with whether 

the results can be generalizable beyond the specific context (Bryman 2012).  Internal 

validity is achieved when a study has a truth value when the findings are credible 

and make sense, and when an authentic portrait of the phenomenon under study is 

produced (Miles and Huberman 1984). Furthermore, Bryman (2012) emphasises that 

internal validity is most related to causality and whether a conclusion that involves a 

causal relationship between two or more variables hold water. 

Validity regards the researcherôs ontological and conceptual clarity, whether 

the researcher is measuring or explaining what he or she claims to be measuring or 

explaining, and whether this translates into a relevant and meaningful epistemology. 

Method and analysis validity should be demonstrated in at least two ways: the 

validity of data generation methods, and the validity of interpretation (Mason 2002). 

Data generation validity regards whether the logic of the chosen method 

corresponds to the types of research questions pursued, and the kind of social 

explanation developed. This involves reliability as well as researchers reflect on the 

quality of their methods concerning the research questions, as well as whether they 

produce data relevant to constructing explanations. The researcher should explain 

how he or she came to the conclusion that the chosen methods were valid, as 

opposed to demonstrating validity through some of the more specific traditionally 

recommended methods (Mason 2002). 

Validity of data generation methods was sought in additional ways. Construct 

validity was secured both through the use of multiple sources of evidence (data 

triangulation), and through collecting the viewpoints of several respondents within 

the group. Content validity was sought through pre-testing interview questions on 
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colleagues and acquaintances (outside of academia), to see whether the 

terms/questions used were easy to understand, and efforts were made to use language 

that was both clear and unambiguous, so as to minimise confusion between the 

information sought and the information received through interviews. Finally, 

contextual validity was sought through recording interviews with respondents on 

tape, given subsequent transcription. 

A key concept in measurement is construct validity, which examines the 

extent to which a measurement instrument assesses the construct it is purported to 

assess. According to Peter (1981, 134) ña measure is construct valid (1) to the degree 

that it assesses the magnitude and direction of a representative sample of the 

characteristics of the construct and (2) to the degree that the measure is not 

contaminated with elements from the domain of other constructs or error.ò However, 

it is emphasised that it cannot be directly measured but only inferred. More 

specifically, a measure is inferred to be construct valid ñif the measure's scores 

(variance) perform as substantive (and psychometric) theory postulates they should 

performò (Peter 1981, 134). 

The construct validity of the reward and coercive power source measures is 

supported by (1) strong face validity and (2) the process whereby the measures were 

developed, which included a thorough scanning of measures appearing in the 

channel literature and consultation with manufacturer and distributor personnel to 

tailor the final set of items to be meaningful to the subjects. Specifically, the items 

appearing in most prominent sources in the literature (Gaski and Nevin 1985;Hunt 

and Nevin 1974;Lusch 1976) provided the initial inventory, which was modified by 

additions and deletions suggested by relevant management. The emergent listing was 

ratified via discussion with selected distributors. This procedure should ensure a 
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good representation of the domain of manufacturer rewards and punishments, and, 

therefore, content validity. The same argument applies to justification of the 

exercised power source measures. The content validity of the distributor-attribution 

power measure was established by a literature scan along with channel participant 

input to ensure good sampling of the domain of the construct 

 

3.7. Reliability 

3.7.1. Introduction 

Internal consistency is the degree to which the items that make up the scale 

are all measuring the same underlying attribute (i.e. the extent to which the items 

óhang togetherô). More specifically, according to Rossi, Wright and Anderson et al. 

(2013, 73) ñReliability refers to the extent to which the variance of an observed x is 

due to random sources or to noise.ò Internal consistency can be measured in some 

ways. The most commonly used statistic is Cronbachôs coefficient alpha. This 

statistic provides an indication of the average correlation among all of the items that 

make up this scale, with values ranging from 0 to 1, with higher values indicating 

greater reliability (Pallant 2013). For example, see coefficient alpha values in the 

table below (Table M) which includes the scale reliability for the original items 

before conducting an EFA. Although these values are not large, they are fairly 

adequate given the small number of variables used to construct each factor and the 

basic research nature of the study. Nevertheless, the author would refine the scale 

further and dropped non-contributing items to improve scale reliability after 

exploratory factor analyses are conducted.  

Perhaps the coefficient alphas could have been improved if the power ratings 

had been weighted by franchises, reported importance weights because obviously not 
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all 15 decision variables are equally important in the dealer's business. 

Unfortunately, at the time the study was designed this possibility was not considered 

(Lusch and Brown 1982). Reliability or the accuracy of research methods and 

techniques has been traditionally associated with replicability and standardisation. 

This assumes that methods of data generation can be thought of as instruments, and 

can be standardised, objective and unbiased.  

 

3.7.2. Examination of Scale Reliability of Original Items before conducting 

Exploratory Factor Analysis (EFA) 

When utilising a multidimensional scale in a study, it is important to use 

scales that are reliable. There are some different aspects to reliability. One of the 

main concerns of researchers should be the scale's internal consistency. Internal 

consistency refers to the degree to which the items that make up the scale 'hang 

together' (Pallant 2013). One of the most commonly used indicators of internal 

consistency is Cronbach's alpha coefficient. Ideally, the Cronbach alpha coefficient 

of a scale should be above 0.7 (DeVellis 2012). Cronbach alpha values, however, 

tend to be quite sensitive to the number of items in the scale. With short scales (e.g., 

scales with fewer than 10 items) it is common to find quite low Cronbach values 

(e.g., 0.5). Checking the reliability of a scale is important because this ensures that 

they all measuring the same underlying construct.  

Survey data collected was input to SPSS and the scales were checked for 

internal consistency using Cronbach Alpha. Several steps were taken to ensure the 

reliability of the results. The first step was to ensure that the number of items was 

correct. Second, the Inter-Item Correlation Matrix was checked for negative values, 

as all values should be positive, indicating that the items are measuring the same 
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underlying characteristic. Finally, the Cronbach Alpha is observed as shown in Table 

3.3 below.  

 Coercive Power (CP) consisted of twelve items labelled as S1Q1a 

(SOE  delay my delivery); S1Q1b (POE delay my delivery); S1Q2a (SOE charge 

higher prices); S1Q2b (POE charge higher prices); S1Q3a (SOE refuse to sell); 

S1Q3b (POE refuse to sell); S1Q4a (SOE take legal action against us); S1Q4b (POE 

take legal action against us); S1Q5a (SOE cancel our contract); S1Q5b (POE cancel 

our contract); S1Q6a (SOE make things difficult for us); and S1Q6b (POE make 

things difficult for us).  

The same procedure as above to check for reliability of each sub-scale or 

construct was carried out. Non-Coercive Power (NCP) consisted of twelve items 

labelled as S2Q1a (SOE give trade discount); S2Q1b (POE give trade discount); 

S2Q2a (SOE give pricing forecast); S2Q2b(POE give pricing forecast); S2Q3a (SOE 

provide advertisement S2Q3b (POE provide advertisement); S2Q4a (SOE provide 

field supervisor); S2Q4b (POE provide field supervisor); S2Q5a (SOE provide 

delivery services); S2Q5b (POE provide delivery services); S2Q6a (SOE pick up of 

returned product); and S2Q6b (POE pick up of returned product).  

Level of Conflict (LOCF) consisted of fourteen items labelled as S3Q1a 

(SOE conflict over price); S3Q1b (POE conflict over price); S3Q2a (personality 

conflict with SOE); S3Q2b (personality conflict with POE); S3Q3a (SOE conflict 

over incentives); S3Q3b (POE conflict over incentives); S3Q4a (SOE conflict over 

delivery delay); S3Q4b (POE conflict over delivery delay); S3Q5a (SOE conflict 

over pricing forecast); S3Q5b (POE conflict over pricing forecast); S3Q6a (SOE 

conflict over payment terms); S3Q6b (POE conflict over payment terms); S3Q7a 

(SOE conflict about rewards); and S3Q7b (POE conflict about rewards).  
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Satisfaction (SAT) consisted of eight items labelled as S4Q1a (satisfaction 

with products from SOE); S4Q1b (satisfaction with products from POE); S4Q2a 

(satisfaction with support from SOE); S4Q2b (satisfaction with support from POE); 

S4Q3a (satisfaction with relationship with SOE); S4Q3b (satisfaction with 

relationship with POE); S4Q4a (overall satisfaction with SOE); and S4Q4b (overall 

satisfaction with POE).  

Positive Conflict Resolution Attitude (PCRA) consisted of six items labelled 

as S5Q1a (investigate jointly with SOE to find a solution); S5Q1b (investigate 

jointly with POE to find a solution); S5Q2a (investigate jointly with SOE to come up 

with procedures); S5Q2b (investigate jointly with POE to come up with procedures); 

S5Q3a (work jointly with SOE to understand a problem); S5Q3b (work jointly with 

POE to understand a problem).  

Level of Trust (LOT) consisted of four items labelled as S6Q1a (SOE give 

special concessions when we were in difficulties); S6Q1b (POE give special 

concessions when we were in difficulties); S6Q2a (SOE on our side during crisis); 

and S8Q2b (POE on our side during crisis).  

Frequency of communication (FOCM) consisted of 10 items labelled as 

S7Q1a (make phone calls to SOE); S7Q1b (make phone calls to POE); S7Q2a (make 

regular phone calls to keep relationship with SOE); S7Q2b (make regular phone calls 

to keep relationship with POE); S7Q3a (SOE provide information); S7Q3b (POE 

provide information); S7Q4a (information is quickly exchanged between SOE and 

us); S7Q4b (information is quickly exchanged between POE and us); S7Q5a (SOE 

come back to us with recommendations); and S7Q5b (POE come back to us with 

recommendations).  
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Level of Guanxi (LOG) consisted of 8 items labelled as S8Q1a (exchange 

gifts with SOE), S8Q1b (exchange gifts with POE); S8Q2a (do personal favours for 

SOE); S8Q2b (do personal favours for POE); S8Q3a (managers banquet with SOE 

managers); S8Q3b (managers banquet with POE managers); S8Q4a (good Guanxi 

with SOE); and S8Q4b (good Guanxi with POE).  

 

Constructs Number of 

Items 

Cronbach Alpha/Standardized  

Cronbach Alpha 

   

Non-Coercive Power 

 

12 items 0.836/0.832 

Coercive Power 

 

12 items 0.599/0.591 

Conflict  

 

14 items 0.573/0.617 

Satisfaction  

 

8 items 0.728/0.707 

Conflict Resolution 

Attitude 

 

6 items 0.556/0.569 

Communication 

 

10 items 0.702/0.753 

Trust 

 

4 items 0.794/0.794 

Guanxi And Business 

Culture 

 

8 items 0.761/0.758 

 

 

 

 

 

 

 

 

 

Table 3.3 Overall Reliability of Scale Constructs 
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CHAPTER 4. SCALE DEVELOPMENT FOR POWER -RELATIONSHIP  

FRAMEWORK  

 

4.1. Scale Development and Exploratory Factor Analysis (EFA)  

Factor analysis is a statistical tool commonly utilized by researchers during 

instrument development to help analyse relationships among a large item pool or 

variables. There are two types of factor analysis, exploratory factor analysis (EFA) 

and confirmatory factor analysis (CFA). Since the authorôs work is exploratory and 

in the early stages of proposing a new model to explore Manufacturer-Distributor 

Power and Conflict Resolution Attitude Relationship with Satisfaction, the focus is 

on utilising EFA. This type of analysis  helps researchers identify those variables 

that define the construct by ascertaining the greatest variance in scores with the 

smallest number of factors (DeVon et al. 2007).  

Two primary defining characteristics of an EFA are: (a) the number of factors 

extracted from the correlation matrix is determined empirically (via Kaiser criterion, 

scree plot, parallel analysis, minimum average partial, etc.); and (b) all of the 

indicators (i.e., items or subscales) included in the analysis are free to load onto any 

of the extracted factors (Gignac 2009). More importantly, and according to 

Thompson (2004, 5), ñéfactor analysis is intimately involved with questions of 

validityé Factor analysis is at the heart of the measurement of psychological 

constructsò. A ófactorô is a construct defined by the loadings of the variables on that 

particular factor (Kline 2014), while ófactor loadingô refers to the correlation of an 

item with a particular factor (Kline 2014).  

 

4.2. Development of the Item Pool 
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 In this context, we emphasise that good scale construction is an iterative 

process typically involving several periods of item writing, followed by conceptual 

and psychometric analysis in each case (Clark and Watson 1995). 

The first step in scale development is the generation of the initial set of items 

for the measure, based on a theoretical foundation or a deductive scale development 

approach (Clark and Watson 1995). This required the researcher to have an 

understanding of the phenomenon to be investigated and a comprehensive review of 

the literature. First, the language should be simple, straightforward, and appropriate 

for the reading level of the scale's target population. In addition, one should avoid 

using trendy expressions that quickly may become dated, as well as colloquialisms 

and other language for which the familiarity (and thus utility) will vary widely with 

age, ethnicity, region, gender, and so forth. Moreover, item writers should take care 

to avoid complex or "double-barrelled" items that assess more than one characteristic 

(Clark and Watson 1995). Further to sampling a sufficient breadth of content, the 

scale developer must ensure an adequate sample of items within each of the major 

content areas comprising the broadly conceptualised domain. Indeed, failure to do so 

may mean that one or more of these areas will be underrepresented in the final scale. 

(Clark and Watson 1995). 

 

4.3. Factor Analysis Protocol 

The researcher has employed in this study the 5-step Exploratory Factor 

Analysis Protocol (see Figure 4.1) recommended by Williams, Brown and Onsman 

(2012) when discussing the instrument development stage.  
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4.3.1. Step 1: Is the data suitable for factor analysis? 

Sample size is one of the key considerations for researchers when 

determining the suitability of factor analysis as an analytical tool to investigate the 

soundness of the measuring scale utilized in studies. The importance of sample size 

is explained by Hogarty et al. (2005, 203), who state that ñthe influence of sample 

size on the variability of factor loadings is critical as the magnitude of factor 

loadings is frequently used as a criterion to determine which variables are 

substantially related to a given factor and thus should be included in the 

interpretation of a factorò. There is varied opinion on appropriate sample sizes 

needed to meaningfully conduct EFA and a range of rules of thumb proposed by 

academics though there appears to be disparities in this regard with no clear 

 

 

 

 

 

Is the data suitable for 

factor analysis? 

How will the factors 

be extracted? 

What criteria will 

assist in determining 

factor extraction? 

Selection of rotational 

method 

Interpreting and 

labelling 

Figure 4.1 The 5-Step Exploratory Factor Analysis Protocol (Williams, Brown and Onsman, 2012) 
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consensus or how researchers arrive at such figures. For example, Tabachnick  and 

Fidell (2007) suggests at least 300 cases are required. Conversely, it has been 

advocated that sample sizes should be at a minimum 100 or more (Hair et al. 

2010;Kline 1986). Further, Sapnas and Zeller (2002) state that even 50 cases may be 

adequate for factor analysis. Others propose a ratio of participants to variables (N:p 

ratio); for example, Nunnally (1978) who recommends a 10:1 ratio, 10 participants 

for every variable. The general rules for sample-to-variable ratios also vary, such as 

3:1, 6:1, 10:1, 20:1. However, recent work has revealed no ideal N:p ratio to achieve 

good factor solutions, there is no sound theoretical or empirical basis for arbitrary 

participant-to-variable ratio recommendations (Hogarty et al. 2005;Guadagnoli and 

Velicer 1988).  

Traditionally, the view has been ñthe more participants, the betterò (Floyd 

and Widaman 1995, 289). In this study, the total sample size comprised 148 

completed questionnaires. Approximately 74 respondents completed two separate 

questionnaires, one each regarding their responses about State Owned Enterprises 

(SOEs) and the other on Private Owned Enterprises (POEs). Although the sample 

size approximates what is considered small in the traditional sense, it is above the 50 

cases that Sapnas and Zeller (2002) suggest as sufficient to conduct for factor 

analysis. 
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Furthermore, some academics argue that the desired threshold for sufficient 

factor loadings also depends on the relevant sample size of the data set (Hair et al. 

2010) (see Table 4.1). In determining the factor structures, the researcher utilised 

factor loadings of 0.70 or higher when determining the appropriate items 

representative of a factor. In addition, in those instances where an item(s) were found 

to cross-load on more than one factor, the decision was taken to eliminate the said 

item from the final factor structure.  

There are a few more considerations the researcher has to make to determine 

the suitability of exploratory factor analysis and whether to proceed with this method. 

A visual inspection of the correlation matrix to identify if there are sufficient 

correlations. If it reveals that very few variables have correlations above the 

threshold of 0.30, factor analysis is probably inappropriate (Tabachnick and Fidell 

2007). Others suggest the following general rule for assessing the correlation matrix, 

± 0.30 = minimal, ± 0.40 = important, and ± 0.50 = practically significant (Hair et al. 

Table 4.1  Significant Factor Loadings based on Sample Size (Hair et al. 2010) 

 

Sample size Sufficient Factor Loading 

50 0.75 

60 0.70 

70 0.65 

85 0.60 

100 0.55 

120 0.50 

150 0.45 

200 0.40 

250 0.35 

350 0.30 

  

 



108 
 

1995).  In this paper the author observed that almost all of the items in each of the 

subscales were above the preferred value of ± 0.5 threshold.   

The final step in determining whether exploratory factor analysis is suitable 

for application to the data set is an examination of the Kaiser-Meyer-Olkin (KMO) 

measure of sampling adequacy and Bartlettôs Test of Sphericity for each subscale. 

These two additional tests aid decision-making on the appropriate use of EFA to 

generate factors. The KMO index ranges from 0 to 1, with 0.50 considered suitable 

for factor analysis to be conducted and the Bartlett's Test of Sphericity should also 

be significant at p< 0.05 (Hair et al. 1995;Tabachnick and Fidell 2007). The large 

majority of subscales recorded with KMOs ranged above 0.5 to 0.75 and all Bartlett's 

Test of Sphericity were significant at p< 0.05. A few scales fell below the KMO 

standard of 0.5 with the lowest KMO of 0.44, notably all the Bartlett's Test of 

Sphericity were significant at p< 0.05.  

 

4.3.2. Step 2: How will the factors be extracted? 

One of the more commonly-used extraction techniques for reducing a large 

number of independent variables to a smaller, more coherent set is PCA (principal 

components analysis) (Dunteman 1989). In fact, PCA is perhaps the most popular 

multivariate statistical technique used widely used in most scientific disciplines. 

(Abdi and Williams 2010). PCA as an exploratory factor analytic technique is one of 

the most popular of the extraction methods (Williams et al. 2012;Henson and 

Roberts 2006); an arrrgument supported, in part, by the fact that it is the default 

technique when conduuucting factor analysis in SPSS (Costello and Osborne 2005). 

A review of the literature on the use of factor analysis by Henson and Roberts (2006) 

revealed that 56.7% of the studies utilised PCA. 
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It is argued that one of the biggest drawbacks of PCA is that it does not 

distinguish errors in measurement from shared variance (Pett et al. 2003). 

Nevertheless, based on an extensive review it was surmised that solutions derived 

from principal components analysis differ very little from common factor analytic 

techniques (Guadagnoli and Velicer 1988). Furthermore, Stevens (2012) suggests 

that, in instances where there are 0.30 or more variables/items in the measure or 

when communalities are 0.7 or higher, there is likely to be little differences in 

generated solutions between PCA and factor analysis, a condition that is generally 

met in this study and would be articulated in the results. Communalities represent the 

common variance of each variable analysed. Effectively, it is a conservative index of 

the reliability of each item and their contribution to the overall reliability of a scale 

(Zimmerman and Martinez-Pons 1988).  

Communalities values of 0.6 are also considered sufficient. In instances when 

communalities are low, it is imperative that researchers utilise a large sample size. It 

is acknowledged that communalities magnitudes in the social sciences typically 

range from values of .40 to .70 (Costello and Osborne 2005). Based on the 

discussion above, we assume the position supported by many that principal 

components analysis is an exploratory factor analysis technique and, henceforth, the 

terms may be used interchangeably. All successive conditions and criteria discussed 

are equally applicable in the literature to PCA and EFA. (Reise et al. 2000).   

 

4.3.3. Step 3: What Criteria Will Assist In Determining Factor Extraction? 

To reduce the number of items/variables into factors, the researcher must 

adopt certain criteria to aid the decision-making process. There is a range of criteria 

utilised by researchers, but as recommended and common practice it is best to 
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employ typically multiple criteria (Hair et al. 1995;Henson and Roberts 2006) to 

determine the number of factors for retention. Factor selection should not be based 

on a single criterion alone. It should be recognised that retention overall is a 

subjective process.  

Two common methods utilised to determine the number of factors to retain 

when exploratory factor analysis is conducted is Kaiserôs (1960) eigenvalues (EV) 

greater than one rule and Cattellôs (1966) scree test. The EV > 1 was found to be 

used 56.7%, and the scree test 35% of the time in exploratory factor analysis 

(Henson and Roberts 2006), while others used parallel analysis and priori theory to 

determine how many factors to extract (Henson and Roberts 2006). The number of 

factors retained can also be determined based on theory and academic literature with 

respect to the potential factors.  

Generating eigenvalues from random data matrices has become increasingly 

easy and convenient in recent years due to the increased availability of powerful 

computer software (Reise et al. 2000). The EFA analysis in SPSS automatically 

generates the eigenvalues factors and only those with eigenvalues > 1 are kept for 

further analyses and the cumulative variance for those > 1 factors are noted. 

Although it is generally preferable to retain too many factors rather than too few, 

there is no psychometrically justifiable reason to base over-extraction on the 

eigenvalue greater than 1.0 rule (Reise et al. 2000). In the humanities, cumulative 

variances in the range of 50-60% are acceptable (Pett et al. 2003;Hair et al. 1995). It 

should be noted that with multidimensional scaling, the more items a subscale has 

the more likely it will produce stronger factors that accounts for more variance 

(Spector 1992). The Scree test also demands subjectivity and the researcherôs 

judgement. Specifically, visual inspection after drawing a straight line through the 
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smaller eigenvalues, with factors above the point of departure or break, exclusive of 

the break being the chosen factors (Williams et al. 2012;Abdi and Williams 2010).  

 

4.3.4. Step 4: Selection of Rotational Method 

The selection of an appropriate rotational method is a vital decision that can 

impact on the eventual factor structures derived by researchers for their instruments.  

After identifying the number of factors, components need to be rotated before they 

can be interpreted (Kline 2014). Rotation is necessary because there is an infinity of 

equivalent factor solutions, and criteria need to be set for identifying the optimal 

solution. Rotating the factors retains the underlying mathematical properties of a 

matrix but simplifies the factor structure making them easier to interpret (Kline 

2014). Simply stated, the simple structure implies that items load highly on one or 

perhaps two factors and have near zero loadings on the remaining factors. Rotated 

simple structure solutions are often easy to interpret, whereas the originally extracted 

(un-rotated) factors are often difficult to interpret.  

The process of rotation is necessary to maximise high correlations and 

minimize low correlations onto one factor to attain a simple structure (Tabachnick 

and Fidell 2007). A simple structure makes it clear which variables belong to a factor 

and also enables replication of factors in subsequent matrices. In effect, ñRotation 

maximises high item loadings and minimises low item loadings, therefore producing 

a more interpretable and simplified solutionò (Williams et al. 2012, 9). There are two 

commonly-utilised rotational techniques, orthogonal and oblique rotations.  

Two main types of rotation exist: orthogonal and oblique. The type of 

rotation depends on whether or not the underlying factors are related. An orthogonal 

rotation creates factors that are uncorrelated with each other and produce a loading 
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matrix of correlations between variables and factors. The sizes of the loadings on the 

correlations can be interpreted as the size of the relationship between the variable 

and factor.  

An oblique rotation creates factors that are correlated with each other and 

produce three corresponding matrices: the factor correlation matrix which contains 

the correlations between the factors; a structure matrix which contains the 

correlations between factors and variables; and a pattern matrix between each factor 

and observed variable. The pattern matrix examines the factor and item loadings, 

interprets the meaning of factors; this matrix is not affected by the overlap of a 

number of factors (Tabachnick and Fidell 2007). 

Oblique rotations are often viewed as producing more accurate results for 

research involving human behaviours, or when data does not meet priori 

assumptions, Direct Olbimin and Promax are two such rotational tests (Costello and 

Osborne 2005). Furthermore, it is suggested that oblique rotations normally fit data 

sets better than orthogonal since oblique rotations necessitate the estimation of more 

parameters (Henson and Roberts 2006). 

A shortcoming of oblique approaches is the statistical complexity due to the 

generation of pattern and structure matrix requiring greater sophistication and 

interpretation abilities on the part of the researcher (Ford et al. 1986). Nevertheless, 

oblique rotations reflect more accurately the complexity of the measured variables, 

since real-world constructs are seldom uncorrelated (Harman 1976;Field 2009) and 

thus this approach is more practical. In the social sciences, researchers often measure 

factors that are characteristically correlated; for example, psychological and social 

factors that influence behaviour. Thus, oblique rotational methods are more likely to 

be more appropriate (Gaskin and Happell 2014).  
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Initially, this author utilised both the oblique rotational options available in 

SPSS; that is, Direct Oblimin and Promax. After examination of initial pattern 

structures for a couple of the scales, it was decided that Promax was most suited as it 

reflected expectations relevant to literature. It has been suggested that researchers 

should adopt the approach of testing multiple methods to generate solutions and then 

decide which method is most appropriate (Schmitt and Sass 2011). Typically, the 

decision is made based on which technique provides the best fit or the ñcleanest 

model (i.e. with lowest cross-loadings), both from an intuitive perspective and 

conceptually. Furthermore, since the researcher hypothesises that factors should be 

correlated to some extent, this strengthens the case for an oblique rotation method to 

be employed in this study.  

On deciding on the right rotational technique, the researcher proceeded to 

examine specifically the pattern matrix to give due consideration to those items that 

should be discarded in conceptualising the best factor structure, in addition to those 

that should be retained. When interpreting the Rotated Pattern Matrix the researcher 

considered some basic questions:  does each item have a central factor; does each 

factor have its own items; are items loading as expected with conceptually similar 

items; does each factor make sense or have a common theme among items? In 

addition, retaining an item was also based on factor loadings. A common factor 

loading value that researchers utilize to determine if to keep an item is the 0.3 

loading magnitude (Nunnally 1978). However, views on sufficient factor loading 

values are varied as others provide alternative classifications such as loadings in 

excess of .71 are excellent, .63 are very good, .55 are good, .45 are fair, and .32 are 

poor (Comrey and Lee 2013).  
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4.3.5. Step 5: Interpreting and Labelling 

Interpretation involves the researcher examining variables that are 

attributable to a factor, and assigning that factor a name or theme. Traditionally, at 

least two or three variables must load on a factor so it can be given a meaningful 

interpretation. The labelling of factors is a subjective, theoretical, and inductive 

process (Williams et al. 2012).  

 The matrix should reveal a simple factor structure, which are those that have 

high loadings, few cross-loadings and no factors with less than three items. A ócross-

loadingô item is one that loads higher on two or more factors, and items can be 

considered for deletion if there is cross-loading (Tabachnick and Fidell 2007). 

 

 

4.3.5.1. Item Selection and Deletion 

 

Examine the loadings of items on the first un-rotated factor or component, 

which are regarded as a direct measure of the common construct defined by the item 

pool. Items that demonstrate weak loading on this first factor (below .35 in a 

principal factor analysis or below .40 in a principal components analysis) tend to be 

modestly correlated with the others and are leading candidates for removal from the 

scale. Similarly, items that have stronger loadings on later factors also are likely 

candidates for deletion. Conversely, items load relatively strongly on the first factor 

and relatively weakly on subsequent factors are excellent candidates for retention. 

Thus, factor analysis quickly enables one to generate testable hypotheses regarding 

which items are good indicators of the construct and which are not. These 

predictions then can be evaluated in subsequent correlational and reliability analyses, 

which also can be used to identify pairs of redundant, highly correlated items. (Clark 

and Watson 1995) 
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The following steps were utilised to identify, interpret and label the various 

subscales for the proposed model in this study, details of which would be depicted in 

the results section: 

 

Step A. To examine the overall reliability for each construct inclusive of both SOEs 

and POEs survey items. 

Step B. Run EFAs for each construct and determine unidimensionality, detect factor 

structure,   most representative items for each construct and label accordingly. 

Step C. Run separate reliability tests for each subscale for both SOEs and POEs. 

 

4.3.5.2. Assessing Unidimensionality of Subscales 

Assessing the proposed instrument for unidimensionality is an important step 

in testing for its psychometric properties and whether a set of indicators underlie the 

construct(s) being measured. Since the proposed scale in this study is 

multidimensional in nature, each subscale would be developed in parallel and tested 

independently for unidimensionality, which involves conducting separate item 

analysis for each subscale (Spector 1992). Gerbing and Anderson (1988) emphasize 

this is a key aspect of the scale development process and provides some insight into 

whether the meaning intended by the researcher is shared by study participants. 

Item-total correlation, as well as the internal measure Cronbach alpha and EFA can 

be used to determine unidimensionality (Brahma 2009). However, it is noted that 

unidimensionality should be established before testing the reliability of the measure 

(Gerbing and Anderson 1988). The threshold of 0.5 is a conservative figure utilized 

in the literature for item-total correlations (Brahma 2009). It is suggested that all 

interitem correlations should be moderate and fall in the range of 0.15-0.50, and 
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items with high intercorrelations should be possibly be removed since it can unduly 

influence internal consistency at the expense of validity (Clark and Watson 

1995;Briggs and Cheek 1986). As such, Clark and Wilson advocate that when items 

are highly intercorrelated they become redundant as no incremental information is 

provided and thus one of such correlated items can be removed. Accordingly, a scale 

will yield far more information and, hence, be a more valid measure of a construct, if 

it contains more differentiated items that are only moderately intercorrelated (Clark 

and Watson 1995). 

Factor analysis is also used commonly in the early stages of item selection 

and to test for unidimensionality. To proceed, the items that are loaded or correlated 

most highly were considered and kept for further analyses (Nunnally 1978); 

specifically, those items with factor loadings lower than 0.5 were dropped 

immediately from further analyses. However, the researcher used factor loadings 

with a value of 0.7 as the cut-off, and variables falling below this level were 

discarded once there were sufficient indicators loading on the factor. Once factors 

with high loadings loaded strongly on a single factor and relatively weakly on other 

factors, they were retained, while those with relatively high cross-loadings were 

deleted (Clark and Watson 1995). Separate factor analyses were run for each 

subscale measure or construct (Clark and Watson 1995) hypothesized in the authorôs 

proposed Manufacturer-Distributor Power and Conflict Resolution Attitude 

Relationship-Satisfaction Framework which in part was supported by the literature 

though not as a collective.  

 

4.3.5.3. Scale Reliability Tests 
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After the exploratory factor analyses was run for each measure and the 

dimensional structure identified each scale was then further subjected to reliability 

tests to determine whether each set of items belonged to the specific dimension or 

not. The reliability of an instrument has been defined as óthe proportion of variance 

attributable to the true score of the latent variableô (DeVellis 2011).  

As a first step in instrument testing, it is important to provide evidence that a 

scale is reliable. If an instrument is deemed reliable, this means that measurements of 

people on different occasions, or by different observers, or by similar tests, are 

reproducible (Streiner and Norman 2008). Testing that an instrument is reliable is a 

necessary preliminary to testing validity i.e. that it is measuring what is intended. 

Coefficient (Cronbach) alpha is a useful measure in this regard (Churchill Jr 

1979). ñCoefficient alpha is sample specific; in other words, it is a measure of the 

internal consistency for the test responses from the current participantsò (DeVon et al. 

2007, 160). An instrument is considered internally consistent if the items related to 

the dimension or latent variable have a strong relationship to each other (that is, 

items are highly correlated to each other) in a unidimensional instrument or a single 

dimension of a multidimensional instrument. In effect, Cronbach alpha represents an 

average correlation of every combination of one item relative to others in the same 

scale and as recommended the researcher calculated reliability for each sub-scale 

(Brahma 2009).  

In instances, where low-reliability scores were identified for each measure or 

subscale steps were taken to drop identified items on the measures that would 

improve reliability scores. Again, the absolute minimum recommended for 

exploratory studies are 0.5, while it is recommended that a minimum of 0.7 should 

be utilized although 0.6 is acceptable for new scales (Nunnally 1978). It is suggested 

that a 0.7 value is beneficial for obtaininnng good validity later on in the analyses 
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(Hair et al. 2010). Hair and colleagues further elaborated that for sample sizes of 

approximately 70 participants, the utilisation of 0.65 factor loadings is sufficient. 

ttTherefore, since the sample size for this study was approximately 74 each for 

einstrument A and B, this loading size was used to determine which items should be 

kept or are effective representatives of the relevant constructs.  

Another reliability test run was the split-half reliability of each subscale. Run 

in SPSS, the programme divided the data set randomly, or split into two EFAs for 

each construct into two sets. The expectation is that the reliability values for each 

should be fairly similar. ñCoefficient alpha absolutely should be the first measure 

one calculates to assess the quality of the instrumenté a low coefficient alpha 

indicates the sample of items performs poorly in capturing the construct which 

motivated the measure. Conversely, a large alpha indicates that the k-item test 

correlates well with true scoresò (Churchill Jr 1979, 68). As recommended, since 

each construct in this study had more than one dimension or component, coefficient 

alpha was calculated for each dimension (Churchill Jr 1979).   

 

4.3.5.4. Scale Validity 

After completing reliability tests and other tests in scale development, the 

next stage is scale evaluation, which focuses on the validity of the scales; that is, 

assessing the extent to which the survey instrument captures or measures what it is 

intended to measure (Hensley 1999). Validity is an empirical assessment of the 

ability of an instrument to measure what it is intended to measure (as discussed in 

Chapter 3). There are many different types of validity. A new instrument is expected 

to demonstrate empirical evidence of construct validity. 
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This depends on a framework of hypothesis testing based on the information 

that is known about the underlying construct (e.g. empowerment), and this is 

especially important to demonstrate when no comparable instrument exists in the 

literature (Cronbach 1971). A óconstructô is defined as a mini theory that explains the 

relationships between variables or dimensions that support hypotheses that can be 

derived from theory (DeVellis 2011). 

 

4.3.5.5. Content/Face Validity 

  One key aspect that needs to be first determined is the content validity of the 

instrument. According to Haynes, Richard and Kubany (1995, 238); ñContent 

validity is the degree to which elements of an assessment instrument are relevant to 

and representative of the targeted construct for a particular assessment purposeò. 

Here, construct refers to the concept or variable that is the target of measurement by 

the researcher.  

The establishment of content/face validity is a judgement-based decision 

derived subjectively through the examination of the proposed measuring instrument 

and the methods used for construction (Nunnally 1978).  

It has been suggested that a useful technique for assessing the content validity 

of measures is to employ expert raters (Cronbach 1971) where the instrument is 

judged by one or more persons and determined to contain a reasonable and 

representative sample of items directly relevant to the constructs theoretical domain 

as well as not containing extraneous items from outside of the theoretical construct 

to be measured (Schriesheim et al. 1993). Since this study provides a few new items, 

as well as modified items drawn from the literature, some assurance of content 

validity is necessary.  
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Similar to Hill, Kern and White (2014), this researcher drew on the expertise 

of raters who either hold doctoral degrees or doctoral candidate with proficiency in 

scale development to review instruments and determine the representative of the 

constructs. As management researchers, the rates utilised should at least provide 

modest assurance of content validity (Schriesheim et al. 1993). While content 

validity is not sufficient alone to demonstrate construct validity, it is a necessary first 

step and satisfactory evidence must be provided before proceeding to additional 

evidence.  

 

4.3.5.6. Convergent and Discriminant Validity 

According to Churchill (1979), in order to establish the construct validity of a 

measure it is important to determine the extent of correlation of the measure with 

other similar measures designed to measure the same thing. It shhould also 

determine whether the measure behaves as expected. There are two key aspects of 

construct validity: convergent and discriminant validity (Campbell and Fiske 1959). 

Convergent and discriminant validity are both related concepts and can be 

conceptualized as being on opposite ends of a continuum (DeVon et al. 2007). 

Similarly, a good measure will have a predicted convergent and discriminant 

correlational pattern (Smith and McCarthy 1995), and it is important to consider this 

aspect of measurement at the initial as well as later stages of development. Hence, it 

is useful for the researcher to test both for convergent and discriminant validity.  

To establish convergent validity of a measure, one must determine the extent 

to which it correlates highly with other methods designed to measure the same 

construct. The interitem correlation coefficients for a proposed instrument that has 

convergent validity should be high (DeVon et al. 2007;Churchill Jr 1979;Spector 
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1992). Since constructs typically are measured with a single method or instrument, 

reliability has also been used as a proxy for convergent validity. As suggested by 

Nunnally (1978),  measures with reliability of 0.7 or higher normally imply 

convergent validity.  

Discriminant validity of the proposed measure must also be established, that 

is, the extent to which the measure is indeed novel and not simply a reflection of 

some other variableò (Churchill Jr 1979). More specifically, ñDiscriminant validity is 

the extent to which latent variable A discriminates from other latent variables (e.g., B, 

C, D)ò (Farrell 2010, 324). Furthermore, it means for example, that latent variable A 

accounts for more variance in the observed variables associated with it rather than 

attributable to either measurement error /extraneous influences, or other constructs 

within the conceptual framework (Farrell 2010). As emphasised by DeVon et al. 

(2007) discriminant validity is evident in a measure when the interitem correlations 

between two conceptually different factors are low. After a review of the extant 

literature, Ping (2004) concluded that although there is no established rule, it appears 

that correlations with other measures below the 0.7 value tend to be accepted as 

evidence of a measureôs distinctiveness and hence representative of discriminant 

validity. Establishing both convergent and discriminant validity are essential for 

construct (trait) validation (Peter 1981). To establish convergent and discriminant 

validity, the researcher in this study assessed the Pattern Matrix based on 

recommendations made by Hair et al (2010), for high loadings (convergent validity) 

and no-cross loadings (divergent validity).   
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4.4. The Use of Factor Scores 

Factor scores (estimates) are numerical values intended to represent a 

research participantsô spacing or standing on a latent factor or construct. Factor score 

estimates can be calculated using both refined procedures or unrefined (coarse) 

procedures (DiStefano et al. 2009). These approaches represent an individualôs 

relative spacing or ranking on a latent factor of interest. Factor score estimates can 

be computed by statistical programmes such as SPSS when conducting exploratory 

factor analysis, which use standardised information and result in refined factor score 

estimates that are essentially standardized values. Such an approach is a refined 

method for arriving at factor scores; specific methods are Regression scores, Bartlett 

scores, and Anderson Rubin scores (DiStefano et al. 2009). These refined methods 

and relevant factor scores can be computed easily in CAQDAS programmes such as 

SPSS. An advantage of this is that it can be utilised subsequently in other analyses, 

such as multiple regression analysis. Factor scores are linear combinations of the 

observed variables and depict the shared variance between the item and the factor, 

and what is not measured or the error term variance (Gorsuch 1990). Specifically, 

the generated factor scores are very similar to standardised scores such as a Z-score 

metric (DiStefano et al. 2009).  

Factors, in essence, are hypothetical constructs or theories that help interpret 

the consistency in a data set. The value of factor analysis, therefore, is that it 

provides a meaningful organisational scheme that can be used to interpret the 

multitude of behaviors analyzed with the greatest parsimony of explanatory 

constructs (Tinsley and Tinsley 1987). 

Factor scores are most reliable and accurate in the sample on which factor 

analysis was based when they are computed using factor scoring weights derived 
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from the factor patterns (Harman 1976). However, unit weighting for all of the items 

with significant primary loadings on the factors provides factor scores that are 

virtually as accurate in the original sample, and these unit weights will work better 

than the factor scoring weights in any new samples (Gorsuch 1983).  

Scoring weights are developed to reduce the multiple predictors to a single 

weighted linear composite that is then regressed on the criterion scores (Tinsley and 

Tinsley 1987). According to the principle of aggregation, the sum of a set of multiple 

measurements is a more stable and unbiased estimator than any single measurement 

from the set. One reason is that there is always error associated with measurement. 

When several measurements are combined, these errors tend to average out; thereby 

providing a more accurate picture of relationships in the population. (Rushton et al. 

1983) 

Factor scores may be estimated by summing the scores for all items or 

variables with significant primary loadings on each factor, it is important to 

remember all items should be on the same scale (e.g., all on similar 1 ï to 7- point 

scales) to ensure equal weighting. If measures loading on a particular factor have 

very different scales, all variables should be standardized before being summed into 

factor scores. (Floyd and Widaman 1995) 

One option in SPSS is the output of regression factor scores, which 

essentially predict the location of each survey participant on the specific factor or 

component, and advantageously maximizes validity relative to other approaches 

(DiStefano et al. 2009). According to Hair et al (1995), when factor scores and 

summated scales display similar pattern structures this indicates that they are truly 

representative of the variables. When factor scores are utilised researchers must be 
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cognizant of the problem of indeterminacy, which can affect the actual factor scores 

or decisions based on this output (Grice and Harris 1998).  

Conversely, viable and very popular alternative to the refined methods are 

unrefined or coarse methods such as sum scores. For example,summated scales are a 

composite value for a set of variables or items from a survey instrument and can be 

calculated simply by summing and finding the average of the range of variables that 

reflect a single measure or subscale. This average score approach allows the 

researcher to maintain the original scale metric which facilitates easier interpretation 

and preserves variation in the original data (DiStefano et al. 2009). The average or 

sum score approach can be extended further to sum standardised scores of all items 

on a factor or to decide to sum scores for items with a loading values above a cut-off 

value, standardised scores are useful if the standard deviations values of the raw data 

vary widely (DiStefano et al. 2009). According to Grice (2001, 443), the derived 

ñValues are intended to provide the rankings of the individuals on the identified 

factors in the analysisé they are justifiably called factor scores (estimates) and are 

generally believed to be simple, effective, and stable alternatives to the refined 

methodsò. Hence,   they can be applied similarly by researchers. However, 

summated scales or unrefined methods are more suited if the aim of the researcher 

and the research is comparison of results with other studies or replication since mean 

scores generated in summated scales are much easier to interpret (DiStefano et al. 

2009). Meanwhile, refined factor scores tend to provide the researcher with more 

superior levels of validity than coarse methods (Grice 2001). 
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4.4.1. Procedures to Conduct Exploratory Factor Analysis (EFA)   

 

4.4.1.1. Step 1. Aggregation at Item Level and Factor Level, Factor Score Generation 

Prior to conducting the EFA for the subscales, the author had to aggregate 

various items from the data set. According to the principle of aggregation, the sum of 

a set of multiple measurements is a more stable and unbiased estimator than any 

single measurement from the set. One reason is that there is always error associated 

with measurement. When several measurements are combined, these errors tend to 

average out, thereby providing a more accurate picture of relationships in the 

population. (Rushton et al. 1983). Scoring weights are developed to reduce the 

multiple predictors to a single weighted linear composite that is then regressed on the 

criterion scores (Tinsley and Tinsley 1987). 

For the purpose of this study, a linear aggregation of items is used at the 

beginning to identify common variance between mirror items used in measurement 

to reflect responses to both POEs and SOEs. Then an EFA with the six items related 

to NCP aggregated for POE and SOE data to identify the initial factor structure. So, 

I1=(I1P+I1S)/2, I2=(I2P+I2S)/2, where, I1p refers to item 1 for Private Owned 

Enterprises and I1s refers to item 1 for State Owned Enterprises, this repeated for 

each item for the construct, as well as for each construct (Cp, Trust, etc.) and their 

unique items. The assumption here is that these summated scales will represent the 

combined variance of each item and would show all the measures (SOE and POE) 

are connected when we sum up the two variances with each items measuring SOE 

and POE. As a result, it would show one construct for both the SOE and POE data 

with common variance. For example, we could have for both SOE and POE that 

NCP=w1*F1 + w2*F2, where F1=f(I1, I2) and F2=( I4, I5, I6). I3 could have been 
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taken out due to low corrected item-total correlations <.4, low factor loadings <.6, 

and significant cross-factor loadings >.4, or low reliability. 

 

4.4.1.2. Step 2. Aggregation at Factor Level 

Taking all the important items (e.g., items with high loadings) identified from 

STEP 1, input both data for SOE and POE, and create new variables called S2Q1all, 

S2Q2alléetc. For example, S2Q1all include a total of 148 cases consisting of 74 

cases from S2Q1s and 74 cases from S2Q1p. in addition, creating a new variable 

called Group, with all the 74 cases from SOE as 1 and the other 74 cases from POE 

as 2. This is to ensure both SOEs and POEs are connected and measuring the same 

construct. Then, run an EFA for the item selected consisting of both SOE and POE 

items for each construct to compare the newly-generated factor structure with the 

initial factor structure in STEP 1. Generally, the factor structure in step 1 and step 2 

were found to be the same. 

 

4.4.1.3. Step 3. Factor Score Generation 

After interpretation, only the salient composite items (for SOE and POE) 

were used, and composite items with low corrected item total correlations, low factor 

loadings, and cross-factor loadings were deleted. In SPSS, the regression factor score 

option was selected and relevant factor score were generated for each composite 

factor.  

E.g. of NCP all factor score - NCPall, 

(FAC1_ NCPall factor score + FAC2_NCPall factor score)/ 2 = AVG NCPall 

FACTOR SCORE 

E.g. of Satisfaction all factor score - SATall, 



127 
 

 (FAC1_ SATall factor score + FAC2_ SATall factor score)/ 2 = AVG SATall 

FACTOR SCORE 

This step was repeated for the remainder of the constructs, CP, SAT, LOCF, PCRA, 

LOT, FOCM, LOG.  

E.g., NCPall and SATall relationship  

AVG NCPall factor score = Independent variable 

AVG SATall factor score = Dependent variable 

 

As mentioned previously, the author has input SOE data as group 1 and POE 

data as group 2 in SPSS. So, the average SOE factor score could be obtained by 

using the first 74 scores from the AVG NCPall factor score. Similarly, the average 

POE factor score could be obtained by using the rest 74 scores from the AVG 

NCPall factor score. This step was repeated for the remainder of the constructs, CP, 

SAT, LOCF, PCRA, LOT, FOCM, LOG. Thus, we can compare the difference 

between SOE construct and POE construct. 

 

4.4.1.4. Summary of Scale Items Factor Loadings 

Final (pattern matrix or rotated component matrix) factor loadings are 

reported below in Table 4.2. Factor loadings are reported to two decimal places and 

use descriptive labels in addition to item numbers. Correlations between the factors 

should also be included. The correlation matrix should be included so that others 

people can re-conduct a factor analysis.  
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Scale Items EFA 

Overall Factor 

Loadings 

NON-COERCIVE POWER : SECTION 1  

Q1S2. SOEs (POEs) will usually give trade discount. .93 

Q2S2. SOEs (POEs) will usually give pricing forecast assistance. .86 

Q3S2. SOEs (POEs) will usually give advertising assistance. .64 

Q4S2. SOEs (POEs) will usually provide field supervisors when we want them 

to come. 

.89 

Q5S2. SOEs (POEs) will usually provide delivery services. .77 

Q6S2. SOEs (POEs) will usually provide pick-up of returned steel products. .88 

COERCIVE POWER: SECTION 2  

Q1S3. SOEs (POEs) will delay my delivery If we donôt comply with the 

method of payment or contract requirement. 

.78 

Q2S3. SOEs (POEs) will charge higher prices If we donôt comply with the 

method of payment or contract requirement. 

.76 

Q3S3. SOEs (POEs) will refuse to sell to us If we donôt comply with the 

method of payment or contract requirement. 
.55 

Q4S3. SOEs (POEs) will take legal actions against us if we fail to meet the 

contract requirement. 
.54 

Q5S3. SOEs (POEs) will cancel or refuse to renew our contract if we donôt 

agree with it/them. 

.79 

Q6S3. SOEs (POEs) will make things difficult for us if we donôt agree to their 

suggestions (e.g., contract clause, selling method, service level). 

-.73 

CONFLICT : SECTION 3  

Q1S4. There are frequent conflict over the wholesale price with SOEs (POEs). .78 

Q2S4. There are frequent personality conflict with SOEsô (POEs) sales 

representatives. 

.88 

Q3S4. There are frequent conflict over the incentives given (e.g., discount) by 

SOEs (POEs). 
-.62 

Q4S4. There are frequent conflict over the delay of delivery provided by SOEs 

(POEs). 

.77 

Q5S4. There are frequent conflict over the pricing forecast given by SOEs 

(POEs). 
.61 

Q6S4. There are frequent conflict over payment terms suggested by SOEs 

(POEs). 
.58 

Q7S4. Conflicts will be minimized if SOEs (POEs) provide us with rewards 

and solutions to the problems. 

.79 

SATISFACTION: SECTION 4  

Q1S5. I am satisfied with the products and services I get from SOEs (POEs). .83 

Q2S5. I am satisfied with the supports I get from SOEs (POEs). .49 

Q3S5. I am satisfied with our relationship with SOEs (POEs). .98 

Q4S5. Overall, SOEs (POEs) are good companies to do business with. .80 

CONFLICT RESOLUTION ATTITUDE: SECTION 5  

S1Q6. We try to investigate an issue jointly with our manufacturers 

(SOEs/POEs) to find a solution acceptable to us after we identify an issue. 

.82 

S2Q6. We collaborate jointly with our manufacturers (SOEs/POEs) to come up 

with procedures acceptable to us after we identify an issue. 

.92 

S3Q6. We try to work jointly with our manufacturers (SOEs/POEs) for a proper 

understanding of a problem after we identify an issue. 

.89 

COMMUNICATION: SECTION 6  

S1Q7. We make phone calls to our manufacturers (SOEs/POEs) only when 

there is a problem. 

.97 

S2Q7. We make regular phone calls to keep relationships with our 

manufacturers every week (SOEs/POEs). 

.87 

S3Q7. Our manufacturers (SOEs/POEs) provide a great deal of information 

when there is a problem. 

.82 

S4Q7. Information is quickly and openly exchanged between ourselves to 

overcome problems whenever they arise (SOEs/POEs) 

.89 

Table 4.2 Summary of Scale Items Factor Loadings 
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S5Q7. Our manufacturers (SOEs/POEs) come back to us with views and 

recommendations after we identify an issue. 

.87 

TRUST: SECTION 7  

S1Q8. Our manufacturers (SOEs/POEs) have given special concessions in the 

past when we were in difficulties. 

.92 

S2Q8. We feel our manufacturers (SOEs/POEs) are on our side during a crisis. .92 

GUANXI AND BUSINESS CULTURE: SECTION 8   

S1Q9. We exchange gifts with our manufacturers (SOEs/POEs). .96 

S2Q9. We do personal favors for each others (SOEs/POEs) .79 

S3Q9. Our firms' key managers banquet with SOE/POEs managers. .80 

S4Q9. Overall, having good guanxi with our manufacturers (SOEs/POEs) 

helps. 

.87 

 

 

 

 

4.5. Final Power-Relationship Framework Scale   

Meaningful names for the extracted factors are discussed below. Generally, 

authors can seek to utilise previously-employed factors or conceptual names from 

extant literature. However,on examining the actual items and factors it may be found 

that new or different labels are more appropriate. One way in which researchers can 

aid the process of determining the appropriate label is to consider carefully the top 

one or two loading items for each factor. A well-labelled factor typically provides an 

accurate and useful description of the underlying construct, and thus enhances the 

clarity and potential understanding of the construct the researcher aims to portray 

(Williams et al. 2012).  

 

4.5.1. Sub-scale Factors - Coercive Power (CP) 

 Based on the pattern matrix generated from an EFA of Coercive Power, two 

components were identified with the items loading as depicted below in Table 4.3; 

these were classified as ñCP Financial Punishmentò and ñCP Non-Financial 

Punishment.ò This is supported, in part, by Jain (2014), who suggested when 

Items in bold were dropped during the labelling and interpretation process. 

Items in italics did not achieve invariance across SOEs and POEs. 
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coercive power is utilised by suppliers or manufacturers to gain retailersô/distributorsô 

compliance, it can often manifest threats and punishments.   

Similarly, as with non-coercive power discussed earlier on, S1Q1 and S1Q2 

involved monetary or financial considerations and was deemed to be forms of 

punishment imposed on the distributors by manufacturers, the researcher thus 

labelled this category as ñCP Financial Punishment.ò In contrast, the items S1Q5 and 

S1Q6 related to ñCP Non-Financial Punishmentò as supported by Lusch and 

Brownôs (1982) assertion that channel members may often punish non-complying 

channel members by withholding quality of assistance.  

 

Table 4.3 Sub-scale Factors - Coercive Power (CP) 

CP Financial Punishment CP Non-Financial Punishment 

S1Q1. SOEs (POEs) will delay my delivery If we 

donôt comply with the method of payment or 

contract requirement. 

 

S1Q5. SOEs (POEs) will cancel or refuse to 

renew our contract if we donôt agree with it/them. 

S1Q2. SOEs (POEs) will charge higher prices If 

we donôt comply with the method of payment or 

contract requirement. 

S1Q6. SOEs (POEs) will make things difficult 

for us if we donôt agree to their suggestions (e.g., 

contract clause, selling method, service level). 

 

 

4.5.2. Sub-scale Factors - Non-Coercive Power (NCP) 

 Based on the pattern matrix generated from an EFA of NCP, two components 

were identified with the items loading as depicted below in Table 4.4; these we 

classified as ñNCP Financial Rewardsò and ñNCP Non-Financial Rewardsò. Since 

the statements S2Q1 and S2Q2 relate to pricing and trade discount in monetary terms, 

the researcher decided it would be appropriate to label these two items collectively 

as NCP Financial Rewards. Furthermore, as S2Q3, S2Q4, S2Q5, S2Q6 relates 

mainly to service rendered and the nature of firm assistance (Hunt and Nevin 
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1974;Lusch and Brown 1982) these items could be appropriately labelled as NCP 

Non-Financial Rewards, and reflect a polar opposite to financial incentives.  

 

  Table 4.4 Sub-scale Factors - Non-Coercive Power (NCP) 

NCP Financial Rewards NCP Non-Financial Rewards 

S2Q1. SOEs (POEs) will usually give trade 

discount. 

 

S2Q3. SOEs (POEs) will usually give advertising 

assistance. 

S2Q2. SOEs (POEs) will usually give pricing 

forecast assistance. 

S2Q4. SOEs (POEs) will usually provide field 

supervisors when we want them to come. 

 

 S2Q5. SOEs (POEs) will usually provide 

delivery services. 

 

 S2Q6. SOEs (POEs) will usually provide pick-up 

of returned steel products. 

 

 

 

4.5.3. Sub-scale Factors - Level of Conflict (LOCF) 

 Based on the pattern matrix generated from an EFA of Level of Conflict, two 

components were identified with the items loading as depicted below in Table 4.5; 

S3Q1 and S3Q2 were classified as ñTask-Based Conflictò and S3Q4 and S3Q7 as 

ñRelationship-Based Conflict.ò These labels are supported by Guetzkow and Gyrôs 

(1954) who identified these two types of conflict in decision making of work groups, 

namely, task-related conflict and relationship-related conflict and these terms were 

widely used by others (Amason and Schweiger 1994;Jehn 1997;Pinkley 1990;Wei 

2014).  

Furthermore, according to Guerra et al. (2005) relationship conflicts are 

disagreements and incompatibilities among group members over personal issues that 

are not task related, this type of conflict often includes personality differences, 

animosity, and annoyance between individuals. In contrast, task conflicts are 
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disagreements among group members or individuals about the content of the task 

being performed, including differences in viewpoints, ideas, and opinions. Some 

examples of task conflict according to Jehn (1997) relate to the distribution of 

resources, about procedures or guidelines, and about the interpretation of facts.  

 

Table 4.5 Sub-scale Factors - Level of Conflict (LOCF) 

Task-Based Conflict Relationship-Based Conflict 

S3Q1. There are frequent conflicts over the 

wholesale price with SOEs (POEs). 

 

S3Q4. There are frequent conflicts over the delay 

of delivery provided by SOEs (POEs). 

S3Q2. There are frequent personality conflicts 

with SOEsô (POEs) sales representatives. 

S3Q7. Conflicts will be minimized if SOEs 

(POEs) provide us with rewards and solutions to 

the problems. 

 

 

 

4.5.4. Sub-scale Factors - Satisfaction (SAT) 

 Based on the pattern matrix generated from an EFA of Satisfaction, two 

components were identified with the items loading as depicted below in Table 4.6; 

S4Q1 and S4Q4 were classified as ñProduct/Service Satisfactionò and S4Q3 as 

ñRelationship Satisfaction.ò Product/service satisfaction refers to the measure of the 

distributorsô experience based evaluation of the product/service provided by 

manufacturers (Wallin Andreassen and Lindestad 1998). This type of satisfaction 

and its evaluation is based on distributorsô previous purchases and a general attitude 

toward the manufacturers. According to Patterson and Spreng (1997) a firmôs 

satisfaction and intention to repurchase is determined by the benefits of using a 

product or service. In contrast, relationship satisfaction reflects the overall appraisal 

of the relationship with the supplier firm (Chumpitaz Caceres and Paparoidamis 

2007). In a business context, relationship satisfaction has been defined as a positive 
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affective state resulting from a firmôs appraisal of all aspects of its working 

relationship with another firm (Dwyer et al. 1987;Ganesan 1993). It is one of the 

most critical elements in B2B markets. According to the principles of relationship 

marketing, successful business relationships enhance client satisfaction (Chumpitaz 

Caceres and Paparoidamis 2007).  

 

Table 4.6 Sub-scale Factors - Satisfaction (SAT) 

Product/Service Satisfaction  Relationship Satisfaction 

S4Q1. I am satisfied with the products and 

services I get from SOEs (POEs). 

 

S4Q3. I am satisfied with our relationship with 

SOEs (POEs). 

S4Q4. Overall, SOEs (POEs) are good 

companies to do business with. 

 

 

 

 

4.5.5. Sub-scale Factors - Positive Conflict Resolution Attitude (PCRA) 

 Based on the pattern matrix generated from an EFA of Positive Conflict 

Resolution Attitude, two components were identified loading independently on two 

components as depicted below in Table 4.7; S5Q1 and S5Q3 as ñLow-Level PCRAò 

and S5Q2 as ñHigh-Level PCRAò. According to Skinner (1992), there is a degree of 

willingness for both manufacturers and distributors to cooperate to a high or low 

level. In this thesis, the author considers this cooperativeness by both parties in the 

channel as Positive Conflict Resolution Attitude, High PCRA or Low PCRA on a 

continuum. This PCRA or degree of cooperation is striving toward individual and 

mutual goals (Brown 1981;Stern and Reve 1980). The development of an effective 

distribution channels requires PCRA among its channel members. PCRA or channel 

cooperation is the joint effort with voluntary actions, of channel members at different 

levels in a marketing channel toward individual and mutual goals (Skinner et al. 
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1992). A good cooperative relationship or PCRA can benefi t partners in many ways 

such as  enhancing capability, creating a good channel environment, using inter-

organizational resources efficiently, and helping solve confl ict-based problems 

(Mehta et al. 1996). There is naturally a certain level of conflict that exists in channel 

relations; however, the author assumed that the degree of willingness for both 

manufacturers and distributors to work together to minimize conflict for mutual 

benefit is positive. 

 

Table 4.7 Sub-scale Factors - Positive Confliction Resolution Attitude (PCRA) 

Low-level PCRA   High-level PCRA  

S5Q1. We try to investigate an issue jointly with 

our manufacturers (SOEs/POEs) to find a 

solution acceptable to us after we identify an 

issue. 

 

S5Q2. We collaborate jointly with our 

manufacturers (SOEs/POEs) to come up with 

procedures acceptable to us after we identify an 

issue. 

S5Q3. We try to work jointly with our 

manufacturers (SOEs/POEs) for a proper 

understanding of a problem after we identify an 

issue. 

 

 

 

4.5.6. Sub-scale Factors - Level of Trust (LOT) 

Based on the pattern matrix generated from an EFA of Trust, two 

components were identified with the items loading as depicted below in Table 4.8; 

S6Q1 was classified as ñInterpersonal-Level Trustò and S6Q2 as ñBusiness-Level 

Trust.ò these labels are in part supported in the extant literature that the concept of 

trust in Channel relationship focuses on two targets: supplier firm and their 

salespeople (Doney and Cannon 1997). This reflects the labels of interpersonal-level 

trust (e.g., salesperson) and business-level trust (e.g., supplier firm) utilized by this 

researcher. 
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It is suggested that a long-term relationship with highly trusted sales staffs 

can ensure in difficult times ongoing customer commitment due to established 

relationships (Schiller 1992), which reflects a degree of interpersonal trust.  

Conversely, at the business/organisation level, a firm that trusts its supplier achieves 

a higher level of commitment and intention to maintain relationships (Anderson et al. 

1987;Morgan and Hunt 1994); thereby resulting in strong  relationships. 

 

Table 4.8 Sub-scale Factors - Level of Trust (LOT) 

Interpersonal-Level Trust Business-Level Trust 

S6Q1. Our manufacturers (SOEs/POEs) have 

given special concessions in the past when we 

were in difficulties. 

 

S6Q2. We feel our manufacturers (SOEs/POEs) 

are on our side during a crisis. 

 

 

4.5.7. Sub-scale Factors - Frequency of Communication (FOCM) 

 Based on the pattern matrix generated from an EFA of Communication, two 

components were identified with the items loading as depicted below in Table 4.9; 

S7Q1 was classified as ñUni-Directionality Communicationò and S7Q2, S7Q3, 

S7Q4 and S7Q5 as ñBi-Directionality Communication.ò These labels were borrowed 

from Mohr and Nevin (1990) who classified communication in terms of  "uni-

directionality"(upward or downward, depending on the specific channel context) and 

"bi-directionality" (both upward and downward) during information exchange 

communication. Relatedly, Frazier and Summers (Frazier and Summers 1984) 

suggested that channel members utilize either direct and indirect communication 

strategies. The aim of direct communication strategies was to influence another 

party's decision-making by implying or requesting the specific action; on the other 

hand, indirect communication reflects the sourceôs intention to influence the 
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recipient partiesô beliefs and attitudes about the desirability of an intended behaviour, 

though no specific action is demanded directly (Frazier and Summers 1984). This 

authorôs view is that uni-directionality is consistent with a direct form of 

communication, for example, S7Q1 reflects one way communication based on an 

immediate need, while bi-directionality is consistent with an indirect communication 

strategy of ongoing exchange of information between parties for mutual benefit. 

 

Table 4.9 Sub-scale Factors - Frequency of Communication (FOCM) 

Uni-Directionality Communication  Bi-Directionality Communication 

S7Q1. We make phone calls to our manufacturers 

(SOEs/POEs) only when there is a problem. 
S7Q2. We make regular phone calls to keep 

relationships with our manufacturers every week 

(SOEs/POEs). 

 

 S7Q3. Our manufacturers (SOEs/POEs) provide 

a great deal of information when there is a 

problem. 

 

S7Q4. Information is quickly and openly 

exchanged between ourselves to overcome 

problems whenever they arise (SOEs/POEs) 

 

S7Q4. Our manufacturers (SOEs/POEs) come 

back to us with views and recommendations after 

we identify an issue. 

 

 

 

4.5.8. Sub-scale Factors - Level of Guanxi (LOG) 

 Based on the pattern matrix generated from an EFA of Guanxi, two 

components were identified with the items loading as depicted below in Table 4.10, 

S8Q1 and S8Q2 were classified as ñEmotional Guanxiò and S8Q3 and S8Q4 were 

classified as ñInstrumental Guanxi.ò S8Q1 and S8Q2 reflect items that are consistent 

with emotional closeness (Guanxi) such as the exchange of gifts, which demonstrate 

personal relationships; while S8Q3 and S8Q4  reflect interactions for the purpose of 

doing business and are considered instrumental Guanxi (Zhuang et al. 2010;Zhuang 
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et al. 2008). Emotional Guanxi and instrumental Guanxi can be deemed as being 

situated at opposite ends of one dimension and can be suitably placed on a 

continuum from instrumental ties to emotional ties; that is, the closer the Guanxi, the 

greater are the emotional ties (Lee and Dawes 2005). Notably, Skinner (1992) 

emphasized that the dimension of emotional closeness or affect plays a significant 

and constructive role in doing business in China.  

Similarly, in their research on Guanxi, Lee and Dawes (2005) used the terms 

material exchange and affectionate feelings to represent the concepts of instrumental 

and emotional Guanxi, respectively. In addition, from an instrumental perspective, 

self-interest is governed by contracts and rules of the market is central, while 

affection is pure and altruistic, governed by spontaneity, and above economic 

consideration (Kipnis 1997).  

 

Table 4.10 Sub-scale Factors - Level of Guanxi (LOG) 

Emotional Guanxi  Instrumental Guanxi (Interactive state) 

S8Q1. We exchange gifts with our manufacturers 

(SOEs/POEs). 

 

S8Q3. Our firms' key managers banquet with 

SOE/POEs managers. 

S8Q2. We do personal favours for each otherôs 

(SOEs/POEs) 

S8Q4. Overall, having good Guanxi with our 

manufacturers (SOEs/POEs) helps. 
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To conclude, the overall factors and classification of sub-factors are summarised in 

the table 4.11 below.  

 

Table 4.11 Power Framework Factors and Sub-Factors 

 

  

FACTORS SUBFACTORS SCALE SUPPORT 

 

Non-Coercive Power (NCP) NCP Financial Rewards OWN 

 NCP Non-Financial Rewards Hunt and Nevin (1974); Lusch and 

Brown (1982) 

 

Coercive Power (CP) CP Financial Punishment OWN 

 CP Non-Financial Punishment Jain (2014); Lusch and Brown 

(1982) 

 

Conflict (LOCF) Task-Based Conflict Guetzkow and Gyr (1954) Amason 

and Schweiger (1994); Jehn 

(1997); Pinkley (1990)  

 Relationship-Based Conflict Guetzkow and Gyr (1954) Amason 

and Schweiger (1994); Jehn 

(1997); Pinkley (1990) Guerra et 

al. (2005)  

 

Satisfaction (SAT) Product/Service Satisfaction Wallin Andreassen and Lindestad 

(1998); Patterson and Spreng 

(1997) 

 Relationship Satisfaction Chumpitaz, Caceres and 

Paparoidamis (2007); Dwyer et al. 

(1987); Ganesan (1993)  

 

Positive Conflict Resolution 

Attitude (PCRA) 

Low-Level PCRA Skinner (1992); Brown (1981); 

Stern and Reve (1980)  

 High-Level PCRA Skinner (1992); Brown (1981); 

Stern and Reve (1980) 

 

Communication (LOCM) Uni-Directionality Communication Mohr and Nevin (1990); Frazier 

and Summers (1984) 

 Bi-Directionality Communication Mohr and Nevin (1990); Frazier 

and Summers (1984) 

 

Trust (LOT)  Interpersonal-Level Trust Doney and Cannon (1997); Schiller 

(1992)  

 Business-Level Trust Doney and Cannon (1997) 

 

Guanxi (LOG) Emotional Guanxi Zhuang et al. (2010); Lee and 

Dawes (2005) 

 Instrumental Guanxi Zhuang et al. (2010); Lee and 

Dawes (2005) 
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CHAPTER. 5 ANALYSIS OF RESULTS 

 

 

5.1. Introduction 

This chapter outlines the range of results drawn from data set using various 

statistical techniques such as exploratory factor analysis, multiple regression analysis 

(MRA), ANOVA analysis, Pearson correlation coefficient and comparisons of two 

regression lines to examine the proposed hypotheses. 

 

5.2. Exploratory Factor Analysis (EFA) Results for Each Variable in Power-

Relationship Framework 

 For a quick summary of the ensuing results discussed in this section, see 

Table 5.1 below. 

 

 

Factors KMO 

Measure 

of 

Sampling 

Adequacy 

Bartlettôs 

Test of 

Sphericity 

(Sig.) 

% Variance 

Explained 

by Factor 1 

% Variance 

Explained 

by Factor 2 

% 

Cumulative 

Variance 

Explained by 

both Factors 

 

Coercive Power (CP) 

 

.49 

 

.00 

 

38.1 

 

28.3 

 

66.5 

Non-Coercive Power (CP) .75 .000 48.3 23.2 71.5 

Satisfaction (SAT) .53 .000 39.1 25.4 64.5 

Level of Conflict (LOCF) .46 .000 37.6 31.7 69.4 

Positive Conflict 

Resolution Attitude 

(PCRA) 

.45 .000 52.8 33.7 86.6 

Frequency of 

Communication (FOCM) 

.76 .000 59.2 22.3 81.5 

Level of Trust (LOT) .50 .000 92.4 7.5 100 

Level of Guanxi (LOG) .61 .000 50.7 25.3 76.1 

 

 

 

 

 

Table 5.1 Summary of the Power Framework and Factors for Exploratory Factor 

Analysis with eight scale factors 
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5.2.1. EFA Results for Coercive Power (CP) 

The first step was to establish the suitability of EFA to assess the subscale or 

composite variable Coercive Power (this included all items inclusive of SOEs and 

POEs).  A visual inspection of the correlation matrix for CP was conducted and most 

of the correlation values were above the suggested threshold of 0.3 and were thus 

acceptable. The commonalities for the four items ranged from .584 to .742 which 

was all above the suggested threshold of 0.3. Bartlettôs test suggested that the data 

were suitable for an EFA, chi square (6) = 46.566, p <.000, and the KaiserïMeyerï

Olkin measure indicated that there was an adequate sample size for this specific 

analysis (.485). A KMO value of 0.50 is considered suitable and the Bartlett's Test of 

Sphericity at p < 0.05.  

 A two-factor structure for CP was identified based on scree plot and eigen 

values > 1. The resultant factor structure from EFA as depicted in a pattern matrix 

for CP explained 66.4% percent of the cumulative variance for the measure, factor 1 

accounted for 38% and factor 2 accounted for 28%.  Items 3, 4 were dropped after 

EFA because it has a low factor loading (<.60). All the factor loadings on Factor 1 

ranged from .858 to .862and on Factor 2 is ranged from .703 to .713. Factor 1 was 

labelled as CP Financial Punishment and Factor 2 ï CP Non-Financial Punishment, 

see Table 4.3 in Chapter 4.  

 

5.2.2. EFA Results for Non-Coercive Power (NCP) 

 The author again first established the suitability of EFA to assess the 

subscale/composite variable Non-Coercive Power (this included all items inclusive 

of SOEs and POEs), subsequently, the same procedure was followed and similar 

write-up for each constructôs EFA result was provided in sections below. A visual 
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inspection of the correlation matrix was conducted and most of the correlation values 

were above the suggested threshold of 0.3 and were thus acceptable (Hair et al. 

1995). The commonalities for five out of the six items ranged from .71 to .82 while 

the lowest was 0.49 which was still above the suggested threshold. Bartlettôs test 

suggested that the data was suitable to conduct an EFA, chi square (15) = 309.77, p 

< .001, and the KaiserïMeyerïOlkin (KMO) measure indicated that there was an 

adequate sample size for this specific analysis (.754). A KMO value of 0.50 is 

considered suitable and the Bartlett's Test of Sphericity at p < 0.05 (Hair et al. 

1995;Tabachnick and Fidell 2007).  

 For this EFA of NCP and all other variables discussed below principal 

components analysis (PCA) with a promax rotation was utilised. A two-factor 

structure for NCP was identified based on a screen plot and eigen values > 1 as 

discussed in Chapter 3, Section X. The resultant factor structure from EFA as 

depicted in a pattern matrix for NCP explained 71.5% percent of the cumulative 

variance for the measure, Factor 1 accounted for 48% and Factor 2 accounted for 23% 

respectively.  No items were dropped from this EFA because all the factor loadings 

on Factor 1 ranged from .642 to .894 and on Factor 2 from .856 to .928. Factor 1 was 

labelled as NCP Financial Rewards and Factor 2 ï NCP Non-Financial Rewards, see 

Table 4.4 in Chapter 4.  

 

5.2.3. EFA Results for Satisfaction (SAT) 

The author again first established the suitability of EFA to assess the 

subscale/composite variable Satisfaction (this included all items inclusive of SOEs 

and POEs).A visual inspection of the correlation matrix for SAT was conducted and 

most of the correlation values were above the suggested threshold of 0.3 and is thus 
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acceptable. The commonalities for three out of the four items ranged from .653 

to .976 which was all above the suggested threshold of 0.3.  Bartlettôs test suggested 

that the data was suitable for an EFA, chi square (6) = 43.179, p <.000, and the 

KaiserïMeyerïOlkin measure indicated that there was an adequate sample size for 

this specific analysis (.526).  A KMO value of 0.50 is considered suitable and the 

Bartlett's Test of Sphericity at p< 0.05.  

 A two-factor structure for SAT was identified based on scree plot and eigen 

values > 1. The resultant factor structure from EFA as depicted in the pattern matrix 

for the construct SAT explained 64.5% percent of the cumulative variance for the 

measure, factor 1 accounted for 39% and factor 2 accounted for 25% respectively.  

Items 2 were dropped after EFA because it has a low factor loading (<.60). All the 

factor loadings on Factor 1 ranged from .801 to .826 and on Factor 2 is .988. Factor 

1 was labelled as Product/Service SAT and Factor 2 ï Relationship SAT, see Table 

4.6 in Chapter 4. 

 

5.2.4. EFA results for Level of Conflict (LOCF) 

The author again first established the suitability of EFA to assess the 

subscale/composite variable level of Conflict (this included all items inclusive of 

SOEs and POEs). A visual inspection of the correlation matrix for LOCF was 

conducted and most of the correlation values were above the suggested threshold of 

0.3 and were thus acceptable. The commonalities for three out of the four items 

ranged from .619 to .781 which was all above the suggested threshold of 0.3.  

Bartlettôs test suggested that the data were suitable for an EFA, chi square (6) = 

58.172, p <.000, and the KaiserïMeyerïOlkin measure indicated that there was an 
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adequate sample size for this specific analysis (.464).  A KMO value of 0.50 is 

considered suitable and the Bartlett's Test of Sphericity at p< 0.05.  

A two-factor structure was identified based on scree plot and eigen values > 1. 

The factor structure is depicted in the pattern matrix for the construct LOCF, which 

explained 69% percent of the cumulative variance for the measure, factor 1 

accounted for 37% and factor 2 accounted for 31% respectively.  Items 3, 5, 6 were 

dropped after EFA because it has a low factor loading (<.60). All the factor loadings 

on Factor 1 ranged from .846 to .875 and on Factor 2 is ranged from .765 to 783. 

Factor 1 was labelled as Task-based Conflict and Factor 2 ï Relationship-based 

Conflict, see Table 4.5 in Chapter 4. 

 

5.2.5. EFA results for Positive Conflict Resolution Attitude (PCRA) 

The author again first established the suitability of EFA to assess the 

subscale/composite variable Positive Conflict Resolution Attitude (this included all 

items inclusive of SOEs and POEs).A visual inspection of the correlation matrix for 

PCRA was conducted and most of the correlation values were above the suggested 

threshold of 0.3 and is thus acceptable. The commonalities for three items ranged 

from .801 to .965 which was all above the suggested threshold of 0.3.  Bartlettôs test 

suggested that the data were suitable for an EFA, chi square (3) = 63.586, p <.000, 

and the KaiserïMeyerïOlkin measure indicated that there was an adequate sample 

size for this specific analysis (.447).  A KMO value of 0.50 is considered suitable 

and the Bartlett's Test of Sphericity at p< 0.05.  

A two-factor structure was identified based on scree plot and eigen values > 1. 

The factor structure is depicted in the pattern matrix for the construct PCRA, which 

explained 86.6% percent of the cumulative variance for the measure, factor 1 
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accounted for 52% and factor 2 accounted for 33% respectively.  No items were 

dropped from this EFA because all the factor loadings on Factor 1 ranged from .836 

to .916 and on Factor 2 is .984. Factor 1 was labelled as Low-Level PCRA and 

Factor 2 ï High-Level PCRA, see Table 4.7 in Chapter 4. 

 

5.2.6. EFA results for Level of Trust (LOT) 

The author again first established the suitability of EFA to assess the 

subscale/composite variable Level of Trust (this included all items inclusive of SOEs 

and POEs).A visual inspection of the correlation matrix for LOT was conducted and 

most of the correlation values were above the suggested threshold of 0.3 and were 

thus acceptable. The commonalities for two items were all above the suggested 

threshold of 0.3.  Bartlettôs test suggested that the data were suitable for an EFA, chi 

square (1) = 186.123, p <.000, and the KaiserïMeyerïOlkin measure indicated that 

there was an adequate sample size for this specific analysis (.50).  A KMO value of 

0.50 is considered suitable and the Bartlett's Test of Sphericity at p< 0.05.  

A two-factor structure was identified based on scree plot and eigen values > 1. 

The factor structure is depicted in the pattern matrix for the construct LOT, which 

explained 100% percent of the cumulative variance for the measure, factor 1 

accounted for 92% and factor 2 accounted for 8% respectively.  No items were 

dropped from this EFA because all the factor loadings on Factor 1 was labelled as 

Interpersonal-Level Trust and Factor 2 ï Business-Level Trust, see Table 4.8 in 

Chapter 4. 
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5.2.7. EFA results for Frequency of Communication (FOCM) 

The author again first established the suitability of EFA to assess the 

subscale/composite variable Frequency of Communication (this included all items 

inclusive of SOEs and POEs).A visual inspection of the correlation matrix for 

FOCM was conducted and most of the correlation values were above the suggested 

threshold of 0.3 and were thus acceptable. The commonalities for five items ranged 

from .731 to .940 which were all above the suggested threshold of 0.3.  Bartlettôs test 

suggested that the data were suitable for an EFA, chi square (10) = 353.015, p <.000, 

and the KaiserïMeyerïOlkin measure indicated that there was an adequate sample 

size for this specific analysis (.762).  A KMO value of 0.50 is considered suitable 

and the Bartlett's Test of Sphericity at p< 0.05.  

A two-factor structure was identified based on scree plot and eigen values > 1. 

The factor structure is depicted in the pattern matrix for the construct FOCM, which 

explained 81.5% percent of the cumulative variance for the measure, factor 1 

accounted for 59% and factor 2 accounted for 22% respectively.  No items were 

dropped from this EFA because all the factor loadings on Factor 1 ranged from .814 

to .889 and on Factor 2 was .969. Factor 1 was labelled as Uni-Directionality 

Communication and Factor 2 ï Bi-Directionality Communication, see Table 4.9 in 

Chapter 4. 

 

5.2.8. EFA results for Level of Guanxi (LOG) 

 A visual inspection of the correlation matrix for LOG was conducted and 

most of the correlation values were above the suggested threshold of 0.3 and were 

thus acceptable. The commonalities for four items ranged from .681 to .851 which 

were all above the suggested threshold of 0.3.  Bartlettôs test suggested that the data 
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were suitable for an EFA, chi square (6) = 116.966, p <.000, and the KaiserïMeyerï

Olkin measure indicated that there was an adequate sample size for this specific 

analysis (.605).  A KMO value of 0.50 is considered suitable and the Bartlett's Test 

of Sphericity at p< 0.05.  

A two-factor structure was identified based on scree plot and eigen values > 1. 

The factor structure is depicted in the pattern matrix for the construct LOG, which 

explained 76% percent of the cumulative variance for the measure, factor 1 

accounted for 50% and factor 2 accounted for 25% respectively.  No items were 

dropped from this EFA because all the factor loadings on Factor 1 ranged from .795 

to .964 and on Factor 2 ranged from .800 to .874. Factor 1 was labelled as Emotional 

Guanxi and Factor 2 ï Instrumental Guanxi, see Table 4.10 in Chapter 4. 

 

 

5.3. Multiple Regression Results to Test the Relationships for Each  

Hypothesis in Power-Relationship Framework 

In this section, multiple regression was used to test the hypotheses that 

coercive sources of power will increase: manufacturer - distributor satisfaction; non-

coercive sources of power will decrease manufacturer - distributor satisfaction; 

coercive sources of power will increase manufacturer - distributor conflict; non-

coercive sources of power will decrease manufacturer - distributor conflict. The 

dependent variable was the satisfaction/conflict index and the independent variables 

were the items made up of coercive/non-coercive sources. As reliability of scales is 

checked and shown above, good Cronbach alpha values suggest good internal 

consistency reliability for the scale which means they are all measuring the same 

underlying construct. Therefore, the items listed in the table above are used to test 

the relationships. 
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5.3.1. Results for the Relationship between Manufacturersô Use of Coercive Power 

and Distributorsô Satisfaction 

 

5.3.1.1. Regression 1 M
CP

 and SAT  

The result shows that the relationship between manufacturersô use of coercive 

power (M
CP

, independent variable) and distributorsô satisfaction (SAT, dependent 

variable) was statistically significant. In this case, p = .000  which is less than .05 

which suggests the independent variables M
CP

 made a statistically significant unique 

contribution to the prediction of satisfaction. In other words, the model is 

significantly better at predicting the change in satisfaction scores than having no 

model. The relevant output generated from SPSS for M
CP

 and SAT was provided in 

Appendix II. 

The Model Summary in Appendix II  provides important information about 

the regression model: R = .296 is the value of the multiple correlation coefficient 

between the independent variablesðmanufacturersô use of coercive power (M
CP

) 

and the dependent variableðdistributorsô satisfaction (SAT).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.088). This means that the independent 

variablesðmanufacturersô use of coercive power (M
CP

) accounts for 8.8% of the 

variation in distributorsô satisfaction (SAT). 

A standardised beta coefficients value of -.296 (P < .05) indicates that a 

change of one standard deviation in manufacturersô use of coercive power will result 

in a negative change of .296 standard deviations in distributors' satisfaction. This 

indicates that as M
CP

 increases it has a resultant negative effect on distributorsô 

satisfaction. 
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The Durbin-Watson value is 1.614 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.1.2. Regression 2 SOE
CP

 and SOE
SAT

  

The result shows that the relationship between SOEsô use of coercive power 

(SOE
CP
, independent variable) and distributorsô satisfaction on SOE (SOE

SAT
, 

dependent variable) was statistically significant. In this case, p = .035  which is less 

than .05 which suggests the independent variables SOE
CP

 made a statistically 

significant unique contribution to the prediction of satisfaction. Thus, the model is 

significantly better at predicting the change in satisfaction scores than having no 

model. The relevant output generated from SPSS for SOE
CP

 and SOE
SAT

 was 

provided in Appendix II. 

R = .245 is the value of the multiple correlation coefficient between the 

independent variablesðSOEsô use of coercive power (SOE
CP

) and the dependent 

variableðdistributorsô satisfaction on SOEs (SOE
SAT

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.060). This means that the independent 

variablesðSOEsô use of coercive power (SOE
CP

) accounts for 6% of the variation in 

distributorsô satisfaction on SOEs (SOE
SAT

). 

A standardised beta coefficients value of -.245 (P < .05) indicates that a 

change of one standard deviation in SOEsô use of coercive power will result in a 

negative change of .245 standard deviations in distributors' satisfaction on SOEs. 

This indicates that as SOE
CP

 increases it has a resultant negative effect on 

distributorsô satisfaction on SOEs. 
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The Durbin-Watson value is 1.404 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.1.3. Regression 3 POE
CP 

and POE
SAT

  

The result shows that the relationship between POEsô use of coercive power 

(POE
CP
, independent variable) and distributorsô satisfaction on POE (POE

SAT
, 

dependent variable) was statistically significant. In this case, p = .004  which is less 

than .05 which suggests the independent variables POE
CP

 made a statistically 

significant unique contribution to the prediction of satisfaction. This means that the 

model is significantly better at predicting the change in satisfaction scores than 

having no model. The relevant output generated from SPSS for POE
CP

 and POE
SAT

 

was provided in Appendix II. 

R = .335 is the value of the multiple correlation coefficient between the 

independent variablesðPOEsô use of coercive power (POE
CP

) and the dependent 

variableðdistributorsô satisfaction on POEs (POE
SAT

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.112). In other words, the independent 

variablesðPOEsô use of coercive power (POE
CP

) accounts for 11.2% of the 

variation in distributorsô satisfaction on POEs (POE
SAT

). 

A standardised beta coefficients value of -.335 (P < .05) indicates that a 

change of one standard deviation in POEsô use of coercive power will result in a 

negative change of .335 standard deviations in distributors' satisfaction on POEs. 

This indicates that, as POE
CP

 increases, it has a resultant negative effect on 

distributorsô satisfaction on POEs. 
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The Durbin-Watson value is 1.844 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.2. Results for the Relationship between Manufacturersô Use of Non-Coercive 

Power and Distributorsô Satisfaction 

The author ran multiple regressions tests for each of the factors hypothesised 

in the Power-Relationship Framework, see Table 2.3. The first multiple regression 

was conducted to test the relationship between manufacturersô use of non-coercive 

power (M
NCP

) and satisfaction (SAT) by utilising average factors scores for all 148 

cases inclusive of the 74 cases from SOEs and 74 cases from POEs. This was done 

to ensure all cases share the same variance as well as examine the hypothesised 

relationships proposed in the study. The author ran a second regression on SOEôs use 

of non-coercive power (SOE
NCP

) and SOEôs satisfaction (SOE
SAT

) using average 

factors scores for 74 SOE cases. Similarly, a third regression was run to test POEôs 

use of non-coercive power (POE
NCP
) and POEôs satisfaction (POE

SAT
) using average 

factors scores for 74 POE cases. 

 

5.3.2.1. Regression 1 M
NCP

 and SAT 

The ANOVA table provides information on the overall fit of the regression 

model and whether or not the model has improved the ability to predict the 

dependent variable. The result shows that the relationship between M
NCP

 

(independent variable) and SAT (dependent variable) was statistically significant. In 

this case, p = .000  which is less than .05 which suggests the independent variables 

M
NCP

 made a statistically significant unique contribution to the prediction of 
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satisfaction. This means that the model is significantly better at predicting the change 

in empowerment scores than having no model. The example provided below 

demonstrates the relevant output generated by SPSS for regression analysis. 

 

Regression results for M
NCP

 and SAT 

 

Model Summaryb 

Model R R Square Adjusted R 

Square 

Std. Error of the 

Estimate 

Durbin-Watson 

1 .297a .088 .082 .68530 1.587 

a. Predictors: (Constant), Average Factor Scores MNCP 

b. Dependent Variable: Average Factor Scores SAT 

 

 

ANOVA a 

Model Sum of Squares df Mean Square F Sig. 

1 

Regression 6.637 1 6.637 14.132 .000b 

Residual 68.568 146 .470 
  

Total 75.205 147 
   

a. Dependent Variable: Average Factor Scores SAT 

b. Predictors: (Constant), Average Factor Scores MNCP 

 

Coefficientsa 

Model Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. Correlations 

B Std. Error Beta Zero-order Partial Part 

 
(Constant) 

-1.010E-

016 
.056 

 

.000 1.000 

   

AVGNCPFSall .265 .070 .297 3.759 .000 .297 .297 .297 

a. Dependent Variable: Average Factor Scores SAT 

 

Figure A. An example of a regression model SPSS Output 
 

The Model Summary table provides important information about the 

regression model: R = .297 is the value of the multiple correlation coefficient 

between the independent variablesðmanufacturersô use of non-coercive power 

(M
NCP

) and the dependent variableðdistributorsô satisfaction (SAT).  
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R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.08). This means that the independent 

variablesðmanufacturersô use of non-coercive power (M
NCP

) accounts for 8.8% of 

the variation in distributorsô satisfaction (SAT).   

Adjusted R Square (R2) is a measure of how well the model generalises and 

is the value mostly reported in regression analysis. M
NCP

 explain 8.2% of the 

variance in overall distributorsô satisfaction (SAT).  

A Beta value is a measure how strongly each independent variable influences 

the dependent variable, which derives the value from the coefficient table. The 

standardised Beta coefficients give a measure of the contribution of each variable to 

the model. A large value indicates that a unit change in this independent variable has 

a large effect on the dependent variable. The t and Sig (p) values give a rough 

indication of the impact of each independent variable. A big t value and small p 

value suggests that an independent variable is having a large impact on the 

dependent variable. In the case above, a standardised beta coefficients value of .297 

(P =.000, less than .05) indicates that a change of one standard deviation in the non-

coercive sources of power used by manufacturers will result in a positive change 

of .297 standard deviations in distributors' satisfaction. This indicates that as M
NCP

 

increases it has a resultant positive effect on distributorsô satisfaction.  

The author used the Durbin-Watson test to detect possible autocorrelation, 

which is a problem when running multiple regressions. Autocorrelation occurs when 

adjacent observations correlate, a condition that is not desirable. The Durbin-Watson 

statistic can range from 0 to 4, but a value of approximately 2 is desirable to indicate 

no correlation between residuals (Field 2009). The Durbin-Watson value is 1.587, 
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which is within the suggested range. Since the value is close to 2, it can be accepted 

that there is the independence of errors (residuals). 

 

5.3.2.2. Regression 2 SOE
NCP

 and SOE
SAT

 

 

The result shows that the relationship between SOE
NCP

 (independent 

variable) and SOE
SAT

 (dependent variable) was statistically significant. In this case, 

p = .032  which is less than .05 which suggests the independent variables SOEsô use 

of non-coercive power made a statistically significant unique contribution to the 

prediction of SOEsô satisfaction. The relevant output generated from SPSS for 

SOE
NCP

 and SOE
SAT

 was provided in Appendix II . 

R = .250 is the value of the multiple correlation coefficient between the 

independent variablesðSOEsô use of non-coercive power (SOE
NCP

) and the 

dependent variableðdistributorsô satisfaction on SOEs (SOE
SAT

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.063). This means that the independent 

variablesðSOEsô use of non-coercive power (SOE
NCP

) accounts for 6.3% of the 

variation in distributorsô satisfaction (SOE
SAT

).   

A standardised beta coefficients value of .250 (P < .05) indicates that a 

change of one standard deviation in the non-coercive sources of power used by SOEsô 

will result in a positive change of .297 standard deviations in distributors' satisfaction 

on SOEs. This indicates that as SOE
NCP

 increases it has a resultant positive effect on 

distributorsô satisfaction on SOEs (SOE
SAT

).  

The Durbin-Watson value is 1.341, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 
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5.3.2.3. Regression 3 POE
NCP

 and POE
SAT

 

 

The result reveals that the relationship between POE
NCP

 (independent 

variable) and POE
SAT

 (dependent variable) was statistically significant. In this case, 

p = .003  which is less than .05 which suggests the independent variables POEsô use 

of non-coercive power made a statistically significant unique contribution to the 

prediction of POEsô satisfaction. The relevant output generated from SPSS for 

POE
NCP

 and POE
SAT

 was provided in Appendix II . 

R = .339 is the value of the multiple correlation coefficient between the 

independent variablesðPOEsô use of non-coercive power (POE
NCP

) and the 

dependent variableðdistributorsô satisfaction on POEs (POE
SAT

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.115). Therefore, the independent 

variablesðPOEsô use of non-coercive power (POE
NCP

) accounts for 11.5% of the 

variation in distributorsô satisfaction (POE
SAT

).   

A standardised beta coefficients value of .339 (P < .05) indicates that a 

change of one standard deviation in the non-coercive sources of power used by POEsô 

will result in a positive change of .339 standard deviations in distributors' satisfaction 

on POEs. This indicates that as POE
NCP

 increases it has a resultant positive effect on 

distributorsô satisfaction on POEs (POE
SAT

).  

The Durbin-Watson value is 1.885 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 
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5.3.3. Results for the Relationship between Manufacturersô Use of Coercive Power 

with Distributorsô Level of Conflict 

5.3.3.1. Regression 1 M
CP

 and LOCF 

The result shows that the relationship between manufacturersô use of coercive 

power (M
CP
, independent variable) and distributorsô level of conflict (LOCF, 

dependent variable) was statistically significant. In this case, p = .003  which is less 

than .05 which suggests the independent variables M
CP

 made a statistically 

significant unique contribution to predicting  the level of conflict. This means that 

the model is significantly better at predicting the change in conflict scores than 

having no model. The relevant output generated from SPSS for M
CP

 and LOCF was 

provided in Appendix II . 

The Model Summary table in Appendix II  provides important information 

about the regression model: R = .240 is the value of the multiple correlation 

coefficient between the independent variablesðmanufacturersô use of coercive 

power (M
CP

) and the dependent variableðdistributorsô level of conflict (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.058). In other words, the independent 

variablesðmanufacturersô use of coercive power (M
CP

) accounts for 5.8% of the 

variation in distributorsô level of conflict (LOCF). 

A standardised beta coefficients value of .240 (P < .05) indicates that a 

change of one standard deviation in manufacturersô use of coercive power will result 

in a positive change of .240 standard deviations in distributors' level of conflict. This 

indicates that as M
CP

 increases it has a resultant positive effect on distributorsô level 

of conflict. 
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The Durbin-Watson value is 1.400 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.3.2. Regression 2 SOE
CP

 and SOE
LOCF

 

The result shows that the relationship between SOEsô use of coercive power 

(SOE
CP
, independent variable) and distributorsô level of conflict with SOEs 

(SOE
LOCF

, dependent variable) was statistically insignificant. In this case, p = .169 

which is greater than .05 which suggests that the independent variables of SOEsô use 

of coercive power are not making a statistically significant unique contribution to the 

prediction of the conflict level. The relevant output generated from SPSS for SOE
CP

 

and SOE
LOCF

 was provided in Appendix II . 

 

5.3.3.3. Regression 3 POE
CP

 and POE
LOCF

 

The result shows that the relationship between POEsô use of coercive power 

(POE
CP

, independent variable) and distributorsô level of conflict with POEs 

(POE
LOCF

, dependent variable) was statistically significant. In this case, p = .003  

which is less than .05 which suggests the independent variables POE
CP

 made a 

statistically significant unique contribution to predicting the conflict level. Thus, the 

model is significantly better at predicting the change in conflict scores than having 

no model. The relevant output generated from SPSS for POE
CP

 and POE
LOCF

 was 

provided in Appendix II . 

R = .340 is the value of the multiple correlation coefficient between the 

independent variablesðPOEsô use of coercive power (POE
CP

) and the dependent 

variableðdistributorsô level of conflict with POEs (POE
LOCF

).  
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R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.116). This means that the independent 

variablesðPOEsô use of coercive power (POE
CP

) accounts for 11.6% of the 

variation in distributorsô level of conflict with POEs (POE
LOCF

). 

A standardised beta coefficients value of .340 (P < .05) indicates that a 

change of one standard deviation in POEsô use of coercive power will result in a 

positive change of .340 standard deviations in distributors' level of conflict with 

POEs. This indicates that as POE
CP

 increases, it has a resultant positive effect on 

distributorsô level of conflict with POEs. 

The Durbin-Watson value is 1.442 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is independence of errors 

(residuals). 

 

5.3.4. Results for the Relationship between Manufacturersô Use of Non-Coercive 

Power with the Level of Conflict 

5.3.4.1. Regression 1 M
NCP

 and LOCF 

The result shows that the relationship between manufacturersô use of non-

coercive power (M
NCP

, independent variable) and distributorsô level of conflict 

(LOCF, dependent variable) was statistically significant. In this case, p = .000  which 

is less than .05 which suggests the independent variables M
NCP

 made a statistically 

significant unique contribution to the prediction of the level of conflict. This means 

that the model is significantly better at predicting the change in conflict scores than 

having no model. The relevant output generated from SPSS for M
NCP

 and LOCF was 

provided in Appendix II . 
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The Model Summary in Appendix II  provides important information about 

the regression model: R = .392 is the value of the multiple correlation coefficient 

between the independent variablesðmanufacturersô use of non-coercive power 

(M
NCP

) and the dependent variableðdistributorsô level of conflict (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.154). In other words, the independent 

variablesðmanufacturersô use of non-coercive power (M
NCP

) accounts for 15.4% of 

the variation in distributorsô level of conflict (LOCF). 

A standardised beta coefficients value of -.392 (P < .05) indicates that a 

change of one standard deviation in manufacturersô use of non-coercive power will 

result in a negative change of .392 standard deviations in distributors' level of 

conflict. This indicates that as M
NCP

 increases it has a resultant negative effect on 

distributorsô level of conflict. 

The Durbin-Watson value is 1.250 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.4.2. Regression 2 SOE
NCP

 and SOE
LOCF

 

The result shows that the relationship between SOEsô use of non-coercive 

power (SOE
NCP

, independent variable) and distributorsô level of conflict with SOEs 

(SOE
LOCF

, dependent variable) was statistically significant. In this case, p = .000  

which is less than .05 which suggests the independent variables SOE
NCP

 made a 

statistically significant unique contribution to the prediction of the level of conflict. 

This means that the model is significantly better at predicting the change in conflict 
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scores than having no model. The relevant output generated from SPSS for SOE
NCP

 

and SOE
LOCF

 was provided in Appendix II . 

R = .466 is the value of the multiple correlation coefficient between the 

independent variablesðSOEsô use of non-coercive power (SOE
NCP

) and the 

dependent variableðdistributorsô level of conflict with SOEs (SOE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.217). This means that the independent 

variablesðmanufacturersô use of non-coercive power (SOE
NCP

) accounts for 21.7% 

of the variation in distributorsô level of conflict with SOEs (SOE
LOCF

). 

A standardised beta coefficients value of -.466 (P < .05) indicates that a 

change of one standard deviation in SOEsô use of non-coercive power will result in a 

negative change of .466 standard deviations in distributors' level of conflict with 

SOEs. This indicates that as SOE
NCP

 increases it has a resultant negative effect on 

distributorsô level of conflict with SOEs. 

The Durbin-Watson value is 1.411 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

 

5.3.4.3. Regression 3 POE
NCP

 and POE
LOCF

 

 

The result reveals that the relationship between POEsô use of non-coercive 

power (POE
NCP
, independent variable) and the distributorsô level of conflict with 

POEs (POE
LOCF

, dependent variable) was statistically significant. In this case, p = 

.001  which is less than .05 which suggests the independent variables POE
NCP

 made 

a statistically significant unique contribution to the prediction of the level of conflict. 

This means that the model is significantly better at predicting the change in conflict 
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scores than having no model. The relevant output generated from SPSS for POE
NCP

 

and POE
LOCF

 was provided in Appendix II . 

R = .386 is the value of the multiple correlation coefficient between the 

independent variablesðPOEsô use of non-coercive power (POE
NCP

) and the 

dependent variableðdistributorsô level of conflict with POEs (POE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.149). This means that the independent 

variablesðmanufacturersô use of non-coercive power (POE
NCP

) accounts for 14.9% 

of the variation in distributorsô level of conflict with POEs (POE
LOCF

). 

A standardised beta coefficients value of -.386 (P < .05) indicates that a 

change of one standard deviation in POEsô use of non-coercive power will result in a 

negative change of .386 standard deviations in distributors' level of conflict with 

POEs. This indicates that as POE
NCP

 increases, it has a resultant negative effect on 

distributorsô level of conflict with POEs. 

The Durbin-Watson value is 1.337 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.5. Results for the Relationship between Manufacturersô Level of Conflict with 

Distributorsô Satisfaction  

 
5.3.5.1. Regression 1 LOCF and SAT 

The result shows that the relationship between manufacturersô level of 

conflict (LOCF, independent variable) with distributorsô satisfaction (SAT, 

dependent variable) was statistically significant. In this case, p = .000  which is less 

than .05 which suggests the independent variables LOCF made a statistically 



161 
 

significant unique contribution to the prediction of satisfaction. This means that the 

model is significantly better at predicting the change in satisfaction scores than 

having no model. The relevant output generated from SPSS for LOCF and SAT was 

provided in Appendix II . 

The Model Summary table in Appendix II  provides important information 

about the regression model: R = .288 is the value of the multiple correlation 

coefficient between the independent variablesðmanufacturersô level of conflict 

(M
LOCF

) and the dependent variableðdistributorsô satisfaction (SAT).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.083). This means that the independent 

variablesðmanufacturersô level of conflict (M
LOCF

) accounts for 8.3% of the 

variation in distributorsô satisfaction (SAT). 

A standardised beta coefficients value of -.288 (P < .05) indicates that a 

change of one standard deviation in manufacturersô level of conflict will result in a 

negative change of .288 standard deviations in distributors' satisfaction. This 

indicates that as M
LOCF

 increases it has a resultant negative effect on distributorsô 

satisfaction. 

The Durbin-Watson value is 1.539 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.5.2. Regression 2 SOE
LOCF 

and SOE
SAT

 

The result highlights that the relationship between SOEsô Level of conflict 

(SOE
LOCF
, independent variable) with distributorsô satisfaction on SOEs (SOE

SAT
, 

dependent variable) was statistically significant. In this case, p = .004  which is less 
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than .05 which suggests the independent variables SOE
LOCF

 made a statistically 

significant unique contribution to the prediction of SOE
SAT

. The relevant output 

generated from SPSS for SOE
LOCF

 and SOE
SAT

 was provided in Appendix II . 

R = .329 is the value of the multiple correlation coefficient between the 

independent variablesðSOEsô level of conflict and the dependent variableð

distributorsô satisfaction on SOEs.  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.108). This means that the independent 

variablesðSOEsô level of conflict (SOE
LOCF

) accounts for 10.8% of the variation in 

distributorsô satisfaction (SOE
SAT

).   

A standardised beta coefficients value of -.329 (P < .05) indicates that a 

change of one standard deviation in SOEsô level of conflict will result in a negative 

change of .329 standard deviations in distributors' satisfaction on SOEs. This 

indicates that as SOE
LOCF

 increases, it has a resultant negative effect on distributorsô 

satisfaction on SOEs (SOE
SAT

).  

The Durbin-Watson value is 1.439 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.5.3. Regression 3 POE
LOCF

 and POE
SAT

 

The result demonstrates that the relationship between POEsô level of conflict 

(POE
LOCF

, independent variable) with distributorsô satisfaction on POEs (POE
SAT

, 

dependent variable) was statistically significant. In this case, p = .004  which is less 

than .05 which suggests the independent variables POE
LOCF

 made a statistically 
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significant unique contribution to the prediction of POE
SAT

. The relevant output 

generated from SPSS for POE
LOCF

 and POE
SAT

 was provided in Appendix II . 

R = .319 is the value of the multiple correlation coefficient between the 

independent variablesðPOEsô level of conflict and the dependent variableð

distributorsô satisfaction on POEs.  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.102). This means that the independent 

variablesðPOEsô level of conflict (POE
LOCF

) accounts for 10.8% of the variation in 

distributorsô satisfaction (POE
SAT

).   

A standardised beta coefficients value of -.329 (P < .05) indicates that a 

change of one standard deviation in POEsô level of conflict will result in a negative 

change of .329 standard deviations in distributors' satisfaction on POEs. This 

indicates that as POE
LOCF

 increases it has a resultant negative effect on distributorsô 

satisfaction on POEs (POE
SAT

).  

The Durbin-Watson value is 1.439 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

5.3.6. Results for the Relationship between Manufacturersô Use of Positive Conflict 

Resolution Attitude with Distributorsô Level of Conflict 

5.3.6.1. Regression 1 M
PCRA

 and LOCF 

The result shows that the relationship between manufacturersô use of positive 

conflict resolution attitude (M
PCRA
, independent variable) and distributorsô level of 

conflict (LOCF, dependent variable) was statistically significant. In this case, p = 

.002  which is less than .05 which suggests the independent variables M
PCRA

 made a 
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statistically significant unique contribution to the prediction of the level of conflict. 

This means that the model is significantly better at predicting the change in conflict 

scores than having no model. The relevant output generated from SPSS for M
PCRA

 

and LOCF was provided in Appendix II . 

The Model Summary table in Appendix II provides important information 

about the regression model: R = .249 is the value of the multiple correlation 

coefficient between the independent variablesðmanufacturersô use of positive 

conflict resolution attitude (M
PCRA

) and the dependent variableðdistributorsô level 

of conflict (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.062). This means that the independent 

variablesðmanufacturersô use of positive conflict resolution attitude (M
PCRA

) 

accounts for 6.2% of the variation in distributorsô level of conflict (LOCF). 

A standardised beta coefficients value of -.249 (P < .05) indicates that a 

change of one standard deviation in manufacturersô use of positive conflict 

resolution attitude will result in a negative change of .249 standard deviations in 

distributors' level of conflict. This indicates that as M
PCRA 

increases, it has a resultant 

negative effect on the distributorsô level of conflict. 

The Durbin-Watson value is 1.775, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

5.3.6.2. Regression 2 SOE
PCRA

 and SOE
PCRA

 

The result reveals that the relationship between SOEsô use of positive conflict 

resolution attitude (SOE
PCRA
, independent variable) and the distributorsô level of 
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conflict with SOEs (SOE
LOCF

, dependent variable) was statistically significant. In 

this case, p = .023  which is less than .05 which suggests the independent variables 

SOE
PCRA

 made a statistically significant unique contribution to the prediction of 

conflict level. This means that the model is significantly better at predicting the 

change in conflict scores than having no model. The relevant output generated from 

SPSS for SOE
PCRA

 and SOE
LOCF

 was provided in Appendix II . 

R = .265 is the value of the multiple correlation coefficient between the 

independent variablesðSOEsô use of positive conflict resolution attitude (SOE
PCRA

) 

and the dependent variableðdistributorsô level of conflict with SOEs (SOE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.070). Therefore, the independent 

variablesðSOEsô use of positive conflict resolution attitude (SOE
PCRA

) accounts for 

7% of the variation in distributorsô level of conflict with SOEs (SOE
LOCF

). 

A standardised beta coefficients value of -.265 (P < .05) indicates that a 

change of one standard deviation in SOEsô use of positive conflict resolution attitude 

will result in a negative change of .265 standard deviations in distributors' level of 

conflict with SOEs. This indicates that as SOE
PCRA 

increases it has a resultant 

negative effect on distributorsô level of conflict with SOEs. 

The Durbin-Watson value is 1.773, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

5.3.6.3. Regression 3 POE
PCRA

 and POE
LOCF

 

The result shows that the relationship between POEsô use of positive conflict 

resolution attitude (POE
PCRA
, independent variable) and distributorsô level of conflict 
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with POEs (POE
LOCF

, dependent variable) was statistically significant. In this case, p 

= .030  which is less than .05 which suggests the independent variables POE
PCRA

 

made a statistically significant unique contribution to the prediction of the level of 

conflict. This means that the model is significantly better at predicting the change in 

conflict scores than having no model. The relevant output generated from SPSS for 

POE
PCRA

 and POE
LOCF

 was provided in Appendix II . 

R = .253 is the value of the multiple correlation coefficient between the 

independent variablesðPOEsô use of positive conflict resolution attitude (POE
PCRA

) 

and the dependent variableðdistributorsô level of conflict with POEs (POE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.064). This means that the independent 

variablesðPOEsô use of positive conflict resolution attitude (POE
PCRA

) accounts for 

6.4% of the variation in distributorsô level of conflict with POEs (POE
LOCF

). 

A standardised beta coefficients value of -.253 (P < .05) indicates that a 

change of one standard deviation in POEsô use of positive conflict resolution attitude 

will result in a negative change of .253 standard deviations in distributors' level of 

conflict with POEs. This indicates that as POE
PCRA 

increases it has a resultant 

negative effect on the distributorsô level of conflict with POEs. 

The Durbin-Watson value is 1.739, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

5.3.7. The Relationship between LOT and LOFC through the Mediating Variable 

PCRA  

The author ran ree regression tests to test the relationship between 

manufacturersô use of trust with the distributorsô level of conflict through the 
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mediator of positive conflict resolution attitude; SOEôs use of trust with the 

distributorsô level of conflict through the mediator of positive conflict resolution 

attitude; and POEôs use of trust with the distributorsô level of conflict through the 

mediator of positive conflict resolution attitude;  

Within each test, a four-step casual approach was followed to test the 

significance to and relationship with trust and positive conflict resolution attitude 

(Path a/step a); PCRV and conflict (path b/ step b); trust and conflict (path c/ step c); 

trust, PCRV and conflict (path cô/ step cô). 

 

5.3.7.1. Regression 1 LOTðPCRAðLOCF   

step a  

The result shows that the relationship between distributorsô level of trust with 

manufacturers (LOT, independent variable) and positive conflict resolution attitude 

with manufacturers (PCRA, dependent variable) was statistically significant. In this 

case, p = .000, which is less than .05; thereby suggesting the independent variables 

LOT made a statistically significant unique contribution to the prediction of PCRA. 

This means that the model is significantly better at predicting the change in PCRA 

scores than having no model. The relevant output generated from SPSS for LOT and 

PCRA was provided in Appendix II . 

The Model Summary table in Appendix II  provides important information 

about the regression model: R = .403 is the value of the multiple correlation 

coefficient between the independent variablesð distributorsô level of trust with 

manufacturers (LOT) and the dependent variableðdistributorsô PCRA with 

manufacturers (PCRA).  
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R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.162). Thus, the independent 

variablesð distributorsô level of trust with manufacturers (LOT) accounts for 16.2% 

of the variation in distributorsô PCRA with manufacturers. 

A standardised beta coefficients value of .403 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with manufacturers 

will result in a positive change of .403 standard deviations in distributorsô PCRA 

with manufacturers. This indicates that as LOT
 
increases, it has a resultant positive 

effect on distributorsô PCRA with manufacturers. 

The Durbin-Watson value is 1.820, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step b 

The result shows that the relationship between positive conflict resolution 

attitude with manufacturers (PCRA, independent variable) and distributorsô level of 

conflict with manufacturers (LOCF, dependent variable) was statistically significant. 

In this case, p = .002  which is less than .05; thereby suggesting the independent 

variables PCRA made a statistically significant unique contribution to the prediction 

of LOCF. This means that the model is significantly better at predicting the change 

in LOCF scores than having no model. The relevant output generated from SPSS for 

PCRA and LOCF was provided in Appendix II . 

R = .249 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with manufacturers 
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(PCRA) and the dependent variableð distributorsô level of conflict with 

manufacturers (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.062). In other words, the independent 

variablesð positive conflict resolution attitude with manufacturers (PCRA) accounts 

for 6.2% of the variation in the distributorsô level of conflict with manufacturers 

(LOCF). 

A standardised beta coefficients value of -.249 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with 

manufacturers will result in a negative change of .249 standard deviations in 

distributorsô level of conflict with manufacturers. This indicates that as PCRA
 

increases, it has a resultant negative effect on distributorsô LOCF with 

manufacturers. 

The Durbin-Watson value is 1.775, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step c 

The result shows that the relationship between distributorsô level of trust with 

manufacturers (LOT, independent variable) and distributorsô level of conflict with 

manufacturers (LOCF, dependent variable) was statistically significant. In this case, 

p = .000  which is less than .05 which suggests the independent variables LOT made 

a statistically significant unique contribution to the prediction of LOCF. This means 

that the model is significantly better at predicting the change in LOCF scores than 
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having no model. The relevant output generated from SPSS for LOT and LOCF was 

provided in Appendix II . 

R = .300 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of trust with manufacturers (LOT) and 

the dependent variableðdistributorsô level of conflict with manufacturers (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.090). This means that the independent 

variablesð distributorsô level of trust with manufacturers (LOT) accounts for 9% of 

the variation in distributorsô LOCF with manufacturers. 

A standardised beta coefficients value of -.300 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with manufacturers 

will result in a negative change of .300 standard deviations in distributorsô LOCF 

with manufacturers. This indicates that as LOT
 
increases, it has a resultant negative 

effect on distributorsô LOCF with manufacturers. 

The Durbin-Watson value is 1.343, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is independence of errors 

(residuals). 

 

Step ŎΩ 

The result from path cô shows that the distributorsô level of trust with 

manufacturers (LOT) is making statistically significant unique contribution to the 

prediction of the dependent variable, (LOCF) through mediation (PCRA). In this 

case, p = .000  which is less than .05; thereby suggesting the independent variables 

LOT made a statistically significant unique contribution to the prediction of LOCF 
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through mediation (PCRA). The relevant output generated from SPSS for LOT and 

LOCF through mediation (PCRA) is provided in Appendix II . 

R = .331 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of trust with manufacturers (LOT) and 

the dependent variableðdistributorsô level of conflict with manufacturers (LOCF) 

through mediation (PCRA) 

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.109). This means that the independent 

variablesð distributorsô level of trust with manufacturers (LOT) accounts for 10.9% 

of the variation in distributorsô LOCF with manufacturers through mediation 

(PCRA) 

A standardised beta coefficients value of -.238 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with manufacturers 

will result in a negative change of .238 standard deviations in distributorsô LOCF 

with manufacturers through mediation PCRA. This indicates that as LOT
 
increases it 

has a resultant negative effect on the distributorsô LOCF with manufacturers through 

mediation (PCRA). 

The Durbin-Watson value is 1.326 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

To conclude, in this case, all the p value for path a, b and c is significant. By 

comparing the beta coefficients, the b value for path c is -.300 and the b value for 

path cô is -.238. This suggests that a unit increase in trust will result in a decrease 

of .300 in the level of conflict for path c; whereas a unit increase in communication 

will result in a decrease of .238 in the level of conflict for path cô. Therefore, there is 
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mediation as communication has a greater impact on the level of conflict for path c 

than path cô when introducing PCRA. The effect of communication on the level of 

conflict is significant in the analysis of path cô, partial mediation is demonstrated.  

 

5.3.7.2. Regression 2 SOE
LOT

 ï MED
SOEPCRA 

ï SOE
LOCF

  

step a 

The result shows that the relationship between distributorsô level of trust with 

SOEs (SOE
LOT

, independent variable) and positive conflict resolution attitude with 

SOEs (SOE
PCRA

, dependent variable) was statistically significant. In this case, p = 

.001  which is less than .05; thereby suggesting the independent variables SOE
LOT

 

made a statistically significant unique contribution to the prediction of SOE
PCRA

. 

This means that the model is significantly better at predicting the change in SOE
PCRA

 

scores than having no model. The relevant output generated from SPSS for SOE
LOT

 

and SOE
PCRA

 was provided in Appendix II. 

R = .394 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of trust with SOEs (SOE
LOT

) and the 

dependent variableðdistributorsô PCRA with SOEs (SOE
PCRA

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.155). This means that the independent 

variablesð distributorsô level of trust with SOEs (SOE
LOT

) accounts for 15.5% of 

the variation in distributorsô PCRA with SOEs (SOE
PCRA

). 

A standardised beta coefficients value of .394 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with SOEs will result 

in a positive change of .394 standard deviations in distributorsô PCRA with SOEs. 
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This indicates that as SOE
LOT 

increases, it has a resultant positive effect on 

distributorsô PCRA with SOEs. 

The Durbin-Watson value is 1.830, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step b 

The result reveal that the relationship between positive conflict resolution 

attitude with SOEs (SOE
PCRA
, independent variable) and the distributorsô level of 

conflict with SOEs (SOE
LOCF

, dependent variable) is statistically significant. In this 

case, p = .023 which is less than .05; thereby suggesting the independent variables 

SOE
PCRA

 made a statistically significant unique contribution to the prediction of 

SOE
LOCF

. Therefore, the model is significantly better at predicting the change in 

SOE
LOCF

 scores than having no model. The relevant output generated from SPSS for 

SOE
PCRA

 and SOE
LOCF

 was provided in Appendix II. 

R = .265 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with SOEs (SOE
PCRA

) 

and the dependent variableð distributorsô level of conflict with SOEs (SOE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.070). This means that the independent 

variablesð positive conflict resolution attitude with SOEs (SOE
PCRA

) accounts for 7% 

of the variation in distributorsô level of conflict with SOEs (SOE
LOCF

). 

A standardised beta coefficients value of -.265 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with SOEs 

will result in a negative change of .265 standard deviations in distributorsô level of 
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conflict with SOEs. This indicates that as SOEsô PCRA
 
increases it has a resultant 

negative effect on distributorsô LOCF with SOEs. 

The Durbin-Watson value is 1.773, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step c 

The result reveals that the relationship between distributorsô level of trust 

with SOEs (SOE
LOT
, independent variable) and distributorsô level of conflict with 

SOEs (SOE
LOCF

, dependent variable) is statistically significant. In this case, p = .007  

which is less than .05, thereby suggesting the independent variables SOE
LOT

 made a 

statistically significant unique contribution to the prediction of SOE
LOCF

. This means 

that the model is significantly better at predicting the change in SOE
LOCF

 scores than 

having no model. The relevant output generated from SPSS for SOE
LOT

 and 

SOE
LOCF

 is provided in Appendix II. 

R = .310 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of trust with SOEs (SOE
LOT

) and the 

dependent variableðdistributorsô level of conflict with SOEs (SOE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.096). Thus, the independent 

variablesð distributorsô level of trust with SOEs (SOE
LOT

) accounts for 9.6% of the 

variation in the distributorsô LOCF with SOEs (SOE
LOCF

). 

A standardised beta coefficients value of -.310 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with SOEs will result 

in a negative change of .310 standard deviations in distributorsô LOCF with SOEs. 
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This indicates that as SOE
LOT 

increases, it has a resultant negative effect on 

distributorsô LOCF with SOEs. 

The Durbin-Watson value is 1.493, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step ŎΩ 

The result from path cô shows that the distributorsô level of trust with SOEs 

(SOE
LOT

) is making statistically significant unique contribution to the prediction of 

the dependent variable, (SOE
LOCF

) through mediation (SOE
PCRA

). In this case, p = 

.011 which is less than .05; thereby suggesting the independent variables SOE
LOT

 

made a statistically significant unique contribution to the prediction of SOE
LOCF

 

through mediation (SOE
PCRA

). The relevant output generated from SPSS for SOE
LOT

 

and SOE
LOCF

 through mediation (SOE
PCRA

) is provided in Appendix II. 

R = .347 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of trust with SOEs (SOE
LOT

) and the 

dependent variableðdistributorsô level of conflict with SOEs (SOE
LOCF

) through 

mediation (SOE
PCRA

) 

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.120). This means that the independent 

variablesð distributorsô level of trust with SOEs (SOE
LOT

) accounts for 12% of the 

variation in distributorsô LOCF with SOEs (SOE
LOCF

) through mediation (SOE
PCRA

) 

A standardised beta coefficients value of -.244 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with SOEs will result 

in a negative change of .244 standard deviations in distributorsô LOCF with SOEs 
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through mediation PCRA. This indicates that as SOE
LOT 

increases it has a resultant 

negative effect on distributorsô SOE
LOCF 

with SOEs through mediation (PCRA). 

The Durbin-Watson value is 1.441, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

In this case, all the p value for path a, b and c is significant. By comparing the 

beta coefficients, the b value for path c is -.310 and the b value for path cô is -.244. 

This suggests that a unit increase in SOEsô use of communication will result in a 

decrease of .310 in the level of conflict for path c; whereas a unit increase in SOEsô 

use of communication will result in a decrease of .244 in the level of conflict for path 

cô. Therefore, there is mediation as communication has a greater impact on the level 

of conflict for path c than path cô when introducing PCRA. The effect of trust on the 

level of conflict is significant (p = .048) in the analysis of path cô; thereby 

demonstrating partial mediation.  

 

5.3.7.3. Regression 3 POE
LOT

 ï MED
POEPCRA 

ï POE
LOCF

 

step a 

The result shows that the relationship between distributorsô level of trust with 

POEs (POE
LOT

, independent variable) and positive conflict resolution attitude with 

POEs (POE
PCRA

, dependent variable) was statistically significant. In this case, p = 

.000  which is less than .05 which suggests the independent variables POE
LOT

 made 

a statistically significant unique contribution to the prediction of POE
PCRA

. This 

means that the model is significantly better at predicting the change in POE
PCRA

 

scores than having no model. The relevant output generated from SPSS for POE
LOT

 

and POE
PCRA

 was provided in Appendix II. 
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R = .414 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of trust with POEs (POE
LOT

) and the 

dependent variableðdistributorsô PCRA with POEs (POE
PCRA

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.172). This means that the independent 

variablesð distributorsô level of trust with POEs (POE
LOT

) accounts for 17.2% of 

the variation in distributorsô PCRA with POEs (POE
PCRA

). 

A standardised beta coefficients value of .414 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with POEs will result 

in a positive change of .414 standard deviations in distributorsô PCRA with POEs. 

This indicates that as POE
LOT 

increases, it has a resultant positive effect on 

distributorsô PCRA with POEs. 

The Durbin-Watson value is 1.810, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step b 

The result reveals that the relationship between positive conflict resolution 

attitude with POEs (POE
PCRA
, independent variable) and distributorsô level of 

conflict with POEs (POE
LOCF

, dependent variable) was statistically significant. In 

this case, p = .030  which is less than .05 which suggests the independent variables 

POE
PCRA

 made a statistically significant unique contribution to the prediction of 

POE
LOCF

. Therefore, the model is significantly better at predicting the change in 

POE
LOCF

 scores than having no model. The relevant output generated from SPSS for 

POE
PCRA

 and POE
LOCF

 is provided in Appendix II. 
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R = .253 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with POEs (POE
PCRA

) 

and the dependent variableð distributorsô level of conflict with POEs (POE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.064). This means that the independent 

variablesð positive conflict resolution attitude with POEs (POE
PCRA

) accounts for 

6.4% of the variation in the distributorsô level of conflict with POEs (POE
LOCF

). 

A standardised beta coefficients value of -.253 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with POEs 

will result in a negative change of .253 standard deviations in distributorsô level of 

conflict with POEs. This indicates that as POEsô PCRA
 
increases it has a resultant 

negative effect on distributorsô LOCF with POEs. 

The Durbin-Watson value is 1.739 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

Step c 

The result highlight that the relationship between distributorsô level of trust 

with POEs (POE
LOT
, independent variable) and distributorsô level of conflict with 

POEs (POE
LOCF

, dependent variable) was statistically significant. In this case, p = 

.019  which is less than .05 which suggests the independent variables POE
LOT

 made 

a statistically significant unique contribution to the prediction of POE
LOCF

. In other 

words, the model is significantly better at predicting the change in POE
LOCF

 scores 

than having no model. The relevant output generated from SPSS for POE
LOT

 and 

POE
LOCF

 is provided in Appendix II. 



179 
 

R = .273 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of trust with POEs (POE
LOT

) and the 

dependent variableðdistributorsô level of conflict with POEs (POE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.075). This means that the independent 

variablesð distributorsô level of trust with POEs (POE
LOT

) accounts for 7.5% of the 

variation in distributorsô LOCF with POEs (POE
LOCF

). 

A standardised beta coefficients value of -.273 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with POEs will result 

in a negative change of .273 standard deviations in distributorsô LOCF with POEs. 

This indicates that as POE
LOT 

increases it has a resultant negative effect on 

distributorsô LOCF with POEs. 

The Durbin-Watson value is 1.369, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step ŎΩ 

The result from path cô shows that the distributorsô level of trust with POEs 

(POE
LOT

) is making statistically significant unique contribution to the prediction of 

the dependent variable, (POE
LOCF

) through mediation (POE
PCRA

). In this case, p = 

.026  which is less than .05 which suggests the independent variables POE
LOT

 made 

a statistically significant unique contribution to the prediction of SOE
LOCF

 through 

mediation (POE
PCRA

). The relevant output generated from SPSS for POE
LOT

 and 

POE
LOCF

 through mediation (POE
PCRA

) is provided in Appendix II. 



180 
 

R = .313 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of trust with POEs (POE
LOT

) and the 

dependent variableðdistributorsô level of conflict with POEs (POE
LOCF

) through 

mediation (POE
PCRA

) 

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.098). This means that the independent 

variablesð distributorsô level of trust with POEs (POE
LOT

) accounts for 9.8% of the 

variation in distributorsô LOCF with POEs (SOE
LOCF

) through mediation (POE
PCRA

) 

A standardised beta coefficients value of -.203 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of trust with POEs will result 

in a negative change of .203 standard deviations in distributorsô LOCF with POEs 

through mediation PCRA. This indicates that as POE
LOT 

increases it has a resultant 

negative effect on distributorsô POE
LOCF 

with POEs through mediation (PCRA). 

The Durbin-Watson value is 1.377, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

To conclude, in this case, all the p value for path a, b and c is significant. By 

comparing the beta coefficients, the b value for path c is -.273 and the b value for 

path cô is -.203, suggesting that a unit increase in POEsô use of trust will result in a 

decrease of .273 in the level of conflict for path c, whereas a unit increase in POEsô 

use of trust will result in a decrease of .203 in the level of conflict for path cô. 

Therefore, there is mediation as trust has a greater impact on the level of conflict for 

path c than path cô when introducing PCRA. The effect of trust on the level of 

conflict becomes insignificant (p = .105 > .05) in the analysis of path cô, full 

mediation is demonstrated. That is, the mediating variable mediates all of the effects. 
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5.3.8. The Relationship between FOCM and LOCF through the Mediating Variable 

PCRA 

The author ran three regression tests to test the relationship between 

manufacturersô use of communication with distributorsô level of conflict through the 

mediator of positive conflict resolution attitude; SOEôs use of communication with 

the distributorsô level of conflict through the mediator of positive conflict resolution 

attitude; and POEôs use of communication with the distributorsô level of conflict 

through the mediator of positive conflict resolution attitude;  

Within each test, a four-step casual approach was followed to test the significance to 

and relationship with communication and positive conflict resolution attitude (Path 

a/step a); PCRV and conflict (path b/ step b); communication and conflict (path c/ 

step c); communication, PCRV and conflict (path cô/ step cô). 

 

5.3.8.1. Regression 1 FOCM ðPCRAðLOCF    

Step a  

The result reveals that the relationship between distributorsô frequency of 

communication with manufacturers (FOCM, independent variable) and positive 

conflict resolution attitude with manufacturers (PCRA, dependent variable) was 

statistically significant. In this case, p = .000, which is less than .05; thereby 

suggesting the independent variables M
FOCM

 made a statistically significant unique 

contribution to the prediction of PCRA. This means that the model is significantly 

better at predicting the change in PCRA scores than having no model. The relevant 

output generated from SPSS for M
FOCM

 and PCRA is provided in Appendix II. 

The Model Summary table in Appendix II provides important information 

about the regression model: R = .329 is the value of the multiple correlation 
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coefficient between the independent variablesð distributorsô frequency of 

communication with manufacturers (M
FOCM

) and the dependent variableð

distributorsô PCRA with manufacturers (PCRA).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.108). Therefore, the independent 

variablesð distributorsô frequency of communication with manufacturers (M
FOCM

) 

accounts for 10.8% of the variation in distributorsô PCRA with manufacturers 

(PCRA). 

A standardised beta coefficients value of ,329 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

manufacturers will result in a positive change of .329 standard deviations in 

distributorsô PCRA with manufacturers. This indicates that as M
FOCM 

increases it has 

a resultant negative effect on distributorsô PCRA with manufacturers. 

The Durbin-Watson value is 1.726, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step b 

The result demonstrates that the relationship between positive conflict 

resolution attitude with manufacturers (PCRA, independent variable) and 

distributorsô level of conflict with manufacturers (LOCF, dependent variable) was 

statistically significant. In this case, p = .002, which is less than .05; thereby 

suggesting the independent variables PCRA made a statistically significant unique 

contribution to the prediction of LOCF. This means that the model is significantly 
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better at predicting the change in LOCF scores than having no model. The relevant 

output generated by SPSS for PCRA and LOCF is provided in Appendix II. 

R = .249 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with manufacturers 

(PCRA) and the dependent variableð distributorsô level of conflict with 

manufacturers (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.062). Therefore, the independent 

variablesð positive conflict resolution attitude with manufacturers (PCRA) accounts 

for 6.2% of the variation in the distributorsô level of conflict with manufacturers 

(LOCF). 

A standardised beta coefficients value of -.249 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with 

manufacturers will result in a negative change of .249 standard deviations in 

distributorsô level of conflict with manufacturers. This indicates that as PCRA
 

increases it has a resultant negative effect on distributorsô LOCF with manufacturers. 

The Durbin-Watson value is 1.775, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step c 

The result shows that the relationship between distributorsô frequency of 

communication with manufacturers (FOCM, independent variable) and distributorsô 

level of conflict with manufacturers (LOCF, dependent variable) was statistically 

significant. In this case, p = .000  which is less than .05 which suggests the 
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independent variables M
FOCM

 made a statistically significant unique contribution to 

the prediction of LOCF. In other words, the model is significantly better at 

predicting the change in LOCF scores than having no model. The relevant output 

generated by SPSS for M
FOCM

 and LOCF is provided in Appendix II. 

R = .306 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô frequency of communication with 

manufacturers (M
FOCM

) and the dependent variableðdistributorsô level of conflict 

with manufacturers (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.093). This means that the independent 

variablesð distributorsô frequency of communication with manufacturers (M
FOCM

) 

accounts for 9.3% of the variation in distributorsô LOCF with manufacturers. 

A standardised beta coefficients value of -.306 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

manufacturers will result in a negative change of .306 standard deviations in 

distributorsô LOCF with manufacturers. This indicates that as FOCM
 
increases, it 

has a resultant negative effect on distributorsô LOCF with manufacturers. 

The Durbin-Watson value is 1.217, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step ŎΩ 

The result from path cô reveals that the distributorsô frequency of 

communication with manufacturers (FOCM) is making statistically significant 

unique contribution to the prediction of the dependent variable, (LOCF) through 
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mediation (PCRA). In this case, p = .000  which is less than .05; thereby suggesting 

the independent variables FOCM made a statistically significant unique contribution 

to the prediction of LOCF through mediation (PCRA). The relevant output generated 

by SPSS for FOCM and LOCF through mediation (PCRA) is provided in Appendix 

II . 

R = .344 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô frequency of communication with 

manufacturers (FOCM) and the dependent variableðdistributorsô level of conflict 

with manufacturers (LOCF) through mediation (PCRA) 

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.118). Thus, the independent 

variablesð distributorsô frequency of communication with manufacturers (FOCM) 

accounts for 11.8% of the variation in the distributorsô LOCF with manufacturers 

through mediation (PCRA) 

A standardised beta coefficients value of -.251 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

manufacturers will result in a negative change of .251 standard deviations in 

distributorsô LOCF with manufacturers through mediation PCRA. This indicates that 

as FOCM
 
increases it has a resultant negative effect on distributorsô LOCF with 

manufacturers through mediation (PCRA). 

The Durbin-Watson value is 1.231, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

In conclusion all p values for path a, b and c are significant. By comparing 

the beta coefficients, the b value for path c is -.306 and the b value for path cô is -
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.251. This suggests that a unit increase in communication will result in a decrease 

of .306 in the level of conflict for path c; whereas a unit increase in communication 

will result in a decrease of .251 in the level of conflict for path cô. Therefore, there is 

mediation as communication has a greater impact on the level of conflict for path c 

than path cô when introducing PCRA. The effect of communication on the level of 

conflict is significant in the analysis of path cô; thereby demonstrating partial 

mediation.  

 

5.3.8.2. Regression 2 SOE
FOCM

 ï MED
SOEPCRA 

ï SOE
LOCF

 

Step a 

The result shows that the relationship between distributorsô frequency of 

communication with SOEs (SOE
FOCM

, independent variable) and positive conflict 

resolution attitude with SOEs (SOE
PCRA

, dependent variable) was statistically 

significant. In this case, p = .009, which is less than .05; thereby suggesting the 

independent variables SOE
FOCM

 made a statistically significant unique contribution 

to the prediction of SOE
PCRA

. This means that the model is significantly better at 

predicting the change in SOE
PCRA

 scores than having no model. The relevant output 

generated by SPSS for SOE
FOCM

 and SOE
PCRA

 is provided in Appendix II. 

R = .303 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô frequency of communication with SOEs 

(SOE
FOCM

) and the dependent variableðdistributorsô PCRA with SOEs (SOE
PCRA

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.092). This means that the independent 

variablesð distributorsô frequency of communication with SOEs (SOE
FOCM

) 

accounts for 9.2% of the variation in distributorsô PCRA with SOEs (SOE
PCRA

). 
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A standardised beta coefficients value of .303 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

SOEs will result in a positive change of .303 standard deviations in distributorsô 

PCRA with SOEs. This indicates that as SOE
FOCM

 increases it has a resultant 

positive effect on distributorsô PCRA with SOEs. 

The Durbin-Watson value is 1.883 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

Step b 

The result demonstrates that the relationship between positive conflict 

resolution attitude with SOEs (SOE
PCRA
, independent variable) and distributorsô 

level of conflict with SOEs (SOE
LOCF

, dependent variable) was statistically 

significant. In this case, p = .023, which is less than .05; thereby suggesting the 

independent variables SOE
PCRA

 made a statistically significant unique contribution to 

the prediction of SOE
LOCF

. This means that the model is significantly better at 

predicting the change in SOE
LOCF

 scores than having no model. The relevant output 

generated by SPSS for SOE
PCRA

 and SOE
LOCF

 is provided in Appendix II. 

R = .265 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with SOEs (SOE
PCRA

) 

and the dependent variableð distributorsô level of conflict with SOEs (SOE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.070). Therefore, the independent 

variablesð positive conflict resolution attitude with SOEs (SOE
PCRA

) accounts for 7% 

of the variation in the distributorsô level of conflict with SOEs (SOE
LOCF

). 
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A standardised beta coefficients value of -.265 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with SOEs 

will  result in a negative change of .265 standard deviations in distributorsô level of 

conflict with SOEs. This indicates that as SOEsô PCRA
 
increases it has a resultant 

negative effect on distributorsô LOCF with SOEs. 

The Durbin-Watson value is 1.773, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step c 

The result reveals that the relationship between distributorsô frequency of 

communication with SOEs (SOE
FOCM
, independent variable) and distributorsô level 

of conflict with SOEs (SOE
LOCF

, dependent variable) was statistically significant. In 

this case, p = .000, which is less than .05; thereby suggesting the independent 

variables SOE
FOCM

 made a statistically significant unique contribution to the 

prediction of SOE
LOCF

. This means that the model is significantly better at predicting 

the change in SOE
LOCF

 scores than having no model. The relevant output generated 

by SPSS for SOE
FOCM

 and SOE
LOCF

 is provided in Appendix II. 

R = .443 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô frequency of communication with SOEs 

(SOE
FOCM

) and the dependent variableðdistributorsô level of conflict with SOEs 

(SOE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.196). Thus, the independent 
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variablesð distributorsô frequency of communication with SOEs (SOE
FOCM

) 

accounts for 19.6% of the variation in the distributorsô LOCF with SOEs (SOE
LOCF

). 

A standardised beta coefficients value of -.443 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

SOEs will result in a negative change of .443 standard deviations in distributorsô 

LOCF with SOEs. This indicates that as SOE
FOCM

 increases, it has a resultant 

negative effect on distributorsô LOCF with SOEs. 

The Durbin-Watson value is 1.246, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step ŎΩ 

The result from path cô shows that the distributorsô frequency of 

communication with SOEs (SOE
FOCM

) is making statistically significant unique 

contribution to the prediction of the dependent variable, (SOE
LOCF

) through 

mediation (SOE
PCRA

). In this case, p = .000, which is less than .05; thereby 

suggesting the independent variables SOE
FOCM

 made a statistically significant unique 

contribution to the prediction of SOE
LOCF

 through mediation (SOE
PCRA

). The 

relevant output generated by SPSS for SOE
FOCM

 and SOE
LOCF

 through mediation 

(SOE
PCRA

) is provided in Appendix II. 

R = .463 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô frequency of communication with SOEs 

(SOE
FOCM

) and the dependent variableðdistributorsô level of conflict with SOEs 

(SOE
LOCF

) through mediation (SOE
PCRA

) 
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R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.215). This means that the independent 

variablesð distributorsô frequency of communication with SOEs (SOE
FOCM

) 

accounts for 21.5% of the variation in the distributorsô LOCF with SOEs (SOE
LOCF

) 

through mediation (SOE
PCRA

) 

A standardised beta coefficients value of -.399 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

SOEs will result in a negative change of .399 standard deviations in distributorsô 

LOCF with SOEs through mediation PCRA. This indicates that as SOE
FOCM

 

increases it has a resultant negative effect on the distributorsô SOE
LOCF 

with SOEs 

through mediation (PCRA). 

The Durbin-Watson value is 1.203, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

To conclude, in this case, all the p value for path a, b and c is significant. By 

comparing the beta coefficients, the b value for path c is -.443 and the b value for 

path cô is -.399. This suggests that a unit increase in SOEsô use of communication 

will result in a decrease of .443 in the level of conflict for path c; whereas a unit 

increase in SOEsô use of communication will result in a decrease of .399 in the level 

of conflict for path cô. Therefore, there is mediation as communication has a greater 

impact on the level of conflict for path c than path cô when introducing PCRA. The 

effect of communication on the level of conflict is significant in the analysis of path 

cô; thereby demonstrating partial mediation.  

 

5.3.8.3. Regression 3 POE
FOCM

 ï MED
POEPCRA 

ï POE
LOCF
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step a 

The result demonstrates that the relationship between the distributorsô 

frequency of communication with POEs (POE
FOCM

, independent variable) and 

positive conflict resolution attitude with POEs (POE
PCRA

, dependent variable) was 

statistically significant. In this case, p = .001,  which is less than .05; thereby 

suggesting the independent variables POE
FOCM

 made a statistically significant unique 

contribution to the prediction of POE
PCRA

. This means that the model is significantly 

better at predicting the change in POE
PCRA

 scores than having no model. The 

relevant output generated by SPSS for POE
FOCM

 and POE
PCRA

 is provided in 

Appendix II. 

R = .369 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô frequency of communication with POEs 

(POE
FOCM

) and the dependent variableðdistributorsô PCRA with POEs (POE
PCRA

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.136). Therefore, the independent 

variablesð distributorsô frequency of communication with POEs (POE
FOCM

) 

accounts for 13.6% of the variation in the distributorsô PCRA with POEs (POE
PCRA

). 

A standardised beta coefficients value of .369 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

POEs will result in a positive change of .369 standard deviations in distributorsô 

PCRA with POEs. This indicates that as POE
FOCM

 increases it has a resultant 

positive effect on the distributorsô PCRA with POEs. 

The Durbin-Watson value is 1.503, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 
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Step b 

The result demonstrates that the relationship between positive conflict 

resolution attitude with POEs (POE
PCRA
, independent variable) and distributorsô 

level of conflict with POEs (POE
LOCF

, dependent variable) was statistically 

significant. In this case, p = .030, which is less than .05; thereby suggesting the 

independent variables POE
PCRA

 made a statistically significant unique contribution to 

the prediction of POE
LOCF

. Therefore, the model is significantly better at predicting 

the change in POE
LOCF

 scores than having no model. The relevant output generated 

by SPSS for POE
PCRA

 and POE
LOCF

 is provided in Appendix II. 

R = .253 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with POEs (POE
PCRA

) 

and the dependent variableð distributorsô level of conflict with POEs (POE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.064). This means that the independent 

variablesð positive conflict resolution attitude with POEs (POE
PCRA

) accounts for 

6.4% of the variation in distributorsô level of conflict with POEs (POE
LOCF

). 

A standardised beta coefficients value of -.253 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with POEs 

will result in a negative change of .253 standard deviations in the distributorsô level 

of conflict with POEs. This indicates that as POEsô PCRA
 
increases it has a resultant 

negative effect on distributorsô LOCF with POEs. 

The Durbin-Watson value is 1.739, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 
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Step c 

The result shows that the relationship between distributorsô frequency of 

communication with POEs (POE
FOCM
, independent variable) and distributorsô level 

of conflict with POEs (POE
LOCF

, dependent variable) was statistically significant. In 

this case, p = .027, which is less than .05; thereby suggesting the independent 

variables POE
FOCM

 made a statistically significant unique contribution to the 

prediction of POE
LOCF

. Thus, the model is significantly better at predicting the 

change in POE
LOCF

 scores than having no model. The relevant output generated by 

SPSS for POE
FOCM

 and POE
LOCF

 is provided in Appendix II. 

R = .256 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô frequency of communication with POEs 

(POE
FOCM

) and the dependent variableðdistributorsô level of conflict with POEs 

(POE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.066). Thus, the independent 

variablesð distributorsô frequency of communication with POEs (POE
FOCM

) 

accounts for 6.6% of the variation in distributorsô LOCF with POEs (POE
LOCF

). 

A standardised beta coefficients value of -.256 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

POEs will result in a negative change of .256 standard deviations in distributorsô 

LOCF with POEs. This indicates that as POE
FOCM

 increases, it has a resultant 

negative effect on distributorsô LOCF with POEs. 
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The Durbin-Watson value is 1.289, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step ŎΩ 

The result from path cô demonstrates that the distributorsô frequency of 

communication with POEs (POE
FOCM

) is making statistically significant unique 

contribution to the prediction of the dependent variable, (POE
LOCF

) through 

mediation (POE
PCRA

). In this case, p = .029,  which is less than .05; thereby 

suggesting the independent variables POE
FOCM

 made a statistically significant unique 

contribution to the prediction of POE
LOCF

 through mediation (POE
PCRA

). The 

relevant output generated by SPSS for POE
FOCM

 and POE
LOCF

 through mediation 

(POE
PCRA

) is provided in Appendix II. 

R = .308 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô frequency of communication with POEs 

(POE
FOCM

) and the dependent variableðdistributorsô level of conflict with POEs 

(POE
LOCF

) through mediation (POE
PCRA

) 

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.095). This means that the independent 

variablesð distributorsô frequency of communication with POEs (POE
FOCM

) 

accounts for 9.5% of the variation in distributorsô LOCF with POEs (POE
LOCF

) 

through mediation (POE
PCRA

) 

A standardised beta coefficients value of -.189 (P < .05) indicates that a 

change of one standard deviation in distributorsô frequency of communication with 

POEs will result in a negative change of .189 standard deviations in distributorsô 
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LOCF with POEs through mediation PCRA. This indicates that as POE
FOCM

 

increases it has a resultant negative effect on the distributorsô POE
LOCF 

with POEs 

through mediation (PCRA). 

The Durbin-Watson value is 1.345, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

In this case, all p values for path a, b and c are significant. By comparing the 

beta coefficients, the b value for path c is -.256 and the b value for path cô is -.189, 

suggesting that a unit increase in POEsô use of communication will result in a 

decrease of .256 in the level of conflict for path c, whereas a unit increase in POEsô 

use of communication will result in a decrease of .189 in the level of conflict for path 

cô. Therefore, there is mediation as communication has a greater impact on the level 

of conflict for path c than path cô when introducing PCRA. The effect of 

communication on the level of conflict becomes insignificant (p = .124 > .05) in the 

analysis of path cô; demonstrating full mediation. That is, the mediating variable 

mediates all of the effects. 

 

5.3.9. The Relationship between LOG and LOCF through the Mediating Variable 

PCRA  

The author ran three regression tests to test the relationship between 

manufacturersô use of Guanxi with distributorsô level of conflict through the 

mediator of positive conflict resolution attitude; SOEôs use of Guanxi with the 

distributorsô level of conflict through the mediator of positive conflict resolution 

attitude; and POEôs use of Guanxi with the distributorsô level of conflict through the 

mediator of positive conflict resolution attitude. 
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Within each test, a four-step casual approach was followed to test the 

significance and relationship on Guanxi and positive conflict resolution attitude (path 

a/step a); PCRV and conflict (path b/ step b); Guanxi and conflict (path c/ step c); 

Guanxi, PCRV and conflict (path cô/ step cô). 

 

5.3.9.1. Regression 1 LOGðPCRAðLOCF   

step a  

The result shows that the relationship between distributorsô level of Guanxi 

with manufacturers (LOG, independent variable) and positive conflict resolution 

attitude with manufacturers (PCRA, dependent variable) was statistically significant. 

In this case, p = .000, which is less than .05; thereby suggesting the independent 

variables LOG made a statistically significant unique contribution to the prediction 

of PCRA. This means that the model is significantly better at predicting the change 

in PCRA scores than having no model. The relevant output generated by SPSS for 

LOG and PCRA is provided in Appendix II. 

The Model Summary table in Appendix II provides important information 

about the regression model: R = .322 is the value of the multiple correlation 

coefficient between the independent variablesð distributorsô level of Guanxi with 

manufacturers (LOG) and the dependent variableðdistributorsô PCRA with 

manufacturers (PCRA).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.104). This means that the independent 

variablesð distributorsô level of Guanxi with manufacturers (LOG) accounts for 

10.4% of the variation in distributorsô PCRA with manufacturers. 
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A standardised beta coefficients value of .322 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of Guanxi with manufacturers 

will result in a positive change of .322 standard deviations in distributorsô PCRA 

with manufacturers. This indicates that as LOG
 
increases it has a resultant positive 

effect on distributorsô PCRA with manufacturers. 

The Durbin-Watson value is 1.823 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

Step b 

The result reveals that the relationship between positive conflict resolution 

attitude with manufacturers (PCRA, independent variable) and distributorsô level of 

conflict with manufacturers (LOCF, dependent variable) was statistically significant. 

In this case, p = .002, which is less than .05; thereby suggesting the independent 

variables PCRA made a statistically significant unique contribution to the prediction 

of LOCF. Thus, the model is significantly better at predicting the change in LOCF 

scores than having no model. The relevant output generated by SPSS for PCRA and 

LOCF is provided in Appendix II. 

R = .249 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with manufacturers 

(PCRA) and the dependent variableð distributorsô level of conflict with 

manufacturers (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.062). This means that the independent 

variablesð positive conflict resolution attitude with manufacturers (PCRA) accounts 
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for 6.2% of the variation in distributorsô level of conflict with manufacturers 

(LOCF). 

A standardised beta coefficients value of -.249 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with 

manufacturers will result in a negative change of .249 standard deviations in 

distributorsô level of conflict with manufacturers. This indicates that as PCRA
 

increases it has a resultant negative effect on distributorsô LOCF with manufacturers. 

The Durbin-Watson value is 1.775, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step c 

The result demonstrates that the relationship between the distributorsô level 

of Guanxi with manufacturers (LOG, independent variable) and distributorsô level of 

conflict with manufacturers (LOCF, dependent variable) is statistically significant. In 

this case, p = .000  which is less than .05 which suggests the independent variables 

LOG made a statistically significant unique contribution to the prediction of LOCF. 

Therefore, the model is significantly better at predicting the change in LOCF scores 

than having no model. The relevant output generated by SPSS for LOG and LOCF is 

provided in Appendix II. 

R = .351 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of Guanxi with manufacturers (LOG) and 

the dependent variableðdistributorsô level of conflict with manufacturers (LOCF).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.123). In other words, the independent 
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variablesð distributorsô level of Guanxi with manufacturers (LOG) accounts for 

12.3% of the variation in distributorsô LOCF with manufacturers. 

A standardised beta coefficients value of -.351 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of Guanxi with manufacturers 

will result in a negative change of .351 standard deviations in distributorsô LOCF 

with manufacturers. This indicates that as LOG
 
increases it has a resultant negative 

effect on distributorsô LOCF with manufacturers. 

The Durbin-Watson value is 1.404, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step ŎΩ 

The result from path cô reveals that the distributorsô level of Guanxi with 

manufacturers (LOG) is making a statistically significant unique contribution to the 

prediction of the dependent variable, (LOCF) through mediation (PCRA). In this 

case, p = .000, which is less than .05; thereby suggesting the independent variables 

LOG made a statistically significant unique contribution to the prediction of LOCF 

through mediation (PCRA). The relevant output generated by SPSS for LOG and 

LOCF through mediation (PCRA) is provided in Appendix II. 

R = .379 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of Guanxi with manufacturers (LOG) and 

the dependent variableðdistributorsô level of conflict with manufacturers (LOCF) 

through mediation (PCRA) 

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.144). This means that the independent 
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variablesð distributorsô level of Guanxi with manufacturers (LOG) accounts for 

14.4% of the variation in the distributorsô LOCF with manufacturers through 

mediation (PCRA) 

A standardised beta coefficients value of -.302 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of Guanxi with manufacturers 

will result in a negative change of .302 standard deviations in distributorsô LOCF 

with manufacturers through mediation PCRA. This indicates that as LOG
 
increases it 

has a resultant negative effect on distributorsô LOCF with manufacturers through 

mediation (PCRA). 

The Durbin-Watson value is 1.379 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

In this case, all p values for path a, b and c is significant. By comparing the 

beta coefficients, the b value for path c is -.351 and the b value for path cô is -.302. 

This suggests that a unit increase in Guanxi will result in a decrease of .351 in the 

level of conflict for path c; whereas a unit increase in Guanxi will result in a decrease 

of .302 in the level of conflict for path cô. Therefore, there is mediation as Guanxi 

has a greater impact on the level of conflict for path c than path cô when introducing 

PCRA. The effect of Guanxi on the level of conflict is significant in the analysis of 

path cô thus, demonstrating partial mediation. 

 

5.3.9.2. Regression 2 SOE
LOG

 ï MED
SOEPCRA 

ï SOE
LOCF

 

step a 

The result reveals that the relationship between distributorsô level of Guanxi 

with SOEs (SOE
LOG

, independent variable) and positive conflict resolution attitude 
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with SOEs (SOE
PCRA

, dependent variable) was statistically insignificant. In this case, 

p = .169, which is greater than .05; thereby suggesting that the independent variables 

of SOEsô level of Guanxi not making a statistically significant unique contribution to 

the prediction of PCRA. The relevant output generated by SPSS for SOE
LOG

 and 

SOE
PCRA

 is provided in Appendix II. 

 

Step b 

The result highlights that the relationship between positive conflict resolution 

attitude with SOEs (SOE
PCRA

, independent variable) and distributorsô level of 

conflict with SOEs (SOE
LOCF

, dependent variable) was statistically significant. In 

this case, p = .023, which is less than .05; thereby suggesting the independent 

variables SOE
PCRA

 made a statistically significant unique contribution to the 

prediction of SOE
LOCF

. Therefore, the model is significantly better at predicting the 

change in SOE
LOCF

 scores than having no model. The relevant output generated by 

SPSS for SOE
PCRA

 and SOE
LOCF

 is provided in Appendix II. 

R = .265 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with SOEs (SOE
PCRA

) 

and the dependent variableð distributorsô level of conflict with SOEs (SOE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.070). This means that the independent 

variablesð positive conflict resolution attitude with SOEs (SOE
PCRA

) accounts for 7% 

of the variation in distributorsô level of conflict with SOEs (SOE
LOCF

). 

A standardised beta coefficients value of -.265 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with SOEs 

will result in a negative change of .265 standard deviations in distributorsô level of 
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conflict with SOEs. This indicates that as SOEsô PCRA
 
increases it has a resultant 

negative effect on distributorsô LOCF with SOEs. 

The Durbin-Watson value is 1.449 which is within the suggested range. Since 

the value is close to 2, it can be accepted that there is the independence of errors 

(residuals). 

 

Step c 

The result shows that the relationship between distributorsô level of Guanxi 

with SOEs (SOE
LOG

, independent variable) and distributorsô level of conflict with 

SOEs (SOE
LOCF

, dependent variable) was statistically significant. In this case, p = 

.003  which is less than .05 which suggests the independent variables SOE
LOG

 made 

a statistically significant unique contribution to the prediction of SOE
LOCF

. This 

means that the model is significantly better at predicting the change in SOE
LOCF

 

scores than having no model. The relevant output generated by SPSS for SOE
LOG

 

and SOE
LOCF

 is provided in Appendix II. 

R = .342 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of Guanxi with SOEs (SOE
LOG

) and the 

dependent variableðdistributorsô level of conflict with SOEs (SOE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.117). This means that the independent 

variablesð distributorsô level of Guanxi with SOEs (SOE
LOG

) accounts for 11.7% of 

the variation in distributorsô LOCF with SOEs (SOE
LOCF

). 

A standardised beta coefficients value of -.342 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of Guanxi with SOEs will 

result in a negative change of .342 standard deviations in distributorsô LOCF with 
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SOEs. This indicates that as SOE
LOG 

increases, it has a resultant negative effect on 

distributorsô LOCF with SOEs. 

The Durbin-Watson value is 1.533, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step ŎΩ 

The result from path cô reveals that the distributorsô level of Guanxi with 

SOEs (SOE
LOG

) is making a statistically significant unique contribution to the 

prediction of the dependent variable, (SOE
LOCF

) through mediation (SOE
PCRA

). In 

this case, p = .002, which is less than .05; thereby suggesting the independent 

variables SOE
LOG

 made a statistically significant unique contribution to the 

prediction of SOE
LOCF

 through mediation (SOE
PCRA

). The relevant output generated 

by SPSS for SOE
LOG

 and SOE
LOCF

 through mediation (SOE
PCRA

) is provided in 

Appendix II. 

R = .398 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of Guanxi with SOEs (SOE
LOG

) and the 

dependent variableðdistributorsô level of conflict with SOEs (SOE
LOCF

) through 

mediation (SOE
PCRA

) 

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.159). Thus, the independent 

variablesð distributorsô level of Guanxi with SOEs (SOE
LOG

) accounts for 15.9% of 

the variation in distributorsô LOCF with SOEs (SOE
LOCF

) through mediation 

(SOE
PCRA

) 
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A standardised beta coefficients value of -.303 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of Guanxi with SOEs will 

result in a negative change of .303 standard deviations in distributorsô LOCF with 

SOEs through mediation PCRA. This indicates that as SOE
LOG 

increases it has a 

resultant negative effect on distributorsô SOE
LOCF 

with SOEs through mediation 

(PCRA). 

The Durbin-Watson value is 1.440, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

In this case, all p values for path a, b and c are significant. By comparing the 

beta coefficients, the b value for path c is -.342 and the b value for path cô is -.303. 

This suggests that a unit increase in SOEsô use of Guanxi will result in a decrease 

of .342 in the level of conflict for path c; whereas a unit increase in SOEsô use of 

Guanxi will result in a decrease of .303 in the level of conflict for path cô. Therefore, 

there is mediation as guaxni has a greater impact on the level of conflict for path c 

than path cô when introducing PCRA. The effect of Guanxi on the level of conflict is 

significant in the analysis of path cô; thus, demonstrating partial mediation.  

 

5.3.9.3. Regression 3 POE
LOG

 ï MED
POEPCRA 

ï POE
LOCF

 

step a 

The result demonstrates that the relationship between distributorsô level of 

Guanxi with POEs (POE
LOG

, independent variable) and positive conflict resolution 

attitude with POEs (POE
PCRA

, dependent variable) was statistically significant. In 

this case, p = .000, which is less than .05; thereby suggesting the independent 

variables POE
LOG

 made a statistically significant unique contribution to the 
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prediction of POE
PCRA

. Therefore, the model is significantly better at predicting the 

change in POE
PCRA

 scores than having no model. The relevant output generated by 

SPSS for POE
LOG

 and POE
PCRA

 is provided in Appendix II. 

R = .522 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of Guanxi with POEs (POE
LOG

) and the 

dependent variableðdistributorsô PCRA with POEs (POE
PCRA

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.273). This means that the independent 

variablesð distributorsô level of Guanxi with POEs (POE
LOG

) accounts for 27.3% of 

the variation in the distributorsô PCRA with POEs (POE
PCRA

). 

A standardised beta coefficients value of .522 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of Guanxi with POEs will 

result in a positive change of .288 standard deviations in distributorsô PCRA with 

POEs. This indicates that as POE
LOG 

increases it has a resultant positive effect on the 

distributorsô PCRA with POEs. 

The Durbin-Watson value is 1.826, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step b 

The result shows that the relationship between positive conflict resolution 

attitude with POEs (POE
PCRA
, independent variable) and distributorsô level of 

conflict with POEs (POE
LOCF

, dependent variable) was statistically significant. In 

this case, p = .030, which is less than .05; thereby suggesting the independent 

variables POE
PCRA

 made a statistically significant unique contribution to the 
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prediction of POE
LOCF

. This means that the model is significantly better at predicting 

the change in POE
LOCF

 scores than having no model. The relevant output generated 

by SPSS for POE
PCRA

 and POE
LOCF

 is provided in Appendix II. 

R = .253 is the value of the multiple correlation coefficient between the 

independent variablesð positive conflict resolution attitude with POEs (POE
PCRA

) 

and the dependent variableð distributorsô level of conflict with POEs (POE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.064). This means that the independent 

variablesð positive conflict resolution attitude with POEs (POE
PCRA

) accounts for 

6.4% of the variation in the distributorsô level of conflict with POEs (POE
LOCF

). 

A standardised beta coefficients value of -.253 (P < .05) indicates that a 

change of one standard deviation in positive conflict resolution attitude with POEs 

will result in a negative change of .253 standard deviations in distributorsô level of 

conflict with POEs. This indicates that as POEsô PCRA
 
increases it has a resultant 

negative effect on distributorsô LOCF with POEs. 

The Durbin-Watson value is 1.343, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step c 

The result shows that the relationship between distributorsô level of Guanxi 

with POEs (POE
LOG
, independent variable) and distributorsô level of conflict with 

POEs (POE
LOCF

, dependent variable) was statistically significant. In this case, p = 

.010, which is less than .05; thereby suggesting the independent variables POE
LOG

 

made a statistically significant unique contribution to the prediction of POE
LOCF

. 
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This means that the model is significantly better at predicting the change in POE
LOCF

 

scores than having no model. The relevant output generated by SPSS for POE
LOG

 

and POE
LOCF

 is provided in Appendix II. 

R = .296 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of Guanxi with POEs (POE
LOG

) and the 

dependent variableðdistributorsô level of conflict with POEs (POE
LOCF

).  

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.088). This means that the independent 

variablesð distributorsô level of Guanxi with POEs (POE
LOG

) accounts for 8.8% of 

the variation in distributorsô LOCF with POEs (POE
LOCF

). 

A standardised beta coefficients value of -.296 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of Guanxi with POEs will 

result in a negative change of .296 standard deviations in distributorsô LOCF with 

POEs. This indicates that as POE
LOG 

increases, it has a resultant negative effect on 

distributorsô LOCF with POEs. 

The Durbin-Watson value is 1.387, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

 

Step ŎΩ 

The result from path cô shows that the distributorsô level of Guanxi with 

POEs (POE
LOG

) is making statistically significant unique contribution to the 

prediction of the dependent variable, (POE
LOCF

) through mediation (POE
PCRA

). In 

this case, p = .023, which is less than .05; therebbby suggesting the independent 

variables POE
LOG

 made a statistically significant unique contribution to the 
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prediction of POE
LOCF

 through mediation (POE
PCRA

). The relevant output generated 

by SPSS for POE
LOG

 and POE
LOCF

 through mediation (POE
PCRA

) is provided in 

Appendix II. 

R = .318 is the value of the multiple correlation coefficient between the 

independent variablesð distributorsô level of Guanxi with POEs (POE
LOG

) and the 

dependent variableðdistributorsô level of conflict with POEs (POE
LOCF

) through 

mediation (POE
PCRA

) 

R Square (R
2
) is a measure of how much variability in the outcome is 

accounted for by the independent variables (0.101). This means that the independent 

variablesð distributorsô level of Guanxi with POEs (POE
LOG

) accounts for 10.1% of 

the variation in distributorsô LOCF with POEs (POE
LOCF

) through mediation 

(POE
PCRA

) 

A standardised beta coefficients value of -.226 (P < .05) indicates that a 

change of one standard deviation in distributorsô level of Guanxi with POEs will 

result in a negative change of .226 standard deviations in distributorsô LOCF with 

POEs through mediation PCRA. This indicates that as POE
LOG 

increases, it has a 

resultant negative effect on distributorsô POE
LOCF 

with POEs through mediation 

(PCRA). 

The Durbin-Watson value is 1.387, which is within the suggested range. 

Since the value is close to 2, it can be accepted that there is the independence of 

errors (residuals). 

In this case, all p values for path a, b and c are significant. By comparing the 

beta coefficients, the b value for path c is -.296 and the b value for path cô is -.226. 

This suggests that a unit increase in  POEsô use of Guanxi will result in a decrease 

of .296 in the level of conflict for path c; whereas a unit increase in POEsô use of 
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Guanxi will result in a decrease of .226 in the level of conflict for path cô. Therefore, 

there is mediation as Guanxi has a greater impact on the level of conflict for path c 

than path cô when introducing PCRA. The effect of Guanxi on the level of conflict is 

not significant in the analysis of path côthus, demonstrating full mediation.  

 

5.4. Techniques to Compare Groups 

5.4.1. Introduction - Types of Techniques 

There is a whole family of techniques that can be used to test for significant 

differences between groups. Although there are many different statistical techniques 

available in the SPSS package, for the purpose of this paper ANOVA was utilised. 

Pallant (2013) discussed two key techniques; parametric and non-parametric 

techniques. The key driver in choosing between both techniques is the nature of the 

data. Parameter techniques employed by this PhD researcher are best suited, as the 

major data collection tool utilised consisted of interval scales. This approach also 

involves making a number of assumptions about the population from which the 

sample is drawn (e.g., normally distributed scores) (Pallant 2013). Conversely, non-

parametric techniques are most appropriate when the data collected is measured only 

at the ordinal (ranked) and typically does not involve adopting stringent assumptions 

(Pallant 2013). For a listing of the range of parametric and non-parametric 

techniques, see Table 5.2. This is borrowed from Pallant (2013) and provides various 

techniques for facilitating group comparisons.  
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Parametric Technique 

 

Non-Parametric Technique 

 

None 

 

Chi-square for goodness of fit 

None Chi-square for independence 

None McNemarô Test 

None Cochranôs Q Test 

None Kappa Measure of Agreement 

Independent-samples t-test Mann-Whitney U Test 

Paired-samples t-test Wilcoxon Signed Rank Test 

One-way between-groups ANOVA Kruskal-Wallis Test 

One-way repeated-measures ANOVA Friedman Test 

Two-way analysis of variance (between groups) None 

Mixed between-within groups ANOVA None 

Multivariate analysis of variance (MANOVA) None 

Analysis of covariance (ANCOVA) None 

 

 

 

For the purposes of this research study, the researcher deemed that one-way 

repeated measures (ANOVA) is a suitable technique to facilitate group comparisons 

based on the nature of the research questions, the very nature of the data collected 

(interval) and the number of variables and groups. Typically, ANOVA are used 

when the researcher wishes to test the same people using the same instrument at 

different points in time, or administer one or more instruments (or unrelated 

questions) to the same people at a single point in time (Pallant 2013;Hair et al. 2010).  

 

5.4.2. Assumptions for ANOVA 

This study used ANOVA to assist the researcher in determining whether 

statistically significant differences exist between two treatments or within-subject 

factors (independent variables). In this study, the treatments that are of primary focus 

are SOEs) and POEs.  

Table 5.2 Statistical Techniques to Compare Groups Parametric Techniques and 

Their Non-Parametric Techniques 

Source: Pallant, J. (2013) SPSS Survival Manual. UK: McGraw-Hill Education. 



211 
 

When a researcher makes the decision to utilise ANOVA, in order to 

determine its suitability for use, three key assumptions must be met (Hair et al. 

2010;Field 2009;Pallant 2013). The first is that there should be no significant outliers 

in any level of the within-subjects factor (independent variables). Since the presence 

of outliers can influence results negatively in a couple of ways. First, it can distort 

differences between the within-subjects factor (independent variable) and may do so 

by either spuriously increasing or decreasing scores on the dependent variable; and 

second, it may lead to inaccuracies when generalising the results of the study sample 

to the population.  

Boxplots is one of the easiest and most widely used methods to identify 

outliers. Boxplots in the SPSS programme can be used to identify these outliers of 

which there are generally two categoriesðoutliers and extreme points, normally 

those that are simply identified as outliers by SPSS are not deemed worrisome 

relative to extreme points and might even be ignored by the researcher (Pallant 

2013;Field 2009). Orr, Sackett and Dubois (1991) suggest that if researchers believe 

that the outlier or data points are legitimate upon closer examination, such data are 

more likely to be representative of the whole population if outliers are not removed.  

After an examination of boxplots in the SPSS programme, it was found that there 

were no extreme points (outliers) in the data set for this study.  

The second key assumption for ANOVA is that the dependent variable 

(satisfaction) should be normally distributed for each of the independent factors or 

ñtreatmentsò; in other words, SOEs) and PSOEs. This assumption of normality is 

generally required; however, it is argued that ANOVA is considered ñrobustò to 

violations of normality. In essence, this means one can still obtain valid results even 

if the assumption of normality is violated (Hair et al. 1995;Field 2009). In this study, 
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the Shapiro-Wilk test for normality in SPSS was utilised as this is typically 

recommended if sample sizes are small (Hair et al. 2010). Since there were only two 

within-subject factors, the tests of normality in the SPSS output generated two tests. 

To determine whether the data is normally distributed (that is, whether the 

assumption of normality is met), the significance level should be more than .05 

(p > .05), while the inverse is true. Therefore, if p < .05, it can be concluded that the 

data is not normally distributed (Field 2009). Thus, if p > .05 one can conclude in 

this study that the dependent variable satisfaction is normally distributed for each 

level or treatment of the within-subjects factor or treatments SOEs and POEs, as 

assessed by Shapiro-Wilkôs test (p > .05).  

The third key assumption for ANOVA is referred to as the test for sphericity 

that examines the variances of the differences between all with the assumption being 

combinations of treatments or within-subjects factors must have equal variances. 

Mauchlyôs test of sphericity is run in SPSS using repeated measures. If Mauchlyôs 

test of Sphericity is statistically significant, that is, p < .05 this means that the 

assumption of sphericity has been violated (Kirk 2013). Thus, the researcher can 

conclude that to meet the assumption of sphericity the result should not be 

statistically significant, that is,  p > .05 in the SPSS output. However, since the 

repeated measures variables have only two treatments (SOEs and POEs), no 

significance value would be found in the output of Mauchlyôs test of Sphericity as 

there must be at least three treatments or groups; hence, sphericity is met typically 

when there are only two treatments (Field 2009).    

 

5.4.3. Procedure for ANOVA 
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The ANOVA procedure varies according to whether a post hoc test or 

contrast is run. The choice of post hoc or contrasts depends on the nature or degree 

of specificity of the hypotheses in the research (Hair et al. 2010). When the 

researcher or study does not have specific hypotheses about the differences between 

the treatments or within-subjects factor (here, ratings of SOEs and POEs on a range 

of items) prior to examination of the data, a post hoc test to compare all possible 

combinations is most appropriate. Conversely, if the hypotheses are specific about 

the differences between levels of the treatments or within-subjects factor, contrasts is 

more appropriate. The route chosen by this researcher is ANOVA with post hoc tests, 

since the proposed hypotheses are more general. Therefore, they suggest the 

likelihood of differences in satisfaction or other variables by distributors on their 

evaluations of SOEs relative to POEs; however, they do not state the nature or extent 

(non-specific) of the differences. 

 

5.4.4. Assumption Tests for ANOVA 

As discussed previously, three assumptions must be met for ANOVA. These 

assumptions are examined below in terms of the difference between two treatment 

variables - SOEs) and POEs - which are central to the study with respect to the 

following key variables: level of satisfaction (SAT) with the manufacturer; 

manufacturerôs exercise of non-coercive power (NCP); manufacturerôs exercise of 

coercive power (CP); level of conflict (LOCF) between manufacturers and 

distributors; positive conflict resolution attitude (PCRA) between manufacturers and 

distributors, level of trust (LOT) in manufacturers; frequency of communication 

(FOCM) between manufacturers and distributors; and, a positive business culture 

(PBC/Guanxi) between manufacturers and distributors.  
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5.4.4.1. Coercive Power (CP) ANOVA Assumption  

Assumption 1, after an examination of boxplots in the SPSS programme, it 

was found that there were no outliers in the data for both treatments - SOEs) and 

POEs - on the coercive power used by manufacturers. An example of a boxplot and 

the Test of Normality output are shown below.  

Outlier for Dependent Variable (CP) 

 
 

Normality for Dependent Variable (CP) 

Tests of Normality 

 Group Kolmogorov-Smirnov
a
 Shapiro-Wilk 

 Statistic df Sig. Statistic df Sig. 

MCP 
1.00 .078 74 .200

*
 .978 74 .237 

2.00 .129 74 .004 .980 74 .303 

*. This is a lower bound of the true significance. 

a. Lilliefors Significance Correction 

 

Assumption 2, based on the above Shapiro-Wilk test and the relevant p-value 

for both SOEs and POEs it is observed that p > .05, that is .237 and .303 for SOEs 

and POEs respectively. According to Field (2009), the assumption of normality is 

met when the significance is more than .05 (p > .05), while the inverse is true. 

Therefore, if p < .05, it can be concluded that the data is not normally distributed. 

Thus, it can be concluded that the variable coercive power used by manufacturers is 
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normally distributed for each level or treatment of the within-subjects factor or 

treatments SOEs and POEs, as assessed by Shapiro-Wilkôs test (p > .05).  

Assumption 3, since there are only two treatments - SOES and POEs - the 

assumption of sphericity has not been violated on coercive power (CP) used by 

manufacturers; thus, the condition is met.  

 

5.4.4.2. Non-Coercive Power (NCP) ANOVA Assumption  

Assumption 1, after an examination of boxplots in the SPSS programme, it 

was found that there were no outliers in the data for both treatments - SOEs) and 

POEs -  on the manufacturerôs exercise of non-coercive power (NCP).  

 

Tests of Normality 

 Group Kolmogorov-Smirnov
a
 Shapiro-Wilk 

 Statistic df Sig. Statistic df Sig. 

AVGNCPFSall 
1.00 .169 74 .000 .878 74 .000 

2.00 .178 74 .000 .910 74 .000 

a. Lilliefors Significance Correction 

 
 

Assumption 2, based on the above Shapiro-Wilk test and the relevant p-value 

for both SOEs and POEs it is observed that p < .05. Thus, it can be concluded that on 

the variable manufacturerôs exercise of NCP, the assumption has been violated and is 

not normally distributed for each level or treatment of the within-subjects factor or 

treatments SOEs and POEs, as assessed by Shapiro-Wilkôs test (p < .05). As reported 

previously, ANOVA are fairly robust to non-normality and it is often recommended 

that the ANOVA are run regardless as valid results could still be attained (Field 

2009;Hair et al. 1995).  
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Assumption 3, since there are only two treatmentsðSOES and POEs -  the 

assumption of sphericity has not been violated on manufacturerôs exercise of NCP); 

thus the condition is met (Field 2009).  

 

5.4.4.3. Level of Conflict (LOCF) ANOVA Assumption 

Assumption 1, after an examination of boxplots in the SPSS programme, it 

was found that there were no outliers in the data for both treatments -  SOEs and 

POEs) on the level of conflict (LOCF) between manufacturers and distributors. See 

the detailed output for both boxplots and Test of Normality in Appendix III . 

Assumption 2 based on the above Shapiro-Wilk test and the relevant p-value 

for both SOEs (.292) and POEs (.164) it is observed that p > .05. Thus, it can be 

concluded that the variable LOCF between manufacturers and distributors is 

normally distributed for each level or treatment of the within-subjects factor or 

treatments SOEs and POEs, as assessed by Shapiro-Wilkôs test (p > .05).  

Assumption 3, since there are only two treatments - SOES and POEs - the 

assumption of sphericity has not been violated for the LOCF between manufacturers 

and distributors; thus the condition is met.  

5.4.4.4. Satisfaction (SAT) ANOVA Assumption 

Assumption 1, after an examination of boxplots in the SPSS programme, it 

was found that there were no outliers in the data for both treatments - SOEs and 

POEs on satisfaction (SAT).  

Assumption 2, based on the above Shapiro-Wilk test and the relevant p-value 

for both SOEs (.154) and POEs (.107), it is observed that p > .05. Thus, it can be 

concluded that the dependent variable satisfaction (SAT) is normally distributed for 
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each level or treatment of the within-subjects factor or treatments SOEs and POEs, 

as assessed by Shapiro-Wilkôs test (p > .05). See the detailed output in Appendix III. 

Typically, a third assumption in ANOVA is the test of sphericity. However, 

since there are only two treatments - SOES and POEs -  in this study, there is no 

need to test this assumption as it is normally met in instances of less than three 

treatments or within-subjects factors (Field 2009). Assumption 3, the assumption of 

sphericity has not been violated and the condition is met.  

 

5.4.4.5. Positive Conflict Resolution Attitude (PCRA) ANOVA Assumption 

Assumption 1, after an examination of boxplots in the SPSS programme, it 

was found that there were no outliers in the data for both treatments - SOEs and 

POEs on the positive conflict resolution attitude (PCRA) between manufacturers and 

distributors.  

Assumption 2, based on the above Shapiro-Wilk test and the relevant p-value 

for both SOEs (.161) and POEs (.332), it is observed that p > .05. Thus, it can be 

concluded that the variable the PCRA between manufacturers and distributors is 

normally distributed for each level or treatment of the within-subjects factor or 

treatments SOEs and POEs, as assessed by Shapiro-Wilkôs test (p > .05). See the 

detailed output in Appendix. 

Assumption 3, since there are only two treatments - SOES and POEs - the 

assumption of sphericity has not been violated on positive conflict resolution attitude 

(PCRA) between manufacturers and distributors; thus the condition is met.  

 

5.4.4.6. Level of Trust (LOT) ANOVA Assumption  
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Assumption 1, after an examination of boxplots in the SPSS programme, it 

was found that there were no outliers in the data for both treatments - SOEs and 

POEs on the LOT in manufacturers. See the detailed output in Appendix III. 

Assumption 2, based on the above Shapiro-Wilk test and the relevant p-value 

for both SOEs (.000) and POEs (.000) it is observed that p < .05. Thus, it can be 

concluded that on the LOT in manufacturers, the assumption has been violated and is 

not normally distributed for each level or treatment of the within-subjects factor or 

treatments SOEs and POEs, as assessed by Shapiro-Wilkôs test (p < .05). Again, 

since ANOVA are fairly robust to non-normality and it is often recommended that 

the ANOVA are run regardless as valid results could still be attained (Field 

2009;Hair et al. 1995). The researcher proceeded to run. 

Assumption 3, since there are only two treatments - SOES and POEs - the 

assumption of sphericity has not been violated on the frequency of communication 

(FOCM) between manufacturers and distributors; thus the condition is met.  

 

5.4.4.7. Frequency of Communication (FOCM) ANOVA Assumption 

Assumption 1, after an examination of boxplots in the SPSS programme, a 

total of four outliers were identified in the data by the researcher for both treatments 

- SOEs and POEs, three and one outlier respectively, on the variable frequency of 

communication (FOCM) between manufacturers and distributors. Often, the reason 

for outliers is due either to data entry error, measurement error or genuinely unusual 

values (Tabachnick and Fidell 2007;Hair et al. 2010). A closer examination of the 

responses by the participants 24, 54, 63 (SOEs) and participant 92 (POEs) revealed 

the outliers were neither the result of either data entry nor measurement error and 

thus most likely simply genuinely unusual data points and possibly representative of 



219 
 

what would be found in the population of interest (Orr et al. 1991). Furthermore, 

since none of the points are considered extreme points (outliers) in the SPSS 

programme, there is no need for much worry on the part of the researcher (Field 

2009;Pallant 2013). See the detailed output in Appendix III. 

Assumption 2, based on the above Shapiro-Wilk test and the relevant p-value 

for both SOEs (.005) and POEs (.000) it is observed that p < .05. Thus, it can be 

concluded that on FOCM between manufacturers and distributors, the assumption 

has been violated and is not normally distributed for each level or treatment of the 

within-subjects factor or treatments SOEs and POEs, as assessed by Shapiro-Wilkôs 

test (p < .05). Again, as discussed earlier, ANOVA are fairly robust to non-normality 

and it is often recommended that the ANOVA are run regardless as valid results 

could still be attained (Field 2009;Hair et al. 1995).  

Assumption 3, since there are only two treatmentsðSOES and POEs, the 

assumption of sphericity has not been violated on the frequency of communication 

(FOCM) between manufacturers and distributors; thus, the condition is met.  

 

5.4.4.8. Level of Guanxi (LOG) ANOVA Assumption  

Assumption 1, after an examination of boxplots in the SPSS programme, it 

was found that there were no outliers in the data for both treatments - SOEs and 

POEs - on the variablepositive business culture (PBC/Guanxi) between 

manufacturers and distributors. See the detailed output in Appendix III. 

Assumption 2 based on the above Shapiro-Wilk test and the relevant p-value 

for both SOEs (.000) and POEs (.006) it is observed that p < .05. Thus, it can be 

concluded that on the variableðpositive business culture (PBC/Guanxi) between 

manufacturers and distributors, the assumption has been violated and is not normally 
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distributed for each level or treatment of the within-subjects factor or treatments 

SOEs and POEs, as assessed by Shapiro-Wilkôs test (p < .05). Again, ANOVA are 

fairly robust to non-normality and often researchers recommend that the ANOVA 

are run regardless as valid results could still be attained (Field 2009;Hair et al. 1995).  

Assumption 3, since there are only two treatments - SOEs and POEs - the 

assumption of sphericity has not been violated on FOCM between manufacturers and 

distributors; thus, the condition is met.  

 

5.5. Results for ANOVA (using average factor scores) 

This section aims to interpret and report the results for the ANOVA.  

 

5.5.1. Comparison of Distributorsô SAT with SOEs versus POEs  

The ANOVA was used to determine whether differences exist between the 

within-subjects factor, SOEs and POEs for the population on the dependent variable, 

Satisfaction (SAT). First , some useful descriptive statistics was presented from the 

SPSS Statistics output, which includes information on sample size, which levels of 

the within-subjects factor had the higher/lower mean score and if there are any trends, 

and if the variation in each level is similar. An example of the within-subjects factors 

table is illustrated below with SOEs and POEs labelled as 1 and 2 respectively.  

 

Within -Subjects Factors 

Measure: SAT 

Group Dependent 

Variable 

1 SOE
SAT

 

2 POE
SAT
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The descriptive statistics table provides important statistics for this analysis. 

In the table below, note values that reflect the sample size of each level of the 

within-subject factor was equal (n = 74) and observed trend that POEs average SAT 

score is lower than SOEs average SAT score. SAT was .055 ± .72 for SOEs, 

decreasing to -.0555 ± .070 for POEs.  

Descriptive Statistics 

 Mean Std. Deviation N 

SOE
SAT

 .0555 .72312 74 

POE
SAT

 -.0555 .70785 74 

 

Multivariate Tests
a
 

Effect Value F Hypothesis 

df 

Error df Sig. Partial Eta 

Squared 

Group 

Pillai's Trace .060 4.633
b
 1.000 73.000 .035 .060 

Wilks' Lambda .940 4.633
b
 1.000 73.000 .035 .060 

Hotelling's Trace .063 4.633
b
 1.000 73.000 .035 .060 

Roy's Largest 

Root 
.063 4.633

b
 1.000 73.000 .035 .060 

a. Design: Intercept  

 Within Subjects Design: Group 

b. Exact statistic 

 

The assumption of sphericity is that the differences between the levels of the 

within-subjects factor (i.e., Group) have equal variances. To test this assumption, 

Mauchly's test of sphericity was run in SPSS, ANOVA. The result of this test is 

given below in the Mauchly's Test of Sphericity table: 

Mauchly's Test of Sphericity
a
 

Measure: SAT 

Within 

Subjects Effect 

Mauchly's 

W 

Approx. 

Chi-

Square 

df Sig. Epsilon
b
 

Greenhouse

-Geisser 

Huynh-

Feldt 

Lower-

bound 

Group 1.000 .000 0 . 1.000 1.000 1.000 

Tests the null hypothesis that the error covariance matrix of the orthonormalized transformed 

dependent variables is proportional to an identity matrix. 
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a. Design: Intercept  

 Within Subjects Design: Group 

b. May be used to adjust the degrees of freedom for the averaged tests of significance. Corrected 

tests are displayed in the Tests of Within-Subjects Effects table. 

 

On a very basic level, Mauchly's test of sphericity tests the null hypothesis 

that the variances of the differences between the levels of the within-subjects factor 

are equal. In this study, since there are only two treatments - SOES and POEs - there 

is no need to test this assumption as it is met normally in instances of fewer than 

three treatments or within-subjects factors (Field 2009). Therefore, we can conclude 

that Mauchlyôs Test of Sphericity indicated that the assumption of sphericity had not 

been violated. 

The test of within-subjects effects table illustrates there was a significant 

overall difference between the average scores of the different groups. From this table, 

it is observed that the F value for the group factor and its associated significance 

level and effect size (partial Eta squared). Since the data has not violated the 

assumption of sphericity, the observed values from the Sphericity Assumed row are 

useful for further analysis.   

Tests of Within-Subjects Effects 

Measure: SAT 

Source Type III 

Sum of 

Squares 

df Mean 

Square 

F Sig. Partial 

Eta 

Square

d 

Group 

Sphericity 

Assumed 
.456 1 .456 4.633 .035 .060 

Greenhouse-

Geisser 
.456 1.000 .456 4.633 .035 .060 

Huynh-Feldt .456 1.000 .456 4.633 .035 .060 

Lower-bound .456 1.000 .456 4.633 .035 .060 

Error(Group

) 

Sphericity 

Assumed 
7.184 73 .098 
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Greenhouse-

Geisser 
7.184 73.000 .098 

   

Huynh-Feldt 7.184 73.000 .098 
   

Lower-bound 7.184 73.000 .098 
   

 

Sphericity Assumed indicates whether or not the average scores of the 

dependent variable (satisfaction) are statistically significantly different at different 

levels of the within-subjects factor (SOEs and POEs). The "Sig." column illustrates 

that the significance level is .035, and since p < .05, the null hypothesis is rejected 

and the alternative hypothesis is accepted, which leads to the conclusion that  the 

average scores between SOEs and POEs are not equal (in the population). Therefore, 

as p < .05, we can conclude that satisfaction was statistically significantly different 

between SOEs and POEs, F(1, 73) = 4.63, p <.05, partial ɖ
2
 = .06. 

Pairwise Comparisons 

Measure: SAT 

(I) Group (J) Group Mean 

Difference (I-

J) 

Std. Error Sig.
b
 95% Confidence Interval for 

Difference
b
 

Lower Bound Upper Bound 

1 2 .111
*
 .052 .035 .008 .214 

2 1 -.111
*
 .052 .035 -.214 -.008 

Based on estimated marginal means 

*. The mean difference is significant at the .05 level. 

b. Adjustment for multiple comparisons: Bonferroni. 

 

Based on the results of pairwise comparison table, it can be observed that 

there was a decrease in satisfaction for SOEs from M = 1.11, SD = 0.72 to M = -1.11, 

SD = 0.70 for POEs, a statistically significant mean decrease of 2.22, SE = 0.52, p 

< .05. Thus, we can conclude that there was a statistically significant difference 

between the average scores and we can reject the null hypothesis and accept the 

alternative hypothesis. 
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5.5.2. Comparison of Distributorsô NCP with SOEs versus POEs  

A test was run to determine whether differences exist between the within-

subjects factor, SOEs/POEs for the population on the dependent variable, Non-

coercive power (NCP). See detailed output in Appendix III.  

The sample size of each level of the within-subject factor was equal (n = 74) 

and a trend that SOEs average NCP score is lower than POEs average NCP score. 

NCP was .03 ± .77 for SOEs, decreasing to -.03 ± .08 for POEs. 

There were no outliers and the data was normally distributed as assessed by 

boxplot and Shapiro-Wilk  test (P > .05). The assumption of sphericity had not been 

violated. However, the significance level, p = .51 >.05; therefore, the null hypothesis 

was not rejected, the alternative hypothesis was not accepted, and it can be 

concluded that the means are equal in the population. In other word, SOEs and POEs 

did not elicit statistically significant differences in NCP, F (1, 73) = 4.63, p > .05, 

partial ɖ
2
 = .06. 

 

 

5.5.3 Comparison of Distributorsô LOFC with SOEs versus POEs  

A test was run to determine whether mean differences exists between the 

within-subjects factor, SOEs/POEs for the population on the dependent variable, 

level of conflict (LOCF). 

The sample size of each level of the within-subject factor was equal (n = 74) 

and a trend that POEsô average LOCF score is lower than SOEsô average LOCF 

score. LOCF was .16 ± .54 for SOEs, decreasing to -.16 ± .54for POEs. In other 
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words, there was a decrease in LOCF for SOEs from (M = .16, SD = .54) to (M = -

.16, SD = .77), a statistically significant mean decrease of .32, SE = 0.086, p < .05. 

Since our data have not violated the assumption of sphericity, based on the 

Tests of Within-Subjects Effects table in Appendix III, the significance level, p 

= .000, which is less than .05, we can therefore reject the null hypothesis and accept 

the alternative hypothesis that the means are not equal in the population. Therefore, 

as p < .05, it is can be concluded that LOCF was statistically different between SOEs 

and POEs, F (1, 73) = 14.49, p < .05, partial ɖ
2
 = .17. 

 

5.5.4 Comparison of CP with SOEs versus POEs 

A test was run to determine whether mean differences exists between the 

within-subjects factor, SOEs/POEs for the population on the dependent variable, 

coercive power (CP). 

The sample size of each level of the within-subject factor was equal (n = 74) 

and a trend that POEs mean CP is higher than SOEs mean CP. CP was -1.27 ± .68 

for SOEs, increasing to .08 ± .77 for POEs. In other words, there was an increase in 

CP for SOEs from (M = -.208, SD = .68) to (M = .208, SD = .77), a statistically 

significant mean decrease of .42, SE = 0.1, p < .05. 

Since our data have not violated the assumption of sphericity, based on the 

Tests of Within-Subjects Effects table in Appendix III, the significance level, p 

= .035, which is less than .05. Therefore, we can reject the null hypothesis and 

accept the alternative hypothesis that the means are not equal in the population. Thus, 

as p < .05, it is can be concluded that CP was statistically different between SOEs 

and POEs, F (1, 73) = 4.3, p < .05, partial ɖ
2
 = .06. 
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5.5.5. Comparison of PCRA with SOEs versus POEs 

A test was run to determine whether mean differences exists between the 

within-subjects factor, SOEs/POEs for the population on the dependent variable, 

PCRA. 

The sample size of each level of the within-subject factor was equal (n = 74) 

and a trend that POEs mean PCRA is lower than SOEs mean PCRA. PCRA was -.01 

± .78 for SOEs, increasing to .23 ± .67 for POEs. In other words, there was an 

increase in PCRA for SOEs from (M = -.25, SD = .78) to (M = .25, SD = .67), a 

statistically significant mean decrease of .50, SE = 0.12, p < .05. 

Since our data have not violated the assumption of sphericity, based on the 

Tests of Within-Subjects Effects table in Appendix III, the significance level, p 

= .041, which is less than .05, we can therefore reject the null hypothesis and accept 

the alternative hypothesis that the means are not equal in the population. Therefore, 

as p < .05, it is can be concluded that PCRA was statistically different between SOEs 

and POEs, F (1, 73) = 4.4, p < .05, partial ɖ
2
 = .056. 

 

5.5.6. Comparison of FOCM with SOEs versus POEs  

A test was run to determine whether mean differences exists between the 

within-subjects factor, SOEs/POEs for the population on the dependent variable, the 

FOCM. 

The sample size of each level of the within-subject factor was equal (n = 74) 

and a trend that SOEs mean FOCM is lower than POEs mean FOCM. FOCM 

was .04 ± .77 for SOEs, decreasing to -.04 ± .63 for POEs. 

Since our data have not violated the assumption of sphericity, based on the 

Tests of Within-Subjects Effects table in Appendix III, the significance level, p = .43, 
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which is higher than .05, therefore the null hypothesis was not rejected. Thus, the 

alternative hypothesis was not accepted, and it can be concluded that the means are 

equal in the population. In other words, SOEs and POEs did not elicit statistically 

significant differences in FOCM, F (1, 73) = .61, p > .05, partial ɖ
2
 = .008. 

 

5.5.7. Comparison of LOT with SOEs versus POEs  

A test was run to determine whether mean differences exists between the 

within-subjects factor, SOEs/POEs for the population on the dependent variable, 

LOT. 

The sample size of each level of the within-subject factor was equal (n = 74) 

and a trend that POEs mean LOT is higher than SOEs mean LOT. LOT was -.11 

± .99 for SOEs, increasing to .16 ± .089 for POEs. In other words, there was an 

increase in LOT for SOEs from (M = -.26, SD = .77) to (M = .26, SD = .99), a 

statistically significant mean decrease of .89, SE = 0.12, p < .05. 

Since our data have not violated the assumption of sphericity, based on the 

Tests of Within-Subjects Effects table in Appendix, the significance level, p = .037, 

which is less than .05. Therefore, we can reject the null hypothesis and accept the 

alternative hypothesis that the means are not equal in the population. Thus, as p < .05, 

it is can be concluded that LOT was statistically different between SOEs and POEs, 

F (1, 73) = 4.53, p < .05, partial ɖ
2
 = .006. 

 

5.5.8 Comparison of LOG with SOEs versus POEs  

A test was run to determine whether mean differences exists between the 

within-subjects factor, SOEs/POEs for the population on the dependent variable, the 

level of Guanxi (LOG). 
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The sample size of each level of the within-subject factor was equal (n = 74) 

and a trend that POEs mean GUANXI is higher than SOEs mean GUANXI. 

GUANXI was -.23 ± .87 for SOEs, increasing to .23 ± .69 for POEs. In other words, 

there was an increase in LOG for SOEs from (M = -.451, SD = .87) to (M = .451, SD 

= .69), a statistically significant mean increase of .89, SE = 0.096, p < .05. 

Since our data have not violated the assumption of sphericity, based on the 

Tests of Within-Subjects Effects table in Appendix III, the significance level, p 

= .000, which is less than .05. Therefore, we can reject the null hypothesis and 

accept the alternative hypothesis that the means are not equal in the population. 

Therefore, as p < .05, it is can be concluded that LOT was statistically different 

between SOEs and POEs, F (1, 73) = 22.15, p < .05, partial ɖ
2
 = .23. 

 

 

5.6 Analysis Using Pearson Correlation Coefficient 

5.6.1. Pearsonôs Assumptions 

In order to initially explore and examine the nature of various relationships as 

proposed in this thesis, the author used Pearsonôs Product-Moment Coefficient.  It is 

one of those measures of correlation that allows researchers to quantify the strength 

as well as the direction of the relationship between two variables; it is usually 

denoted by Greek letter ɟ (Kirk 2013).  

  When studying relationships, two variables are assumed typically to be 

correlated if a change in one of those variables is accompanied by change in the 

other. Such a change can either move in the same direction or reverse direction. 

One of the key advantages of Pearsonôs r is that it not only provides 

information on the direction of the relationship, but it is also possible to get 

information on the strength of the relationship. A positive Pearsonôs r, ɟ > 0 
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indicates a positive relationship, that is, high scores on one variable likely leads to a 

high score on the other; while a negative Pearsonôs r, ɟ < 0 indicates a negative 

relationship, that is, high score on one variable likely leads to a low score on the 

other. While ɟ = 0, indicates the non-existence of any relationship. Furthermore, the 

numerical value of ɟ range from -1.0 to +1.0 and this reflects the strength or 

magnitude of the relationship, more specifically, the closer the coefficients are to 

+1.0 or -1.0, the greater is the strength of the linear relationship (Cohen 1988).  

Although there are no hard-and-fast rules for assigning strength of association to 

particular values, some general guidelines are provided by Cohen (1988) in Table 5.3. 

 

Table 5.3 Pearsonôs Correlation Coefficient guidelines Cohen (1988) 

Coefficient, r Coefficient, r  

Positive Negative Strength of Association  

.1 to .3 -0.1 to -0.3 Small 

.3 to .5 -0.3 to -0.5 Medium 

.5 to 1.0 -0.5 to -1.0 Large 

Pearsonôs Correlation Coefficient guidelines Cohen (1988) 

 

In order to determine the appropriateness for use of Pearsonôs Correlation 

Coefficient, four assumptions must be met (Cohen 1988;Kirk 2013). First, the most 

basic is that the two variables being examined should be continuous (interval or 

ratio). Second, there must be a linear relationship between the two variables. Third, 

there should be no significant outliers or extreme points. And fourth, the variables 

must be approximately normally distributed. Below, discussed briefly is how the 
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four assumptions are tested before proceeding to run Pearsonôs product-moment 

correlation. 

 The first assumption is simple to verify based on the very nature of the 

variables. The second, assumption of linearity between the two variables is done by a 

visual inspection of a scatter plot and of primary interest is whether the relationship 

approximates a straight line. Next, assumption 3 testing for outliers or data points 

that do not fit the pattern of the rest of the data and can be done by visually 

inspecting the same scatterplots generated to test for linearity. The fourth assumption, 

both variables are tested for normality by examining their ñSigò values by 

conducting the Shapiro-Wilks test in SPSS. The data is determined to be normally 

distributed if the ñSig.ò is greater than .05 (p > .05). If all four assumptions are met 

then a Pearson correlation analysis can be run in order to obtain the Pearson 

correlation coefficient. The correlation output provided in the table includes the 

coefficient along with the significance level.  

The next step is to calculate simply the coefficient of determination; that is, 

the proportion of variance in one variable that is ñexplainedò by the other variable. 

This is calculated by squaring the correlation coefficient r - (r2) which can also be 

expressed as a percentage (%). The correlation output also contains the p-value that 

allows testing of the level of significance hypotheses about the linear relationship 

between the variables in the sampled population.  

 
5.6.2. Results for Pearson Correlation Coefficient 

 

5.6.2.1. Relationship between LOFC and SAT 

Correlations 

 AVGSOE

CONF123

47 

AVGPOEC

ONF12347 

AVGSOES

ATFS134 

AVGPOESATFS

134 
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AVGSOECONF

12347 

Pearson 

Correlation 
1 .410

**
 -.329

**
 -.289

*
 

Sig. (2-tailed)  .000 .004 .013 

N 74 74 74 74 

AVGPOECONF

12347 

Pearson 

Correlation 
.410

**
 1 -.254

*
 -.319

**
 

Sig. (2-tailed) .000  .029 .006 

N 74 74 74 74 

AVGSOESATF

S134 

Pearson 

Correlation 
-.329

**
 -.254

*
 1 .808

**
 

Sig. (2-tailed) .004 .029  .000 

N 74 74 74 74 

AVGPOESATF

S134 

Pearson 

Correlation 
-.289

*
 -.319

**
 .808

**
 1 

Sig. (2-tailed) .013 .006 .000  

N 74 74 74 74 

**. Correlation is significant at the 0.01 level (2-tailed). 

*. Correlation is significant at the 0.05 level (2-tailed). 

The main reason for running a Pearson correlation analysis is to obtain the 

value of the Pearson correlation coefficient. The Pearsonôs r for SOEsô level of 

conflict on Satisfaction, r = -.329 (the "Pearson Correlation" row). The Pearsonôs r 

for POEsô level of conflict on Satisfaction, r = -.319. As the sign of the Pearson 

correlation coefficients for both are negative, we can conclude that there is a 

negative correlation between the level of conflict and SAT; that is, Satisfaction for 

SOEs increases as SOEsô level of conflict decreases; similarly, satisfaction for POEs 

increases as POEsô level of conflict decreases. Logically, the researcher expected 

these results. 

The magnitude of the Pearson correlation coefficient determines the strength 

of the correlation. According to Cohen (1988): when 0.1 < | r | < .3, there is a small 

correlation; when 0.3 < | r | < .5, there is a medium/moderate correlation; when 

| r | > .5, there is a large/strong correlation where | r | means the absolute value 

or r (e.g., | r | > .5 means r > .5 and r < -.5). Therefore, the Pearson correlation 
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coefficient in this example (r = -.329, -.319) suggests a medium strength correlation. 

Thus, there was a moderate negative correlation for both SOEs and POEs level of 

conflict and SAT, r = -.329 and -.319 respectively. 

The coefficient of determination is the proportion of variance in one variable 

that is "explained" by the other variable and is calculated as the square of the 

correlation coefficient (r
2
). In this example, the coefficient of determination, r

2
, 

equal to -.329
2
 = 0.108. This can also be expressed as a percentage (i.e., 10.8%). 

Thus, SOEsô level of conflict statistically explained 10.8% of the variability in 

distributorsô satisfaction. While POEsô level of conflict statistically explained 10.2% 

of the variability in distributorsô satisfaction. 

To conclude a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô level of conflict and Satisfaction. Preliminary analyses 

showed the relationship to be linear with both variables normally distributed, as 

assessed by Shapiro-Wilk test (p >.05), and there were no outliers. There was a 

moderate negative correlation between SOEsô level of conflict and SAT, r (72) = -

.329, p < .05, with level of conflict explaining  

10.8% of the variation in SAT. In addition, There was a moderate negative 

correlation between POEsô level of conflict and SAT, r (72) = -.319, p < .05, with 

level of conflict explaining 10.2% of the variation in SAT. Overall, there is a 

stronger relationship between SOEsô level of conflict on SAT relative to POEsô level 

of conflict on SAT. However, the strength of association for both SOEs and POEs on 

SAT is moderate. 
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5.6.2.2. Relationship between NCP and SAT 

 

Correlations 

 AVGSOENCP

FSall 

AVGPOENCP

FSall 

AVGSOESAT

FS134 

AVGPOESAT

FS134 

AVGSOENCPFSal

l 

Pearson Correlation 1 .518
**
 .250

*
 .341

**
 

Sig. (2-tailed)  .000 .032 .003 

N 74 74 74 74 

AVGPOENCPFSal

l 

Pearson Correlation .518
**
 1 .304

**
 .339

**
 

Sig. (2-tailed) .000  .009 .003 

N 74 74 74 74 

AVGSOESATFS1

34 

Pearson Correlation .250
*
 .304

**
 1 .808

**
 

Sig. (2-tailed) .032 .009  .000 

N 74 74 74 74 

AVGPOESATFS1

34 

Pearson Correlation .341
**
 .339

**
 .808

**
 1 

Sig. (2-tailed) .003 .003 .000  

N 74 74 74 74 

**. Correlation is significant at the 0.01 level (2-tailed). 

*. Correlation is significant at the 0.05 level (2-tailed). 

 

To conclude, a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô use of NCP and Satisfaction. Preliminary analyses showed the 

relationship to be linear with both variables normally distributed, as assessed by 

Shapiro-Wilk test (p >.05), and there were no outliers. There was a moderate 

negative correlation between SOEsô use of NCP and SAT, r(72) = .25, p < .05, with 

the use of NCP explaining 6.3% of the variation in SAT. In addition, there was a 

moderate negative correlation between POEsô use of NCP and SAT, r(72) = .339, p 

< .0005, with level of conflict explaining 11.5% of the variation in SAT. Overall, 

there is a stronger relationship between SOEsô use of NCP and SAT relative to POEsô 

use of NCP and SAT. However, the strength of association for both SOEs and POEs 

on SAT is moderate. 
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5.6.2.3. Relationship between NCP and LOFC 

To conclude, a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô use of NCP and the level of conflict. Preliminary analyses 

showed the relationship to be linear with both variables normally distributed, as 

assessed by Shapiro-Wilk test (p >.05), and there were no outliers. There was a 

moderate negative correlation between SOEsô use of NCP and the level of conflict, 

r(72) = -.466, p < .0001, with the use of NCP explaining 21.7% of the variation in 

the level of conflict. In addition, There was a moderate negative correlation between 

POEsô use of NCP and the level of conflict, r(72) = -.386, p < .0001, with level of 

conflict explaining 14.9% of the variation in the level of conflict. Overall, there is a 

stronger relationship between SOEsô use of NCP and the level of conflict relative to 

POEsô use of NCP and the level of conflict. However, the strength of association for 

both SOEs and POEs on the level of conflict is moderate. 

 

5.6.2.4. Relationship between CP and SAT  

To conclude, a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô use of CP and SAT. Preliminary analyses showed the 

relationship to be linear with both variables normally distributed, as assessed by 

Shapiro-Wilk test (p >.05), and there were no outliers. There was a moderate 

negative correlation between SOEsô use of CP and SAT, r(72) = -.245, p < .05, with 

CP explaining 6% of the variation in SAT. In addition, there was a moderate 

negative correlation between POEsô use of CP and SAT, r(72) = -.355, p < .0005, 

with the use of CP explaining 11.2% of the variation in SAT. Overall, there is a 

stronger relationship between SOEsô use of CP and SAT relative to POEsô use of CP 
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and SAT. However, the strength of association for both SOEs and POEs on SAT is 

moderate. 

 

5.6.2.5. Relationship between CP and LOFC 

To conclude, a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô use of CP and the level of conflict. Preliminary analyses 

showed the relationship to be linear with both variables normally distributed, as 

assessed by Shapiro-Wilk test (p >.05), and there were no outliers. Based on the 

Pearsonôs correlation, as P > .05, it indicates that there was no correlation between 

SOEsô use of CP and the level of conflict, r(72) = .169, p > .05. In addition, There 

was a moderate negative correlation between POEsô use of CP and the level of 

conflict, r(72) = .340, p < .05, with the use of CP explaining 11.6% of the variation 

in the level of conflict.  

 

5.6.2.6. Relationship between PCRA and LOFC 

To conclude, a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô use of PCRA and the level of conflict. Preliminary analyses 

showed the relationship to be linear with both variables normally distributed, as 

assessed by Shapiro-Wilk test (p >.05), and there were no outliers. There was a 

moderate negative correlation between SOEsô use of PCRA and the level of conflict, 

r(72) = -.265, p < .05, with PCRA explaining 7% of the variation in the level of 

conflict. In addition, There was a moderate negative correlation between POEsô use 

of PCRA and the level of conflict, r(72) = -.253, p < .0005, with the use of PCRA 

explaining 6.4% of the variation in the level of conflict. Overall, there is a stronger 

relationship between SOEsô use of PCRA and the level of conflict relative to POEsô 
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use of PCRA and the level of conflict. However, the strength of association for both 

SOEs and POEs on the level of conflict is moderate. 

 

5.6.2.7. Relationship between PCRA and FOCM 

To conclude, a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô use of PCRA and the frequency of communication. 

Preliminary analyses showed the relationship to be linear with both variables 

normally distributed, as assessed by Shapiro-Wilk test (p >.05), and there were no 

outliers. There was a moderate negative correlation between SOEsô use of PCRA 

and the frequency of communication, r(72) = .303, p < .05, with the frequency of 

communication explaining 9.2% of the variation in PCRA. In addition, there was a 

moderate negative correlation between POEsô frequency of communication and 

PCRA, r(72) = .369, p < .05, with the frequency of communication explaining 13.6% 

of the variation in PCRA. Overall, there is a stronger relationship between SOEsô use 

of PCRA and the frequency of communication relative to POEsô use of PCRA and 

the frequency of communication. However, the strength of association for both SOEs 

and POEs on the frequency of communication is moderate. 

 

5.6.2.8. Relationship between PCRA and LOT 

In conclusion, a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô use of PCRA and the level of trust. Preliminary analyses 

showed the relationship to be linear with both variables normally distributed, as 

assessed by Shapiro-Wilk test (p >.05), and there were no outliers. There was a 

moderate negative correlation between SOEsô use of PCRA and the level of trust, 

r(72) = .394, p < .05, with the level of trust explaining 15.5% of the variation in 
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PCRA. In addition, There was a moderate negative correlation between POEsô level 

of trust and PCRA, r(72) = .414, p < .001, with the level of trust explaining 17.2% of 

the variation in PCRA. Overall, there is a stronger relationship between SOEsô use of 

PCRA and the level of trust relative to POEsô use of PCRA and the level of trust. 

However, the strength of association for both SOEs and POEs on the level of trust is 

moderate. 

 

5.6.2.9. Relationship between PCRA and LOG  

To conclude, a Pearsonôs correlation was run to assess the relationship 

between SOEs/POEsô use of PCRA and the level of Guanxi. Preliminary analyses 

showed the relationship to be linear with both variables normally distributed, as 

assessed by Shapiro-Wilk test (p >.05), and there were no outliers. Based on the 

Pearsonôs correlation, as P > .05, it indicates that there was no correlation between 

SOEsô use of PCRA and the level of Guanxi, r(72) = .191, p > .05, with the level of 

Guanxi explaining 4% of the variation in PCRA. In addition, there was a moderate 

negative correlation between POEsô level of Guanxi and PCRA, r(72) = .522, p < .05, 

with the level of Guanxi explaining 27.3% of the variation in PCRA.  

 

5.6.3. Pearsonôs Results for Mediating Variable PCRA 

5.6.3.1. Relationship between FOCMðPCRAðLOFC 

By using the results from our multiple regression section, a test was run to 

examine the relationship between manufacturersô use of communication with the 

level of conflict through the mediator of positive conflict resolution attitude. The 

standardised b coefficient for SOEsô use of communication with the level of conflict 

through the mediator of positive conflict resolution attitude is -.144, P <.05, with use 
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of communication explaining 21.5% of the variation in the level of conflict via the 

mediator of PCRA. The standardised b coefficient for POEsô use of communication 

with distributorsô level of conflict through the mediator of positive conflict 

resolution attitude is -.183, P <.05, with use of communication explaining 9.5% of 

the variation in the level of conflict via the mediator of PCRA. By comparing the 

beta coefficients, it could be concluded that the introduction of PCRA as a mediator 

of the relationship between the frequency of communication and the outcome 

variable, the level of conflict, there is a stronger impact on the relationship between 

POEs manufacturers and distributors relative to SOEs manufacturers and distributors. 

 

5.6.3.2. Relationship between LOTðPCRAðLOFC 

By using the results from our multiple regression section, a test was run to examine 

the relationship between manufacturersô use of trust with the level of conflict 

through the mediator of positive conflict resolution attitude. The standardised b 

coefficient for SOEsô use of trust with the level of conflict through the mediator of 

positive conflict resolution attitude is -.169, P <.05, with use of trust explaining 12% 

of the variation in the level of conflict via the mediator of PCRA. The standardised b 

coefficient for POEsô use of trust with distributorsô level of conflict through the 

mediator of positive conflict resolution attitude is -.168, P <.05, with use of trust 

explaining 9.8% of the variation in the level of conflict via the mediator of PCRA. 

By comparing the beta coefficients, it could be concluded that the introduction of 

PCRA as a mediator of the relationship between the level of trust and the outcome 

variable, the level of conflict, there is more or less similar impact on the relationship 

between POEs manufacturers and distributors relative to SOEs manufacturers and 

distributors. 
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5.6.3.3. Relationship between LOGðPCRAðLOFC  

By using the results from our multiple regression section, a test was run to 

examine the relationship between manufacturersô use of Guanxi with the level of 

conflict through the mediator of positive conflict resolution attitude. The 

standardised b coefficient for SOEsô use of Guanxi with the level of conflict through 

the mediator of positive conflict resolution attitude is -.207, P <.05, with use of 

Guanxi explaining 15.9% of the variation in the level of conflict via the mediator of 

PCRA. The standardised b coefficient for POEsô use of Guanxi with distributorsô 

level of conflict through the mediator of positive conflict resolution attitude is -.134, 

P <.05, with use of Guanxi explaining 10.1% of the variation in the level of conflict 

via the mediator of PCRA. By comparing the beta coefficients, it could be concluded 

that the introduction of PCRA as a mediator of the relationship between the level of 

Guanxi and the outcome variable, the level of conflict, there is a stronger impact on 

the relationship between SOEs manufacturers and distributors relative to POEs 

manufacturers and distributors. 

 

5.7. Comparison of Regression Lines 

The social sciences and many other disciplines are often interested in 

determining whether associations between two variables differ across groups (Ng 

and Wilcox 2010). 

According to Kleinbaum et al. (2013), there are three basic questions to consider 

when comparing two straight-line regression equations: 1) Are the slopes the same or 

different (regardless of whether the intercepts are different? 2) Are the two intercepts 

the same or different (regardless of whether the slopes are different)? 3) Are the two 

lines coincidental (that is, the same), or do they differ in slope and/or intercepts? One 
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way to answer these three questions is through a visual inspection of the regression 

lines. Another way is to explore statistically whether the observed differences 

between the regression lines could have occurred by chance. In other words, to be 

statistically precise when comparing two regression lines, one must consider the 

sampling variability of the data by using statistical test(s) and/or confidence 

interval(s). For the purpose of this study, both visual and statistical inspection was 

employed to examine the similarity or differences of the two regression lines. 

First, to conduct a visual inspection, one needs to determine what type of the 

regression lines looks like. There are four types/situations stated by (Kleinbaum et al. 

2013), as illustrated in Figure 5.1. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

X 
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X 

Y 

X 

Y 

X 

Y 

(d) Parallel lines (equal 

slopes but unequal 

intercepts) 

(c) Equal intercepts but 

unequal slopes 

(b) Intersecting lines 

(unequal slopes and 

unequal intercepts) 

(a) Coincident lines 

(equal slopes and 

equal intercepts) 

Figure 5.1. Possible Conclusions from Comparing Two Straight-Line Regression Lines 

Source: Kleinbaum et al., 2013:98, óApplied regression analysis and other multivariable methodsô 
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A visual inspection as depicted above is explained below. 

(a) For example, if our regression lines are parallel (equal slopes but unequal 

intercepts), in the case of manufacturersô use of NCP and satisfaction, it can 

be interpreted to mean that one group (SOE) has consistently higher 

satisfaction than the other (POE), but the rate of change with respect to 

coercive power of the same for both groups. 

(b) If we have regression lines with equal intercepts but unequal slopes, it can be 

concluded that both groups begin with the same average rating of satisfaction 

but that average satisfaction with respect to non-coercive power at different 

rates for POEs and SOEs. 

(c) If the two lines have different slopes and different intercepts it means that the 

relationship between non-coercive power and satisfaction differs for both 

POEs and SOEs with regard to both different origins and the rates of change. 

(d) If the two straight lines are coincident with equal slopes and intercepts, this 

indicates that the relationship between non-coercive power and satisfaction is 

similar for both POEs and SOEs with regard to both similar magnitude and 

the rates of change. 

 

Second, there are two general approaches to answering the above three questions 

related to the comparison of two straight lines. Method I involves treating the 

dummy variable data separately by fitting two separate regression equations and then 

conducting appropriate two-sample t tests. In method II  the two dummy regression 

equations are combined to form a single multiple regression equation that allows for 

different slopes and different intercepts. 
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Method II was used as it is relatively simpler to implement in statistical 

computing packages, since only one model needs to be fit and standard output is 

typically sufficient to conduct the hypothesis tests. In contrast, method I requires that 

two models be fit, followed by manual calculations based on the model-fitting results 

(Kleinbaum et al. 2013).  

Method II entails a pooling of the data on both SOEs and POEs to allow 

consideration of a single equation involving an additional independent variable used 

to identify the group in the poled data. This additional variable is called a dummy 

variable, Z. 

Y =b0 + b1X + b2Z+ b3XZ + E 

Where Z = 1 if SOE, 2 if POE. Y represents satisfaction and X the manufacturersô 

use of non-coercive power. 

For the analysis of regression lines, atatgraphics was used. This is a statistical 

package that performs and explains basic and advanced statistical functions similar 

to programmes such as SPSS and SAS. Method II can be run in statgraphics, as 

shown below, to test parallelism and equality of intercepts.  

 

5.7.1. Comparison of the Use of NCP and SAT between Two Groups (SOEs/POEs) 
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First, we conducted a visual inspection of the relationship between 

manufacturersô use of NCP and distributors level of satisfaction as generated by 

statgraphics. It is unclear from the inspection above whether the regression lines are 

parallel or share common intercepts. Further statistical analysis of comparison of two 

regression lines would aid and clarify the visual examination.   

Comparison of Regression Lines - AVGSATFS134 versus AVGNCPFSall by Group 

Dependent variable: AVGSATFS134 

Independent variable: AVGNCPFSall 

Level codes: Group 

Number of complete cases: 148 

Number of regression lines: 2 

Multiple Regression Analysis 

  Standard T  

Parameter Estimate Error Statistic P-Value 

Group
1
2

Plot of Fitted Model

-2.2 -1.2 -0.2 0.8 1.8

AVGNCPFSall

-2

-1

0

1

2

A
V

G
S

A
T

F
S

1
3
4
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CONSTANT 0.0485111 0.0800388 0.606095 0.5454 

AVGNCPFSall 0.232953 0.103691 2.24661 0.0262 

Group=2 -0.095371 0.113186 -0.842602 0.4008 

AVGNCPFSall*Group=2 0.0550079 0.141778 0.387986 0.6986 

 

Coefficients 

Group Intercept Slope 

1 0.0485111 0.232953 

2 -0.0468599 0.287961 

 

Analysis of Variance 

Source Sum of Squares Df Mean Square F-Ratio P-Value 

Model 7.04327 3 2.34776 4.96 0.0026 

Residual 68.1613 144 0.473342   

Total (Corr.) 75.2046 147    

 

R-Squared = 9.36548 percent 

R-Squared (adjusted for d.f.) = 7.47727 percent 

Standard Error of Est. = 0.687999 

Mean absolute error = 0.556318 

Durbin-Watson statistic = 1.60093 (P=0.0073) 

Lag 1 residual autocorrelation = 0.197513 

Further ANOVA for Variables in the Order Fitted  

Source Sum of Squares Df Mean Square F-Ratio P-Value 

AVGNCPFSall 6.63676 1 6.63676 14.02 0.0003 

Intercepts 0.335253 1 0.335253 0.71 0.4014 

Slopes 0.0712536 1 0.0712536 0.15 0.6986 

Model 7.04327 3    
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In the example, there are a total of n = 148 observations. The categorical factor 

contains m = 2 levels. The general equation for the model is  

Y =b0 + b1X + b2I1+ b3I1X + b4I2 + b5I2X + é + b2m-2Im-1 + b2m-1Im-1X 

Where I1, I2, ..., Im-1 are indicator variables for the categorical factors, where I j = 1 

if the categorical factor is at its (j+1)-st level and 0 otherwise. The terms involving 

only the indicator variables allow the intercepts to vary amongst levels of the 

categorical factor, while the terms containing the cross-products of the indicator 

variables with X allow the slopes to vary. The t-statistic tests the null hypothesis that 

the corresponding model parameter equals 0, versus the alternative hypothesis that it 

does not equal 0. Small P-Values (less than 0.05 if operating at the 5% significance 

level) indicate that a model coefficient is significantly different from 0. 

The Further ANOVA for Variables in the Order Fitted (Conditional Sums of 

Squares) table displayed the values of interests are the p values for the intercepts and 

slopes of the regression lines. Furthermore, of primary interest are the F-tests and P-

values for the Intercepts and Slopes.  

1. The F-test for Slopes tests the hypotheses:  

Null Hypothesis: slopes of the lines are all equal 

Alt. Hypothesis: slopes of the lines are not all equal 

If the P-Value is small (e.g., less than 0.05), then the slopes of the lines vary 

significantly amongst the levels of the categorical factor. Based on the results of 

Conditional Sums of Squares table, since the p value is larger than 0.05, we do not 

reject the null hypothesis and conclude that the slopes of the lines are equal.  

2. The F-test for Intercepts tests the hypotheses:  

Null hypothesis: intercepts of the lines are all equal 
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Alt. Hypothesis: intercepts of the lines are not all equal  

If the P-Value is small (e.g., less than 0.05), then the intercepts of the lines vary 

significantly amongst the levels of the categorical factor. Based on the results of 

Conditional Sums of Squares table, since the p value is greater than 0.05, again we 

do not reject the null hypothesis and conclude that the intercepts of the lines are 

equal.  

Since the null hypothesis is not rejected, one can conclude that the two lines 

are coincidental with the same magnitude and the rates of change. Thus, we can 

further conclude that there is no difference between the use of NCP on Satisfaction 

for both SOEs and POEs. For all subsequent illustrations of the comparisons of 

regression lines, see Appendix IV. 

 

5.7.2. Comparison of the Use of CP and LOCF between Two Groups (SOEs/POEs) 

First, we conduct a visual inspection of the relationship between 

manufacturersô use of CP and level of conflict. The diagram seems to show that the 

two lines have different slopes and different intercepts, which would mean that the 

relationship between CP and level of conflict is different for different groups that 

they both have different magnitude and rates of change (see Appendix IV). However, 

it is normally useful to complement visual inspections with numerical analysis for 

comparison of two regression lines to facilitate greater accuracy. 

The conditional sums of squares table displayed the values of interests are the 

p values for the intercepts and slopes of the regression lines. Because the p-value in 

the ANOVA table is less than 0.05, there is a statistically significant relationship 

between the variables at the 95.0% confidence level, and since the p-value is small 

(less than 0.05 when operating at the 5% significance level), then the intercepts of 
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the lines vary significant amongst the levels of the categorical factor. We can reject 

the null hypothesis and conclude that the intercepts of the lines are significantly 

different.  

For the slope, the p-value is small (e.g., less than 0.05), then the slopes of the 

lines vary significantly amongst the levels of the categorical factor. Since p is larger 

than 0.05, we do not reject the null hypothesis and conclude that the slopes of the 

lines are equal. 

Based on Larsenôs (2005) suggestion, since one of the hypotheses is rejected, 

in this case, the intercepts of the lines, we can conclude that the two lines are not 

coincident. Therefore, we can proceed to refit the parallel regression lines to 

determine the differences in magnitude (intercept) in line 1 (SOE) and line 2 (POE). 

The equation of the refitted model is presented below:  

AVGCONFFS12347 = 0.178775 + 0.243062*AVGCP1256 - 0.35755*(Group=2) 

From this equation, we can conclude that based on the last coefficient in the model, 

line 2 (POEs) generates on average 35% less conflict than line 1 (SOEs). 

 

5.7.3. Comparison of the Use of NCP and LOCF between Two Groups (SOEs/POEs) 

First, we conduct a visual inspection of the relationship between 

manufacturersô use of NCP and distributors level of conflict as generated by 

statgraphics. By looking at the diagram, the two lines have different slopes and 

different intercepts, which means that the relationship between NCP and level of 

conflict is different for different groups that there are both different magnitude and 

rates of change. Further statistical analysis of comparison of two regression lines 

would aid and clarify the visual examination.   
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The ANOVA (or conditional sums of squares) table displayed the values of 

interests are the p-values for the intercepts and slopes of the regression lines. 

Because the p-value in the ANOVA table is less than 0.05, there is a statistically 

significant relationship between the variables at the 95.0% confidence level, and 

since the p-value is small (less than 0.05 when operating at the 5% significance 

level), then the intercepts of the lines vary significantly amongst the levels of the 

categorical factor. We can reject the null hypothesis and conclude that the intercepts 

of the lines are significantly different.  

For the slope, the p-value is small (e.g., less than 0.05), then the slopes of the 

lines vary significantly amongst the levels of the categorical factor. Since p is larger 

than 0.05, we do not reject the null hypothesis and conclude that the slopes of the 

lines are equal.  

Based on Larsenôs (2005) suggestion, since one of the hypotheses is rejected, 

in this case, the intercepts of the lines, we can conclude that the two lines are not 

coincident. Therefore, we can proceed to refit the parallel regression lines to 

determine the differences in magnitude (intercept) in line 1 (SOE) and line 2 (POE). 

As the equation of the refitted model is presented below:  

AVGCONFFS12347 = 0.174367 - 0.343523*AVGNCPFSall - 0.348735*(Group=2)  

From this equation, we can conclude that based on the last coefficient in the model, 

that line 2 (POEs) generates on average 34% less conflict than line 1 (SOEs). 

 

5.7.4. Comparison of the Use of CP and SAT between Two Groups (SOEs/POEs) 

First, we conduct a visual inspection of the relationship between 

manufacturersô use of CP and distributors level of satisfaction, as generated by 

statgraphics. It is unclear from the above inspection whether the regression lines are 
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parallel or share common intercepts. Further statistical analysis of comparison of two 

regression lines would aid and clarify the visual examination.   

The ANOVA (or conditional sums of squares) table displayed the values of 

interests are the p-values for the intercepts and slopes of the regression lines. 

Because the p-value in the ANOVA table is less than 0.05, there is a statistically 

significant relationship between the variables at the 95.0% confidence level. 

Since p is greater than 0.05, we do not reject the null hypothesis and conclude that 

the slopes of the lines are equal. Moreover, since p is larger than 0.05, again we do 

not reject the null hypothesis and conclude that the intercepts of the lines are equal.  

Since the null hypothesis is not rejected, one can conclude that the two lines 

are coincident with the same magnitude and the rates of change. Thus, we can further 

conclude that there is no difference between the use of CP on satisfaction for both 

SOEs and POEs. 

 

5.7.5. Comparison of the LOCF and SAT between Two Groups (SOEs/POEs) 

First, we conduct a visual inspection of the relationship between the level of 

conflict and distributorsô satisfaction as generated by statgraphics. By looking at the 

diagram, the two lines have different slopes and different intercepts. Thererfore, the 

relationship between LOCF and SAT is different for different groups in that there are 

both different magnitude and rates of change. Further statistical analysis of 

comparison of two regression lines would aid and clarify the visual examination. 

The ANOVA (or conditional sums of squares) table displayed the values of 

interests are the p values for the intercepts and slopes of the regression lines. 

Because the P-value in the ANOVA table is less than 0.05, there is a statistically 

significant relationship between the variables at the 95.0% confidence level. 
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Since the p-value is small (e.g., less than 0.05), then the intercepts of the lines 

vary significantly amongst the levels of the categorical factor. We can reject the null 

hypothesis is and conclude that the intercepts of the lines are significantly different.  

Again, since the p-value is small (e.g., less than 0.05), then the slopes of the 

lines vary significantly amongst the levels of the categorical factor. Since p is larger 

than 0.05, we do not reject the null hypotheses is and conclude that the slopes of the 

lines are equal.  

Based on Larsenôs (2005) suggestion, since one of the hypotheses is rejected, 

in this case, the intercepts of the lines, we can conclude that the two lines are not 

coincident. Therefore, we can proceed to refit the parallel regression lines to 

determine the differences in magnitude (intercept) in line 1 (SOE) and line 2 (POE). 

As the equation of the refitted model is presented below: 

 AVGSATFS134 = 0.111209 - 0.339549*AVGCONFFS12347 - 

0.222418*(Group=2) 

From this equation, we can conclude that based on the last coefficient in the model, 

that line 2 (POEs) generates on average 22% less conflict than line 1 (SOEs). 

 

5.7.6. Comparison of LOCF and PCRA between Two Groups (SOEs/POEs) 

First, we conduct a visual inspection of the relationship between PCRAand 

distributorsô LOC as generated by statgraphics. It is unclear from the inspection 

above whether the regression lines are parallel or share common intercept. Further 

statistical analysis of comparison of two regression lines would aid and clarify the 

visual examination.  

The ANOVA (or conditional sums of squares) table displayed the values of 

interests are the p-values for the intercepts and slopes of the regression lines.  
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Since the p-value is small (e.g., less than 0.05), then the intercepts of the lines 

vary significant amongst the levels of the categorical factor. We can reject the null 

hypothesis and conclude that the intercepts of the lines are significantly different.  

Again, since the p-value is small (e.g., less than 0.05), the slopes of the lines 

vary significantly amongst the levels of the categorical factor. Since p is greater than 

0.05, we do not reject the null hypothesis and conclude that the slopes of the lines are 

equal.  

Based on Larsenôs (2005) suggestion, since one of the hypotheses is rejected, 

in this case, the intercepts of the lines, we can conclude that the two lines are not 

coincident. Therefore, we can proceed to refit the parallel regression lines to 

determine the differences in magnitude (intercept) in line 1 (SOE) and line 2 (POE). 

As the equation of the refitted model is presented below: 

 AVGCONFFS12347 = 0.161043 - 0.223569*AVGPCRAall - 0.322086*(Group=2) 

From the above equation, we can conclude that based on the last coefficient in the 

model, that line 2 (POEs) generates on average 32% less conflict than line 1 (SOEs). 

 

5.7.7. Comparison of the PCRA and LOT between Two Groups (SOEs/POEs) 

First, we conduct a visual inspection of the relationship between level of trust 

and positive conflict resolution attitude as generated by statgraphics. It is unclear 

from the inspection above whether the regression lines are parallel or share common 

intercept. Further statistical analysis of comparison of two regression lines would aid 

and clarify the visual examination.   

Because the P-value in the ANOVA table is less than 0.05, there is a 

statistically significant relationship between the variables at the 95.0% confidence 

level. However, p is larger than 0.05 for both the Slopes and intercepts. Therefore, 
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we do not reject the null hypothesis and conclude that the slopes and the intercepts of 

the lines are equal. Since the null hypothesis is not rejected, one can conclude that 

the two lines are coincident with the same magnitude and the rates of change. Thus, 

we can further conclude that there is no difference between the use of NCP on 

Satisfaction for both SOEs and POEs. 

 

5.7.8. Comparison of the PCRA and FOCM between Two Groups (SOEs/POEs) 

First, we conduct a visual inspection of the relationship between the 

frequency of communication and positive conflict resolution attitude as generated by 

statgraphics. By looking at the diagram, it seems that the two lines have different 

slopes and different intercepts. Therefore, the relationship between the frequency of 

communication and positive conflict resolution attitude different for different groups 

that there are both different magnitude and rates of change. Further statistical 

analysis of comparison of two regression lines would aid and clarify the visual 

examination. 

The ANOVA (or conditional sums of squares) table displayed the values of 

interests are the p-values for the intercepts and slopes of the regression lines. Since 

the P-Value is small (e.g., less than 0.05), then the intercepts of the lines vary 

significantly amongst the levels of the categorical factor. We can reject the null 

hypothesis and conclude that the intercepts of the lines are significantly different.  

Since the P-Value is small (e.g., less than 0.05), then the slopes of the lines vary 

significantly amongst the levels of the categorical factor. We can reject the null 

hypothesis and conclude that the slopes of the lines are significantly different.  

Based on Larsenôs (2005) suggestion, since both of the hypothesis are 

rejected, in this case, the intercepts of the lines and the slopes of the lines, we can 
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conclude that the two lines are not coincident. As the equation of the fitted model is 

shown below, 

AVFPCRAFSall = 0.00589983 + 0.968942*AVGCOMMUFSall  + 

0.051874*(Group=2) -0.228605*AVGCOMMUFSall*(Group=2) 

At lower levels of communication, POEsô PCRA increases at a faster rate than SOEs; 

however, beyond the intercept, at higher levels of communication, SOEsôPCRA 

increases at a faster rate than POEs. 

 

5.7.9. Comparison of PCRA and LOG between Two Groups (SOEs/POEs) 

First, we conduct a visual inspection of the relationship between Guanxi and 

positive conflict resolution attitude as generated by statgraphics. By looking at the 

diagram, it seems that the two lines have different slopes and different intercepts, 

which means that the relationship between CP and level of conflict is different for 

different groups that there are both different magnitude and rates of change. Further 

statistical analysis of comparison of two regression lines would aid and clarify the 

visual examination. 

The ANOVA (or conditional sums of squares) table displayed the values of 

interests are the p-values for the intercepts and slopes of the regression lines.  

Since the P-Value for the intercept of the lines is larger than 0.05, then the intercepts 

of the lines do not vary significantly amongst the levels of the categorical factor. We 

do not reject the null hypothesis and conclude that there are not statistically 

significant differences among the intercepts for the various values of Group.  

However, the p-value for the slope of the lines is smaller than 0.05, we reject 

the null hypothesis and conclude that there are statistically significant differences 

among the slopes for the various values of Group. 
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Based on Larsenôs (2005) suggestion, since one of the hypotheses is rejected, 

in this case, the intercepts of the lines, we can conclude that the two lines are not 

coincident. Therefore, we can proceed to refit the parallel regression lines to 

determine the differences in the rate of change (slope) in line 1 (SOE) and line 2 

(POE). As the equation of the refitted model is shown below,  

AVGPCRAall = -0.0408675 + 0.152813*AvgGuanxiall + 

0.362469*AvgGuanxiall*(Group=2) 

From the above equation, we can conclude that based on the last coefficient 

in the model, that line 2 (POEs) generates 32% less conflict on average than line 1 

(SOEs). 

At a higher level of Guanxi, distributorsô experience increase level of PCRA with 

POEs relative to SOEs. However, at a lower level of Guanxi, they appear to be 

higher PCRA with SOEs relative to POEs. 

To summarise the above results for all tested hypotheses in this thesis, see overall 

results in table 5.4. 
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Hypothesis Hypothesised Relationship p-value Hypothesis Status 
H1 M

CP
 and SAT .000 Accepted 

H1A SOE
CP

 and SOE
SAT .035 Accepted 

H1B POE
CP

 and POE
SAT .004 Accepted 

H2  M
NCP

 and SAT .000 Accepted 
H2A SOE

NCP
 and SOE

SAT .032 Accepted 
H2B POE

NCP
 and POE

SAT .003 Accepted 
H3 M

CP
 and LOCF .003 Accepted 

H3A SOE
CP

 and SOE
LOCF .1.69 Rejected 

H3B POE
CP

 and POE
LOCF .003 Accepted 

H4 M
NCP

 and LOCF .000 Accepted 
H4A SOE

NCP
 and SOE

LOCF .000 Accepted 
H4B POE

NCP
 and POE

LOCF .001 Accepted 
H5 LOCF and SAT .000 Accepted 
H5A SOE

LOCF
 and SOE

SAT .004 Accepted 

H5B POE
LOCF

 and POE
SAT .006 Accepted 

H6 PCRA and LOCF .002 Accepted 

H6A SOE
PCRA

 and SOE
LOCF .023 Accepted 

H6B POE
PCRA

 and POE
LOCF .030 Accepted 

H7 LOT and PCRA .000 Accepted 

H7A SOE
LOT

 and SOE
PCRA .001 Accepted 

H7B POE
LOT

 and POE
PCRA .000 Accepted 

H7C SOE
LOT

 ï MED
SOEPCRA 

ï SOE
LOCF .011 Accepted 

H7D POE
LOT

 ï MED
POEPCRA 

ï POE
LOCF .026 Accepted 

H8 LOCM and PCRA .000 Accepted 

H8A SOE
LOCM

 and SOE
PCRA .009 Accepted 

H8B POE
LOCM

 and POE
PCRA .001 Accepted 

H8C SOE
LOCM

 ï MED
SOEPCRA 

ï SOE
LOCF .000 Accepted 

H8D POE
LOCM

 ï MED
POEPCRA 

ï POE
LOCF .029 Accepted 

H9 LOG and PCRA .000 Accepted 

H9A SOE
LOG

 and SOE
PCRA .103 Rejected 

H9B POE
LOG

 and POE
PCRA .000 Accepted 

H9C SOE
LOG

 ï MED
SOEPCRA 

ï SOE
LOCF .002 Accepted 

H9D POE
LOG

 ï MED
POEPCRA 

ï POE
LOCF .023 Accepted 

 

Table 5.4 Confirmation of Outcomes of All Tested Hypotheses 
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CHAPTER 6. DISCUSSION OF RESULTS 

 

 

6.1. Introduction 

This chapter begins by outlining the aims and objectives of the thesis, 

followed by a summary of the main findings. The chapter compares the development 

of the current instrument with others identified in the literature review and discusses 

the interpretation of the studyôs main findings. 

 

6.2. Objectives and Main Findings  

As outlined in Chapter 1, the objectives of the study are to: 1) identify, 

describe and investigate the power relationship constructs in the context of Chinaôs 

Iron and Steel Industry; 2) understand the concept of power from the perspective of 

distributors and their relationship with State-Owned Enterprises (SOEs) and Private-

Owned Enterprises (POEs) in this industry; and 3) explore the possibility of 

developing an extended research power-relationship framework by investigating the 

power construct and potentially related and relevant factors in the Chinese market 

that may impact predicted outcomes, such as satisfaction (SAT), positive conflict 

resolution attitude (PCRA) and levels of conflict (LOCF). 

 

6.2.1. Discussion of the Results from Regression Analysis 

The results of multiple regression analysis indicated that all the hypotheses 

(H1 to H9) proposed were supported. See Table 6.1 for the summary of 

Hypothesised Power-Relationships in extended power-relationship framework 

(EPRF). 
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The findings for H1 to H4 are consistent with the results of similar research 

in the work of power (Etgar 1979;Lusch 1976;Gaski and Nevin 1985;Hunt and 

Nevin 1974;Benton and Maloni 2005). Before discussing H1 and H2, Benton and 

Maloni (2005) indicate that the power-satisfaction variable must be included in any 

examination of supply chain relationships. 

In this study, hypothesis H1 was confirmed using the same analytical 

methods; such as multiple regression analysis (MRA) and correlation coefficient 

analysis as in Gaski and Nevinôs (1985) study. H1, coercive power (CP) was found 

to be negatively related with satisfaction (SAT) as supported by other researchers 

with P < .05 (Gaski and Nevin 1985;Lee 2001;Raven et al. 1993b;Yu and Pysarchik 

2002;Leonidou et al. 2008a). As reported in section 4.5.1, this researcher found two 

types of CP: financial and non-financial punishment. Thus, the supported hypothesis 

(H1) suggest; for example, if the distributors do not comply with the method of 

Models/Factors R R
2
 Sig. Standardised 

Coefficient Beta 

Durbin-

Watson 

Hypothesis 1: M
CP

 and SAT .296 .088 .000 -.296 1.614 

Hypothesis 2: M
NCP

 and SAT .297 .088 .000 .297 1.587 

Hypothesis 3: M
CP

 and LOCF .240 .058 .003 .240 1.400 

Hypothesis 4: M
NCP

 and LOCF .392 .154 .000 -.392 1.250 

Hypothesis 5: LOCF and SAT .288 .083 .000 -.288 1.539 

Hypothesis 6: PCRA and LOCF .249 .062 .002 -.249 1.775 

Hypothesis 7: LOT and PCRA .403 .162 .000 .403 1.820 

Hypothesis 8: FOCM and PCRA .329 .108 .000 .329 1.726 

Hypothesis 9: LOG and PCRA .322 .104 .000 .322 1.823 

Table 6.1 Summary of Hypothesised Power-Relationships Framework using Multiple 

Regression 

M
CP

 = Manufacturersô use of coercive power 

M
NCP

 = Manufacturersô use of non- coercive power 

SAT = Distributorsô satisfaction 

LOCF = Level of conflict between manufacturers and distributors 

PCRA = Positive conflict resolution attitude between manufacturers and distributors 

FOCM = Frequency of communication between manufacturers and distributors 

LOT = Level of trust between manufacturers and distributors 

LOG = Level of Guanxi between manufacturers and distributors 
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payment required by the manufacturers, the manufacturers may retaliate by charging 

higher prices (financial punishment) which will lead to distributorsô dissatisfaction. 

In addition, the manufacturers may choose to make things more difficult (non-

financial punishment) if the distributors do not agree to their suggestions (e.g., 

contract clause, selling method, service level) which will lead to distributorsô 

dissatisfaction. This is in line with Kasulis and Spekmanôs (1980) finding that the 

use of economic and non-economic punishment is likely to lead to dissatisfaction 

and deterioration of the buyer-seller relationship.  

It appears that the findings supporting H1 can be generalised to a range of 

industries inclusive of the Chinese Iron and Steel Industry examined in this thesis. 

For example, the range of industries covered by various authors, such as heavy 

industrial machinery in Canada (Gaski and Nevin, 1985); automobile industry in the 

U.S. (Benton and maloni, 2005); exportation of industrial goods in the U.S. 

(Leonidou et al. 2008); agricultural industry in U.S. (Raven et al., 1993); cosmetic 

retailing industry in Korea (Yu and Pysarchik, 2002); have similar findings. Notably, 

although most of these studies are Western-based and the industrial settings are very 

different, H1 can be generalised to different countries and business sectors, as we 

have verified the same relationship with similar results.  

Hypothesis H2 was confirmed by using the same analytical methods as in 

Gaski and Nevinôs study. H2, non-coercive power was found to be positively related 

with satisfaction was supported by other researchers with p < .05 (Gaski and Nevin 

1985;Ramaseshan et al. 2006;Yu and Pysarchik 2002;Raven et al. 1993b). As 

reported in section 4.5.2, this researcher found that there were two types of NCP: 

financial and non-financial reward. Thus, the supported hypothesis (H2) suggest, for 

example, if the manufacturers give trade discount (financial rewards), this will lead 
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to distributorsô satisfaction. Moreover, if the manufacturers will give non-financial 

rewards such as providing advertising assistance, pricing forecast, field supervisor as 

well as a pick-up of returned products, this will lead to distributorsô satisfaction 

too.This is in line with Gaski and Nevin (1985); Lusch and Brownôs, (1982) finding 

that the use of financial and non-financial rewards is likely to lead to retailerô 

satisfaction.  

However, the results of this study (H2) do not corroborate the results of 

Leonidou et al. (2008) regarding the inconclusive influence of non-coercive power 

on satisfaction. One possible explanation could be the insufficient amount of non-

coercive power to offer substantial financial and non-financial benefits to increase 

satisfaction. Another possible explanation could be the Chinese distributors are easy 

to satisfy even if manufacturers do not provide sufficient financial and non-financial 

benefits (Lee 2001).  

Hypothesis H3 was confirmed using the same analytical methods as in Gaski 

and Nevinôs study. H3, channel conflict was found to relate positively to the use of 

coercive power. As the exercise of coercive power increased so did the level of 

conflict in the channel relationship. Our results support the results of similar findings 

of previous studies such as (Benton and Maloni 2005;Etgar 1979;Lusch 1977;Yu and 

Pysarchik 2002;Leonidou et al. 2008a), who found channel conflict to be positively 

related to the use of coercive power. As reported in section 4.5.3, this researcher 

found that there were two types of LOCF: task-based and relationship-based conflict. 

Thus, the supported hypothesis (H3) suggest, for example, if the manufacturers use 

CP such as charging higher prices, this will lead to higher levels of conflict over 

pricing issues (task-based conflict). Conversely, if the manufacturers use CP such as 

make things more difficult, this will lead to higher levels of conflict during social 
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interaction (relationship-based conflict). Therefore, the exercise of CP is an 

aggressive action that can lead to disagreements and increase tensions in the working 

relationship (Leonidou et al., 2008).  

Hypothesis H4 was confirmed by using the same analytical methods as in 

Gaski and Nevinôs study. H4, channel conflict was found to be negatively related to 

the use of non-coercive sources of power. These findings for H4 are supported by 

other researchers who defined conflict similarly (Benton and Maloni 2005;Etgar 

1979;Lusch 1977;Yu and Pysarchik 2002;Leonidou et al. 2008a). In our case, the 

supported hypothesis (H4) suggest, for example, if the manufacturers use NCP such 

as giving trade discount, this will lead to lower levels of conflict due to the receipt of 

financial rewards. Another example could be, if the manufacturers use NCP such as 

providing field supervisors on request, such a non-financial assistance may enhance 

the problem resolution process and in turn, reduce any tensions that exist in channel 

relations. This is in line with viewpoint that the use of NCP business practices will 

nurture and improve negotiation towards mutually beneficial interactions in the 

future (Leonidouôs et al., 2008) and, thus, likely to reduce conflict between channel 

members. 

The expected result was found when testing the relationship between channel 

conflict and satisfaction (H5) as they are negatively related. This is in line with 

othersô results in channel literature (Dwyer, 1980; Frazier, (1989); Smith and 

Koenig, (1985a); Karadagli and Aluftekin, (2012) which reinforces the fact that there 

is a close relationship between the perceived channel conflict and the level of 

satisfaction of the respective channel members, an inverse relationship, in that, as 

one increases the other decreases.  . This finding was expected as the respondents 

would be expected to hold traditional values due to their average age (e.g., majority 
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of them were born in 1960s) who were considered as traditional Chinese people 

prefer compromise and avoidance when facing conflicts. When encountering 

conflicts, they attempt to avoid it or adopt indirect approaches as traditional culture 

decrees to minimise the level of conflict (Wei 2014). Meanwhile, as they are easy to 

satisfy (Lee, 2001), it is expected that there is a low level of conflict and a high level 

of satisfaction in the distribution channel. In our case, the supported hypothesis (H4) 

suggest, for example, if the frequent conflict over pricing and/or delay of delivery is 

minimised, the distributorsô satisfaction is expected to increase. Nevertheless, it must 

be noted some conflict in the channel may be a good thing, as Rosenbloom (1973) 

states that moderate levels of efficiency may actually increase efficiency, while 

Berman (1996) suggests it encourages innovation and discourages complacency, but 

acknowledges higher levels of conflict can lead to bitter feelings, stress, tension, 

legal disputes and severing of relations.    

However, to some extent, it should be noted that along with social and 

economic development in China, the values of the younger generation is changing, 

whom are less conservative and more likely to express their viewpoints, and openly 

display displeasure when conflicting situations arise (Wei, 2014). In light of the 

finding (H5) in this study, one must be reminded that the respondents belong to the 

older generation uphold traditional values. Thus, in future research involving 

younger respondents or younger generations may derive different results if compared 

to this study. 

As mentioned above for H1 to H5 can also be generalized to a range of 

industries and country context, since we have found similar finding in the Chinese 

Iron and Steel Industry as in other studies such as supply chain studies of industrial 

products in India (Frazier et al. 1989); industrial equipment companies in north 
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America (Gaski and Nevin 1985);  automobile industry in the USA (Benton and 

Maloni 2005); export manufacturers of industrial good in the USA (Leonidou et al. 

2008b); exporter of agricultural commodities in USA (Raven et al. 1993a); retail 

manufacturers in Korea (Yu and Pysarchik 2002); meta-analysis and satisfaction in 

marketing channels in several countries (Smith and Koenig 1985b). 

In addition, the results in section 5.3.6 confirmed that the positive conflict 

resolution attitude and the level of conflict are negatively related (H6). In other 

words, to mitigate problems or conflicts between manufacturers and distributors, 

both parties need to work more actively in seeking solutions. According to Stern and 

Rave (1980), conflict and cooperation should be viewed together as they are 

essential when examining social interactions in distribution channels. This 

hypothesis is supported by and concurs with Skinner et al. (1992), who believe 

cooperation and confl ict are negatively related in marketing channels. Similarly, 

Deutsch (1973) suggests that both parties should collaborate to reach a mutually 

satisfactory solution to minimise problems. (Wong and Tjosvold 2010) found that 

low levels of conflict predicted effective cooperation between channel members. 

Thus, when manufacturers and distributors actively work together in seeking 

solutions to a problem, the level of conflict appeared to be low. As further indicated 

by Zhuang et al., (2010), once conflict is perceived to exist whether real or imagine 

between channel members, it negatively affects cooperation. 

 In the case of this study, the supported hypothesis (H6) suggested that for 

example, if the distributors try to investigate an issue jointly with their manufacturers 

(SOEs/POEs) to find a solution acceptable to them after they identify an issue, this 

will lead to low level of conflict. One possible explanation for this is that positive 

conflict resolution attitude is very likely to foster a relatively high level of 
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cooperation on various conflicting issues and increase the extent of shared belief of 

working towards the same goal, keeping disagreements at low levels, which will 

enhance the process of understanding a problem and finding a solution to it. In turn, 

this will strengthen the cooperation in the relationship. 

However, few empirical studies have been found to explore this relationship 

in distribution channels. Meanwhile, according to Chen and Starosta, (1997), in the 

Chinese business context, cooperation is not only due to mutual benefit, but 

primarily driven by the Chinese culture of Confucianism and pursuit of harmony. In 

contrast, in the Western business context, the focus is on mutual benefit from the 

perspective of give-and-take. Therefore, academics interested in conducting research 

on foreign business operating in the Chinese distribution channel, should take into 

account of this difference. 

Hypothesis H7 was confirmed by using MRA and correlation analysis. It is 

found that there is a positive relationship between LOT and PCRA. Indeed, keeping 

trust at high levels between manufacturers and distributors will lead to a positive 

mindset towards joint action of channel members (Palmatier et al. 2007) which will 

improve coordination and enhance problem solving capabilities (Claro et al. 2003), 

and in turn, reduce tensions and disagreements in exchange relationships. This 

emphasises the fact that both manufacturers and distributors will be interested in 

developing and maintaining a long-term relationship when providing reasonable 

assurances that desired goals and outcomes will be achieved (Andaleeb, 1994). 

In the case of this study, the supported hypothesis (H7) suggested that, for 

example see section 4.5.7, if the distributorsô believe that manufacturers 

(SOEs/POEs) are on their side during a crisis, it is likely that both parties will work 

together to get through the crisis. One explanation for this could be that trust is 
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viewed in this case as a key facilitator of buyer-seller relationships that help reduce 

perceived indebtedness between both parties (Zhang, Cavusgil, & Roath, 2003). In 

other words, there is a sense of mutual concern for both parties in the relationship 

beyond financial outcomes as well as distributorsô belief in manufacturers that they 

will act in favour of the distributors. The emphasis here lies in the fact that both 

parties are willing to build and develop a healthy and long-term collaborative 

relationship for mutual benefit; hence, there is positive cooperation.  

However, assume that there is a negative relationship or destructive 

cooperation exists in this channel, then, to a large extent, the distributors may not get 

through the crisis if the manufacturers are not willing to cooperate. Subsequently, 

this will harm the relationship and result in higher levels of conflict. The main 

explanation, as provided by Gupta, (2011); Uzzi, (1996), indicate that if one party or 

both parties act on its own interests are less productive and even lead to destructive 

conflict as trust and self-interest are not compatible with cooperative relationships. In 

other words, as the manufacturers do not recognise the benefits of helping the 

distributors out of the crisis, they may choose to do nothing. This is similar to Liu et 

al., (2014) suggestion that cooperation between two parties is based largely on 

mutual benefits. 

Another possible explanation could be there is a low-trust climate. Due to the 

existence of low-trust climate in the channel, manufacturers and/or distributors will 

act on their own interests rather than solving problems. The behaviour of pursuing 

self-interests as indicated by many is opportunistic with parties seeking for short-

term benefits in low trusting relationships (Boersma, Buckley, & Ghauri, 2003; 

Ganesan, 1994; Kim, 2001; Lewin & Johnston, 1997).  This behaviour is likely to be 
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reduced through long-term trust  (Wang et al. 2014) and trust at a higher level will 

facilitate the collaborative relationship (Doney & Cannon, 1997). 

Hypothesis H8 was confirmed. It is found that there is a positive relationship 

between FOCM and PCRA. According to Balliet, (2009), communication enhances 

cooperation can be found in early social dilemma literature. However, to be more 

specific, Mohr and Nevin (1990) found that cooperation and coordination will be 

enhanced if firms utilize the right communications strategy to tackle problems in 

distribution channels.  

In the case of China, as Chen and Starosta (1997) indicate that one of the 

communications strategies is to use a third party to help resolve conflict (an indirect 

communication), which will facilitate interaction in the conflict resolution process. 

Indeed, the role of an intermediary is important in managing and solving 

manufacturers and distributorsô conflict and it do exist in the Chinese Iron and Steel 

distribution channel. However, the author did not bring in the third party influence in 

two ways. First, due to the purpose of this study, the author specifically focus on 

manufacturers and distributorsô conflict and conflict resolution attitude with the use 

of communication strategies only including making regular phone calls and face-to-

face interactions, instead of using an intermediary. Second, the magnitude of the 

conflict is manageable and can be solved within or by manufacturers and distributors 

themselves which in turn, leads to an unnecessary use of an intermediary. 

However, to some extent, it should be noted that along with economic 

development in China, the increasing demand for professional performance puts the 

traditional attitude of being modest, implicit and indirect communication style to test 

(Fang and Faure, 2011). This is similar to Weiôs (2014) suggestion that people are 

holding traditional values such as harmony and conflict avoidance often collides 
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with new values such as the spirit of justice and professionalism (Wei 2014). In light 

of the finding (H8) in this study, one must be reminded that the respondents belong 

to the older generation uphold traditional values. Thus, if there is a tendency that 

Chinese culture is undergoing transformation in terms of value change (Fang, 2010; 

Faure, 2008; Faure & Fang,2008), there is a need to think and examine how will this 

new culture and communication characteristics influence on conflict in the same or 

different distribution channel in future research. 

Hypothesis H9 was confirmed by using MRA and correlation analysis. It is 

found that there is a positive relationship between LOG and PCRA. This is 

consistent with Zhuang et al., (2010) that the closer the relationships (e.g., better 

Guanxi) between individuals, the more likely they will help each other when in 

difficulty, this will further lead to the cooperation between the companies that the 

individuals represent. Similarly, as suggested by Arias, (1998); Luo, (1997); Wong 

& Tam, (2000) that good Guanxi with the companies that the individuals represent 

will enhance cooperation as they will show concern and mutual trust for doing 

business with each other, which will help build long-term relationships in a channel. 

With this kind of Chinese characteristics, Guanxi between parties is expected 

to increase the efficiency and effectiveness of daily business operations (Ambler et 

al., 1999; Davies et al., 1995; Fock & Woo, 1998; Styles & Ambler, 2003). For 

example, as suggested by Peng & Luo (2000) that Guanxi between channel members 

may help distributors (buyers) obtain preferential terms, quality products and 

services, and quick delivery as well as lower transaction costs (Standifird &Marshall, 

2000) and relational risk (Liu et al., 2008).. This is especially the case in Chinese 

Iron and Steel Industry as Guanxi plays an important role in affecting a party 

memberôs behaviour. More specifically, manufacturers give preferential treatment to 
































































































































































